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Abstract 

Existing studies have suggested that the Chinese government does not censor posts on social 

media that are critical of the government more often than posts that are not critical of the 

government. However, these studies do not address the problem of self-censorship. This is 

problematic because the Chinese government may be inducing self-censorship of public criticism 

of the government. This self-censorship may reduce the frequency of posts critical of the 

government to levels that are tolerable to the government. Therefore the author conducted a 

survey experiment to collect data in order to test if Chinese citizens engage in self-censorship. 

The survey was electronically disseminated to Chinese citizens using NYU Qualtrics and 

Crowdflower. The survey tests whether Chinese citizens self-censor criticism of the government 

from their posts on social media sites, relative to their propensity to criticize the government in 

private. My findings show that some Chinese citizens do appear to engage in self-censorship on 

social media. However, these findings are limited because of the small number of respondents in 

the survey experiment. 
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Statement of Research Question 

My project asks whether the censorship policies of the Chinese government affect the social 

media activities of Chinese citizens. Existing studies have suggested that the Chinese 

government does not censor posts on social media that are critical of the government more often 

than posts that are not critical of the government. However, these studies do not address the 

problem of self-censorship. This is problematic because the Chinese government may be 

inducing self-censorship of public criticism of the government. This self-censorship may reduce 

the frequency of posts critical of the government to levels that are tolerable to the government. 

Governmental leaders may then choose to allocate their censorship resources to focus on 

deterring coordinated collective action. The government would then appear to be much more 

tolerant of public criticism than it actually is. My research project asks whether Chinese citizens 

self-censor criticism of the government from their posts on social media sites, relative to their 

propensity to criticize the government in private. 

Background 

Censorship in China covers a variety of media and comes in many different forms. Aside 

from the Internet and social media, traditional media such as TV, radio, and print are often 

censored as well. The watchdog group Reporters Without Borders has ranked China 173 out of 

179 countries in their 2013 index of press freedom (Xu 2014). Chinese agencies often monitor 

and even release editorial guidelines for media outlets to follow (Xu 2014). When traditional 

media sources deviate too much from these guidelines, government censors rein them back in. 

For example, in January 2013, government censors completely rewrote a piece that called for 

reform in the Chinese government and replaced it with a non-controversial article (Xu 2014). But 
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while the Chinese government has shown the extent of its power over traditional media, for the 

Internet (and social media in particular), the relationship has been much less clear.  

 Social media censorship in China is not as well established as the state controls on 

traditional media. However, the Chinese government has developed a variety of regulations, laws, 

and methods to restrict Internet use and social media platforms. Most notable is the "complete" 

censorship that China uses against many foreign websites such as Google, Facebook, and 

Instagram (Bamman et. al 2012). These websites are completely blocked within China and are 

inaccessible; this has been collectively termed the "Great Firewall of China" (Bamman et. al 

2012).  

 China also uses "soft censorship" to police much of the internet traffic for social media 

websites located within China (Bamman et. al 2012). Popular social media websites such as 

Weibo and Weixin (WeChat) are closely regulated and monitored (Levin 2014). Although 

people can generally post and view harmless content such as entertainment or gossip, particular 

sensitive subjects are censored from the public. Profane, pornographic, and political materials are 

commonly subjected to soft censorship. This type of censorship can happen preemptively 

(automatically screened before you are even allowed to post it) or retroactively (taken down 

afterwards for its sensitive nature) (Ng 2014). There is also "search censorship," such that when 

users try to search for certain posts, sensitive posts are specifically omitted (Ng 2014). Repeat 

offenders that consistently provoke censorship often have their accounts permanently deleted 

(King et. al 2014).  

Studies on Chinese Censorship 
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Political scientists have grown increasingly interested in what the official Chinese 

government policy is when it comes to censorship. Internet access in China has grown 

exponentially over the last decade, and China is not able to strictly censor every piece of 

controversial material on the Internet. Although political posts are reportedly subject to scrutiny, 

does the Chinese government further attempt to distinguish between different types of political 

posts on the Internet? Does the Chinese government prefer to censor posts that criticize the 

Chinese government and Chinese Communist Party, or does it prefer to censor posts that 

advocate for collective action (e.g. protests) even if they are in support of the government?  

The first study to rigorously explore this topic was an observational analysis done by David 

Bamman, Brendan O’Connor, and Noah Smith. In their research paper, “Censorship and 

Deletion Practices in Chinese Social Media,” (2013) Bamman and his team of researchers 

undertook the “first large scale analysis of political content censorship in social media” in China 

(Bamman et al 2013). The researchers collected data from Sina Weibo from June 27th 2011 to 

September 30th 2011. They recorded which messages were deleted and what political terms were 

in those messages. They primarily used three different methods for statistical analysis: they 

analyzed which Chinese social media posts were deleted and removed within a certain time 

period, compared the frequency of certain terms between posts on Sina Weibo and Chinese 

tweets on Twitter as a control group, and located sensitive keywords that would be blocked by 

Sina Weibo’s search function. They wanted to compare if the Chinese government was more 

likely to censor posts with certain keywords, using Chinese tweets on Twitter as an uncensored 

comparison. Sina Weibo has a search function that can be used to look for certain posts 

containing certain keywords; if a search returns “according to relevant laws, regulations and 

policies, the search results were not shown” then the keywords were censored (Bamman et al 
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2013). Posts containing those keywords could also be retroactively deleted by Sina Weibo 

(Bamman et al 2013). After their analysis, they compiled a list of 136 terms that were politically 

sensitive and blocked by Sina Weibo’s search function; then they analyzed the rate of deletion 

for messages that contained those 136 terms (Bamman et al 2013). They also found that the 

Chinese government does not treat every sensitive term equally. Among the list of politically 

sensitive terms, 17 terms led to much higher rates of message deletion; this was a statistically 

significant result (Bamman et al 2013). This list of terms included Fang Binxing, the architect of 

the “Great Firewall of China,” Falun Gong, communist bandit, political activist Sheng Xue, 

Jiang Zemin, antisociety, and terms related to pornography. The research paper did not claim that 

there was a discernable pattern among the list of politically sensitive terms that led to increased 

rate of message deletion. 

Furthermore, there were very few terms that were deleted completely, and many terms 

that are blocked by Sina Weibo’s search function are not automatically censored (Bamman et al 

2013). They could not find a reason for the discrepancy between what was censored and what 

wasn’t censored. The researchers did find that messages from the western and far Northern 

provinces, like Tibet and Qinghai, were more likely to be censored than messages from the east 

and the populous cities, like Beijing and Shanghai (Bamman et al 2013). The researchers 

concluded that this may because of the relative tendency to post messages containing politically 

sensitive terms such as “Dalai Lama” (Bamman et al 2013). They also concluded that the 

analysis suggests that not all politically sensitive terms are treated equally, although they did not 

offer a causal explanation for the discrepancies between different politically sensitive terms 

(Bamman et al 2013). 
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The findings of Bamman et al suggest that the Chinese government may be 

distinguishing between different types of sensitive posts and carefully choosing what to censor. 

Although the researchers were unable to draw a concrete conclusion, their findings do show that 

there is not a single uniform list of terms that the Chinese government prefers to completely 

censor. The fact that some terms are censored more heavily while others are not shows that there 

is some other thought process behind the censorship.  

Ultimately, the researchers were unable to offer a causal explanation to show why certain 

politically sensitive terms were more heavily censored than other politically censored terms. 

While the analysis may be useful in compiling a list of terms that are commonly considered to be 

“politically sensitive,” it does not actually provide a causal explanation for why there is a 

discrepancy between different politically sensitive terms or any strategies behind China’s 

censorship policies. Furthermore, the researchers were not able to analyze if users were self-

censoring their own posts on Sina Weibo. They suggested that an alternative explanation for the 

geographic analysis was self-censorship; citizens from the eastern provinces such as Beijing or 

Shanghai may be self-censoring their own posts (Bamman et al 2013). However they did not 

explain how or why citizens may be self-censoring their own posts.  

Peter Lorentzen developed a formal model to explain the strategy behind a regime’s 

censorship policies and applies it to China’s censorship policies. In his paper, “China’s Strategic 

Censorship” (2013), Lorentzen develops a model that suggests that China is incentivized to not 

completely censor all media, even if it has the resources to do so. Lorentzen attempts to show 

that China, as well as other authoritarian states, benefits from having a semi-free press and semi-

open Internet. If the authoritarian government completely censored all media, they would be 

unable to detect local dissatisfaction and corruption among local officials. Lorentzen even goes 
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so far as to state that “complete censorship is never an equilibrium” in his model (Lorentzen, 

2013). Oftentimes, limited investigative journalism and criticism is permitted for lower level 

officials, depending on the various levels of social tension (Lorentzen, 2013). 

Lorentzen’s model assumes that the Chinese government’s censorship includes aspects of 

self-censorship, particularly among social media and other “new media” (Lorentzen, 2013). 

However, he does not clearly map out how self-censorship concretely plays out in his model or 

what effects it might have on how Chinese citizens post on social media. Instead, he evaluates 

social media self-censorship as an imperfect form of censorship compared to the usual 

censorship on traditional media (Lorentzen, 2013). He predicts that the Chinese government, 

lacking sufficient resources to tightly control the Internet and social media, must tightly restrict 

traditional media in order to “maintain ambiguity about the true state of social tensions” 

(Lorentzen, 2013). Therefore, the more prevalent the Internet and social media is, the more 

incentives the state has to restrict traditional media (Lorentzen, 2013). However, this is a very 

simplistic view of self-censorship that assumes self-censorship is much less effective at 

controlling new media than normal censorship is at controlling traditional media; if self-

censorship is an extremely effective tool for controlling new media and social media, than 

Lorentzen’s prediction would no longer make sense. While Lorentzen’s formal model gives us a 

framework to understand the complex thought process behind Chinese censorship, it lacks 

experimental data to back it up and does not adequately examine the effects of self-censorship on 

Chinese social media.  

Gary King, Jennifer Pan, and  Margaret E. Roberts (2013) conducted an observational 

study that examined posts published on Chinese social media websites before they could be 

reviewed and censored by the Chinese government. King and his team of researchers 
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programmed a series of computers to intercept posts on Chinese social media websites. The 

computers would record these posts and then check back to see if these posts were later censored 

or removed from the social media websites. They were able to collect and download social media 

posts from 1382 Chinese websites during the first half of 2011 (King et al 2013). They then 

separated all of these captured posts into 85 topic areas, and further subdivided more categories 

within these divisions (King et al 2013). After removing any spam, they had a total of 3,674,698 

posts with 127,283 posts that could be further analyzed (King et al 2013). These posts were 

sorted into eighty-five separate topics, which were separated into three different degrees of 

political sensitivity: high, medium, or low. These degrees and topics were determined by 

“reviewing prior literature, consulting with Chinese specialists, and studying current events” 

(King et al 2013). In the analysis of the results, King et al found that the Chinese government 

was not significantly more likely to censor “high” politically sensitive posts compared to 

“medium” or “low” politically sensitive posts. They hypothesized that the Chinese government 

was censoring posts that are about social movements or organized civil action, even if those 

posts are in favor of the Chinese government. On the other hand, the government is not any more 

likely to censor posts that are only critical of the government. Their analysis confirmed this 

hypothesis - while the government was more likely to censor posts with collective action 

potential, around 27%, posts that were supportive or critical of the government both had the 

same low level of government censorship, around 10% (King et al 2013). They concluded that 

the censors are consciously targeting posts about collective action as the main criteria, even over 

posts that were critical of the Chinese government.  

However, because King et al were using observational data, they could not address the 

problem of self-censorship. People can choose what they post to their profiles and they may be 
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self-censoring their posts. If Chinese citizens are self-censoring their posts from being too critical 

of the Chinese government, there would not be a large volume of critical posts on Chinese social 

media. In that case, the Chinese government might focus its resources on censoring posts that 

were about collective action. That would create the results shown in the observational study.  

King et al (2014) conducted an experimental study of Chinese censorship of social media 

sites, posting a random assortment of posts to Chinese media websites and recording which ones 

were censored. The researchers had a series of computers upload posts to different social media 

websites; another group of computers would check back periodically to see if any of the posts 

were censored. These posts were sorted into separate "events" based on their contexts and 

content. Multiple events were grouped separately into three different "rounds," where the 

researchers sent waves and waves of posts. The rounds were released between April 18th - 28th, 

June 24th - 29th, and June 30th - July 4th 2013. These posts were sent to 100 different social 

media websites, including the top 97 social media websites in China. In order to further 

understand the censoring process, the researchers actually bought a real domain and set up their 

own social media website in China. By using the same automatic review software that other 

social media websites had to use, they were able to "reverse engineer" the censorship process.  

The results from this experimental study confirmed what they found in the observational 

study: the Chinese government was much more likely to censor posts that were about collective 

actions (such as mass protests) even if they were positive about the government. However, the 

government was no more likely to censor posts that were merely critical of the government.  

The researchers suggested that, as predicted by Lorentzen (2013), the Chinese 

government found critical social media posts useful. These posts may be useful indicators of how 
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dissatisfied the general populace might be. Allowing these posts to remain online may help ease 

tensions by allowing the public to vent their frustrations. They may even serve as a useful tool to 

crack down on local officials benefitting from corruption. On the other hand, the Chinese 

government has traditionally been suspicious about any collective action. Collective action 

movements like student protests or the Falun Gong have caused terrible experiences for the 

Chinese government. Therefore, they may focus their limited resources on censoring posts that 

are about collective action, even if they are praising the Chinese government, in order to control 

the possibility of any collective action from happening. 

However, even this experimental design does not account for the possibility of self-

censorship by Chinese citizens. The Chinese government may be using strategies that promote 

self-censorship of criticism of the government. It may be because these strategies are successful 

that the government is able to focus its efforts on filtering social media posts that mention 

collective action. The government may allow a relatively small number of critical posts on the 

Internet because most Chinese citizens will self-censor themselves anyway. This would explain 

the empirical results in the 2014 King et al experimental study; the Chinese government is not 

actively censoring posts that are critical of the government because it has already encouraged a 

majority of Chinese citizens to self-censor any posts that might be critical of the government in 

the first place. That allows the Chinese government to focus almost exclusively on censoring 

collective action posts, as shown in the experimental study.  

Causal Model 

I propose that self-censorship significantly impacts the way many Chinese citizens post 

on social media. While they may be comfortable criticizing the Chinese government in private 
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conversations with their friends, Chinese citizens are likely to be reluctant to criticize the 

Chinese government on social media.  

This is likely especially true ever since Xi Jinping became the “paramount leader” of 

China in November 2012. The term “paramount leader” is a Chinese term that is used to describe 

the individual that holds the highest office in the party, state, and military. Under Xi Jinping's 

policies, the Chinese government has become stricter about speech on social media websites 

(Bloomberg News 2014). In September of 2013, the Chinese government issued a new law that 

allowed Chinese authorities to jail anyone who spreads "rumors" online. If an individual’s posts 

were considered to be rumors and were seen by more than 5000 people, or forwarded more than 

500 times, those persons could be jailed for up to 3 years (Bloomberg News 2014). Many people 

criticized the policy as a method to curb criticism of the Chinese government (Hewitt, 2014). In 

April, more than 3000 accounts were deleted on Weibo and Weixin, which became known as 

"Cleaning the Web 2014" (Bloomberg News, 2014).  

These regulations extend beyond any one social media site. In July, the image hosting 

website Flickr was blocked. At the start of the Hong Kong protests, Instagram was also blocked 

from Chinese citizens (Bloomberg News 2014). In August of 2014, China tightened its control 

on messaging apps like WeChat (Levin 2014). First, people with special "public" accounts had to 

register with their real name and information (Levin 2014). These people had to agree to never 

post any defamatory material that would hurt the Chinese government. They also had to promise 

to "abide by laws and regulations, the socialist system, national interests, the legitimate rights 

and interests of citizens, public order, social morality and ensure the authenticity of the 

information they provide" (Levin 2014).  Furthermore, only approved accounts and official 
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outlets could spread political news on these public accounts; this was to protect against 

"offensive and abusive" activities from occurring on the Internet (Levin, 2014).  

These regulations have had concrete repercussions; numerous people have been arrested 

throughout 2013 and early 2014. The first of these arrests was Charles Xue, known as Xue 

Manzi on his Weibo account. Xue is an American-Chinese venture capitalist with more than 

twelve million subscribers online; he is known to vocally criticize China’s social problems on his 

microblog (Huang et al 2013). Although he was originally arrested for soliciting prostitutes, after 

his arrest he was brought on national television to apologize for causing social unrest on Weibo 

(Huang et al 2013). He had to admit that he was misleading public discourse and fabricating 

online rumors (Huang et al 2013).  

Charles Xue is not the only online celebrity to have been brought in for confessions. 

Dong Liangjie was arrested for “inciting trouble” in Beijing in September 2013 (Luo 2013). He 

has more than three million followers on Sina Weibo and had promoted himself as an 

environmental expert who often criticizes China’s pollution problems. He was arrested for 

posting false or sensational information in order to promote his company’s water purifiers (Luo 

2013). Just like Xue, Dong also had to come onto television and publicly apologize for his 

crimes and beg for forgiveness.  

Wang Gongquan, a prominent advocate for civic involvement, was detained for almost 

three months before he confessed his crimes to the police. As an outspoken critic of the Chinese 

government, he had used social media as a tool to bring attention to the lack of accountability in 

China. Before his Sina Weibo account was shut down and deleted, he had over 1.5 million 

followers (Wertime, 2014). He was formally arrested in September 2013 for "gathering a crowd 

to disturb order in public places" (Zhai 2013). His confession was taped by Beijing police and it 
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may be shown on CCTV, China Central government’s own television station, to show his 

“willingness to cooperate” (Zhai 2013). Some criticized Wang’s apology as another trick of the 

Chinese government to punish any outspoken advocates who might criticize their officials.  

Popular celebrities are not the only online personas targeted by the Chinese government. 

In October 2013, Liu Hu, a Chinese journalist from the New Express Daily in Guangdong, was 

officially arrested after being detained for almost 3 months (Ford 2013). Local police detained 

Liu Hu in August for “fabricating and spreading false rumors” (Ford 2013). On his Weibo 

account, Liu accused a local party official of corruption and negligence while serving as the 

deputy head of the State Administration for Industry and Commerce. Liu’s lawyer claims that the 

police offered Liu Hu a way out: publicly confess to his crimes and he would receive a lighter 

sentence, even though he hadn’t been officially charged with any official crime yet (Ford 2013). 

When he refused, the police officially arrested him and said that they would be pressing charges 

(Ford 2013).  

All these incidents are likely to have convinced Chinese citizens that they will be heavily 

scrutinized, if not outright punished, if they do not self-censor their own social media posts. 

From big online celebrities to activist citizen journalists, the arrests are a sign that the Chinese 

government takes these kinds of posts seriously. In the shadow of such heavy regulation and 

threat of punishment, Chinese citizens are being encouraged to self-censor in order to protect 

themselves. In such an authoritarian and restricted regime, it is not surprising that Chinese 

citizens would practice self-censorship. Many news organizations censor their own broadcasts 

and publications in order to avoid controversy with the Chinese government. At an individual 

level, it is reasonable to expect citizens to do so as well. With many of the new laws and 

regulations, it would be prudent to avoid attracting a lot of attention by simply censoring oneself. 
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Further, if Chinese citizens are reluctant to post criticisms of the Chinese government, the 

Chinese government would not have to spend as many resources censoring those types of critical 

posts. Instead they could focus their limited resources on controlling other types of controversial 

posts, like those that are about collective action or protests. This would create the results that 

were shown in King et al’s two research papers.   

This causal model assumes that Chinese citizens do not self-censor themselves when it 

comes to posts about collective action, as opposed to posts that are critical about the Chinese 

government. This may be the case for several reasons. First, it may be intuitively easier to 

encourage citizens to self-censor posts that are critical of the Chinese government; posts about 

collective action or protests can both be supportive or critical of the Chinese government and it 

may be difficult to encourage citizens to self-censor posts that are supportive of the Chinese 

government, but about collective action. Many of the current laws and regulations often target 

“rumors” that “disturb the public peace” or defame government officials. Second, people who 

post about collective action or protests have an incentive to reach a larger audience; social media 

represents an unprecedented ability to connect with other individuals outside of formal 

institutions. They may be unwilling to self-censor their ability to talk about collective action or 

call for protests. People who are criticizing the government can still do so privately with their 

friends – therefore there is less of a trade off when they self-censor their criticisms of the 

Chinese government. On the other hand, if they only talk about collective action privately, they 

would not be able to form any kind of collective action movement. Finally, Chinese citizens 

might be afraid of looking “unpatriotic” if they openly criticize the Chinese government; they 

may wish to keep such negative thoughts to themselves and private conversation, rather than a 

public Sina Weibo blog that anyone can see. Although they disagree with the Chinese 
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government, any outward display of criticism would be unpatriotic and unnationalistic while an 

outward display of collective action would not have the same connotations.  

I hypothesize that self-censorship is playing a major role in what Chinese citizens choose 

to post on social media websites. In other words, I hypothesize that Chinese censorship policies 

are affecting what Chinese citizens choose to post, even in the absence of direct censorship of 

those posts.  

Furthermore, I believe that several other factors may affect self-censorship on social 

media. Older respondents may have more conservative views about criticizing the government in 

public. They may therefore be even more likely to self-censor their posts on social media, 

relative to younger respondents. Respondents who have higher incomes may have more 

incentive to refrain from publicly criticizing the Chinese government and its policies. Having 

more wealth might encourage them to comply with the government’s policies in order to ensure 

that their wealth is not taken away. They may also be more likely to self-censor their posts on 

social media, relative to lower income respondents. Respondents who are better educated may 

have access to information about various controversies surrounding the Chinese government that 

is not reported in the official news outlets. They may be more likely to criticize the government 

on social media, relative to less educated respondents. Respondents who are very active on social 

media may be more likely to engage in self-censorship. Since they post so often on social media, 

they may try to be even more careful than less active respondents in order to ensure that they do 

not violate any of the censorship policies of the Chinese government mentioned earlier.  

Respondents who spend more time on social media may also be more likely to self-censor their 

social media activity in order to ensure that they do not violate any of the censorship policies of 

the Chinese government. 
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Region of residence may also affect response to treatment because of certain regions’ 

unique political and government arrangements. In both Hong Kong and Taiwan, residents are not 

directly governed by the regime that controls the Central Government in Beijing. As a part of the 

1984 Sino-British Joint Declaration, the Hong Kong Special Administrative Region of the 

People’s Republic of China remains autonomous from many of China’s policies, except for 

foreign relations and military defense. Residents of Hong Kong have their own laws, court 

system, government, and even currency. Taiwan, officially referred to as the Republic of China, 

is listed as a province of China by the Chinese government. However, it functions under a 

situation of de facto independence – it has a multiparty democracy composed of a variety of 

political parties that are not active in mainland China. The Republic of China’s government 

essentially acts as its own country, even though it is not officially recognized as a country by the 

Chinese government, the United States government, or the United Nations. In both of these cases, 

the Chinese government cannot directly exert its influence over the residents of Hong Kong or 

Taiwan. Residents in Hong Kong and Taiwan may have less need to worry about self-censorship 

because the Chinese government does not have the jurisdiction to punish them. Furthermore, 

Taiwanese citizens may be even more vocally critical of the Chinese government on social media 

because of the tense relationships between Taiwan and China.  

Problems with Causal Inference 

 None of the existing studies of Chinese censorship account for self-censorship practices 

among Chinese citizens. For example, King and his researchers do not analyze whether or not 

Chinese citizens self-censor themselves when it comes to criticism of the Chinese government. 

In the first study, King collected observations of posts made by Chinese citizens. But if these 

citizens were self-censoring posts that were critical of the Chinese government, but not posts 
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about collective action, then there would be a lower volume of critical posts on Chinese social 

media. The Chinese government would focus on actively censoring posts about collective action 

and not the lower volume of posts that were only critical of the government. In the second study, 

King conducted an experimental study where they designed and posted a series of posts on 

Chinese social media websites. There is no method to account for self-censorship because the 

posts were purposely made for King’s experiment and the researchers were not oppressed by the 

Chinese government. Furthermore, their posts would only constitute a small percentage of the 

total amount of posts on Chinese social media. If other Chinese citizens continue to self-censor 

posts that are critical of the Chinese government, there would still be a low volume of such posts 

on Chinese social media and the Chinese government would still focus on actively censoring 

posts about collective action. 

However, measuring the extent of self-censorship in Chinese social media must be done 

indirectly. Any direct study of self-censorship among Chinese citizens would be prone to the 

effects of self-censorship itself. If a survey on self-censorship directly asks if respondents self-

censor their online posts, respondents that do self-censor would also self-censor their replies on 

such a survey. This is especially true if the study is conducted on Chinese citizens, who may 

interpret an admission of self-censorship as a criticism of the Chinese government itself. Since 

they are afraid of criticizing the Chinese government in the first place, they would self-censor 

any mention of self-censorship in online social media activity. Therefore, it is hard to actually 

detect the effects of self-censorship on Chinese social media activity in a direct manner.  

In my research design, I will use a list survey experiment to detect self-censorship by 

Chinese citizens. A list experiment can produce reliable results while minimizing the risks 

involved for respondents. 
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Research Design 

I will be using a list experiment in order to identify self-censorship by Chinese citizens. A list 

experiment can induce respondents to reveal potentially sensitive information. Each question in a 

list experiment presents a variety of choices, including several “innocent” choices, and one 

“sensitive” choice. Participants are only asked how many of the choices they agree with, not the 

identity of those choices. This format allows respondents to protect themselves from any possible 

consequences of revealing sensitive information. It encourages participants to respond truthfully, 

since it protects the identity of the choices with which they agree.  

 In the paper “An Empirical Validation Study of Popular Survey Methodologies for 

Sensitive Questions,” Bryn Rosenfeld, Kosuke Imai, and Jacob Shapiro reported findings on the 

validation of the list survey technique. This paper was the “first comprehensive validation study 

of indirect methods” of surveys (Rosenfeld et al, 2014). Respondents were asked if they would 

support an anti-abortion referendum during the 2011 Missouri General Election; they were asked 

using either direct questioning, list survey experiments, endorsement experiments, or randomized 

response. The different methods were then compared with the results of the election to validate 

their accuracy. Sample populations were drawn from 19 different counties in Missouri. The 

researchers found that indirect methods such as list survey experiments “dramatically reduce 

both non-response and social desirability biases” that were present in direct response surveys 

(Rosenfeld et al, 2014).  

My list experiment will be conducted on self-reported Chinese citizens who report having a 

Sina Weibo account. Sina Weibo is similar to Chinese Twitter - it is a social media website that 

allows its users to post microblogs.  Like tweets, these microblogs have character limits and can 
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contain pictures or images as well. They are often about a variety of topics, including political 

ones.  

I will have four groups of respondents. Respondents in the first two groups, Group 1 

(Private/Praise) and Group 2 (Private/Criticize), will be asked to report the number of choices 

that characterize private conversations they have had with their friends. Respondents in the last 

two groups, Group 3 (Public/Praise) and Group 4 (Public/Criticize), will be asked to report the 

number of choices that characterize public posts they have made to Sina Weibo, a widely used 

social media site. Groups 1 and 3 will have a sensitive choice about praising the government’s 

policies. Groups 2 and 4 will have a sensitive choice about criticizing the government’s policies. 

There will also be questions that ask about respondents’ demographic information. My survey is 

appended to the end of this thesis.  

Participants will be randomly assigned to the four groups. I will analyze respondents’ 

answers using OLS regression with a dummy variable indicating whether a respondent was given 

a sensitive choice to criticize the government, a dummy variable indicating whether a respondent 

was asked about social media activity, and an interaction between the two. I hypothesize that the 

coefficient on the interaction term will be negative, which would indicate that respondents are 

less likely to criticize the government on social media, relative to their propensity to criticize the 

government when among friends. 

Testable Hypotheses 

My list survey experiment design will be able to detect whether or not Chinese citizens self-

censor themselves from posting criticism on social media. By comparing the difference between 
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how Chinese citizens act in private conversations and on their social media Sina Weibo accounts, 

my experimental design can detect self-censorship when Chinese citizens post online.  

I have three independent variables: whether the survey is about the respondent’s Sina Weibo 

account, whether the survey includes a sensitive topic about being critical of the Chinese 

government, and the interaction term that measures the effect of being critical of the Chinese 

government on their public Sina Weibo account. My dependent variable is the number of topics 

respondents discuss with their friends/post about on their Sina Weibo accounts. I believe the 

coefficient on the interaction term will reveal an additional negative effect on the dependent 

variable. Respondents will report an additional lower number of topics discussed on their Sina 

Weibo account if the sensitive topic mentions criticizing the government, relative to the number 

of topics discussed with their friends if the sensitive topic mentions criticizing the government. 

This would show that respondents are more reluctant to criticize the government on public social 

media profiles, relative to their propensity to criticize the government among their friends, which 

would indicate self-censorship. 

In randomized experiments, it is important that the samples between the different groups are 

roughly balanced. My demographic questions can help me detect if there are any imbalances 

across groups for which I must control. In such a case, I would control for gender by including it 

as a covariate in my multivariate regression analysis. I would do this for any of the other 

demographic variables that were not balanced on average across the four sample populations. 

I will also test interactions with the data obtained from the demographic questions in my 

survey. I run OLS regressions with interactions with age, education, income level, amount of 

social media activity, and amount of time spent on social media. These OLS regression 
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interactions will help test if a particular demographic is an influence on the propensity of 

Chinese citizens to self-censor their criticism of the Chinese government, relative to their 

propensity to self-censor in private conversations. 

Description of Data 

 I collected my own data through a list survey experiment, available in Appendix A. The 

translated Chinese version of this survey is available in Appendix B. I was primarily responsible 

for translating this survey into Mandarin Chinese; I have studied Mandarin Chinese for 7 years 

and have already completed both Advanced I and Advanced II Chinese at New York University. 

I also met with Professor Hou from the East Asian Studies Department at New York University; 

Professor Hou looked over my translation and confirmed that it was translated correctly.  

 The survey included several questions to ensure that the respondent was proficient in 

Chinese. Before taking the survey, respondents had to identify radicals, special portions of 

certain Chinese characters, in order to answer any of the survey questions. These questions were 

used to ensure language competency. 

 Due to the sensitive nature of this survey, and the nature of testing for self-censorship 

under an authoritarian regime, I had to apply for IRB approval. Since my survey protects 

respondents through its list survey experimental model, and I collect no identifying information, 

I was granted IRB exemption to conduct my survey. 

The survey was created with Qualtrics and distributed through Crowdflower, a 

crowdsourcing service that connects users with respondents for tasks such as surveys. On 

Crowdflower, I requested that respondents only take the survey if they were from China or 

Taiwan. Initially, the payment rate was $0.25 per survey, but after 50 surveys had been 
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completed at a far slower rate than expected, the rate was increased to $0.50 per survey. This was 

later increased to $0.75 per survey, then increased to $2.25 per survey, until it was finally 

increased to $2.75. I collected a total of 305 respondents over the course of two months, between 

February and April. There is not a large number of Chinese respondents on Crowdflower; the 

largest numbers of respondents are from America, India, and the United Kingdom. In a 

Crowdflower Contributor Demographic statistical analysis, respondents from China and Hong 

Kong only make up a total of 0.6% of Crowdflower’s contributors. Due to the limited amount of 

time and small pool of contributors from China and Hong Kong, I was unable to collect a larger 

number of respondents for my survey. 

 The list of variables and their coding schemes are reported in Table 1. All of the 

demographic variables and their covariate balance test results are reported in Table 2. The first 

four columns report the average values of the variables for each of the four groups. The number 

in parenthesis at the top of the column represents the number of respondents in each group. The 

next six columns are the differences between each group combination, with stars for differences 

that are significantly different from zero at conventional levels. One star represents significance 

at the 90% level, two stars for the 95% level, and three stars for the 99% level. Table 2 allows 

me to determine if any of the groups are not balanced.  

Despite randomization, some demographic differences appear across groups. There were 

significantly older respondents in the Private/Praise group, relative to the Private/Criticize and 

Public/Criticize groups; the age differences were 3.42 and 3.27 years respectively. There was a 

statistically significant difference in the income levels between the Private/Praise group and the 

Public/Praise group; respondents in the Private/Praise group reported an average value that was 

0.43 lower than the value respondents reported in the Public/Praise group. There were some 
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statistical differences in party membership between the Public/Praise group and the 

Private/Praise and Private/Criticize groups; the party average for the Public/Praise group was 

0.08 lower and 0.07 lower than the averages for the other groups, respectively. There were 

slightly fewer posts made per day by respondents in the Public/Criticize group, compared to 

respondents in the Public/Praise group; respondents in the Public/Criticize group made on 

average 4.41 fewer posts per day than those in the Public/Praise group. There were slightly fewer 

respondents from Shanghai (上海市) in the Private/Criticize group, compared to the Public/Praise 

and Public/Criticize groups; the differences were -0.06 and -0.04 respectively. There were 

slightly more respondents from Hong Kong (香港特别行政区) in the Private/Praise group, compared 

to the Public/Criticize group; the statistically significant difference was 0.18. There were slightly 

fewer respondents from Taiwan (台湾省) in the Private/Praise group, compared to the 

Public/Criticize group; the statistically significant difference was -0.15. These statistically 

significant differences will be controlled for in the regression analyses.  

Table 3 reports t tests for the differences in means in the number of conversation topics 

across the four groups. The average number of topics reported in the Private/Praise group is 

2.60.The average number of topics reported in the Private/Criticize group is 2.65. The average 

number of topics reported in the Public/Praise group is 2.12. The average number of topics 

reported in the Public/Criticize group is 2.16. The difference between Private/Praise and 

Public/Praise is statistically significant 0.53 at the 95% confidence level. The difference between 

Private/Criticize and Public/Criticize is statistically significant at 0.43 at the 95% confidence 

level. However, the difference between Private/Praise and Private/Criticize is not statistically 

significant. Respondents were equally less likely to praise the government in public, relative to 

their propensity to praise the government in private, and to criticize the government in public, 
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relative to their propensity to criticize the government in private. This finding does not support 

my hypothesis that respondents would be more likely to self-censor criticism of the government, 

relative to praise of the government.  

Empirical Methods and Testable Hypothesis 

I use the following OLS equation: 

Number of Topics = a + (B1)(Public) + (B2)(Criticize) + (B3)(Public X Criticize) + (B0)(X), 

where the last variable is a vector variable for control variables. This OLS equation uses robust 

standard errors.  

The coefficient (B1) will measure the difference in the number of conversation topics reported 

by respondents in the Public/Praise group, relative to the Private/Praise group. The coefficient 

tells us, on average, how many more/fewer conversation topics are reported when respondents 

are asked about public postings on the Sina Weibo site and the list of topics includes the 

sensitive topic of praising the government, relative to when respondents are asked about private 

conversations and the list of topics includes the sensitive topic of praising the government. 

The coefficient (B2) will measure the difference in the number of conversation topics reported 

by respondents in the Private/Criticize group, relative to the Private/Praise group. The coefficient 

tells us, on average, how many more/fewer conversation topics are reported when respondents 

are asked about private conversations and the list of topics includes the sensitive topic of 

criticizing the government, relative to when respondents are asked about private conversations 

and the list of topics includes the sensitive topic of praising the government. 
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The coefficient (B3) will measure the additional difference in the number of conversation topics 

reported by respondents in the Public/Criticize group, relative to the Private/Criticize group. The 

coefficient tells us, on average, how many more/fewer conversation topics are reported when 

respondents are asked about public postings on the Sina Weibo site and the list of topics includes 

the sensitive topic of criticizing the government, relative to when respondents are asked about 

private conversations and the list of topics includes the sensitive topic of criticizing the 

government. 

I expect B3 to be negative: respondents asked about their public Sina Weibo activity should be 

likely to report a lower number of conversation topics, relative to respondents asked about 

private conversations, when the list of topics includes the sensitive topic of criticizing the 

government. I have no expectations about the other coefficients. 

I will use the following OLS equation to assess a possible interaction with age: 

Number of Topics = a + (B1)(Public) + (B2)(Criticize) + (B3)(Public X Criticize) + (B4)(Age) + 

(B5)(Public X Age) + (B6)(Criticize X Age) + (B7)(Public X Criticize X Age) + (B0)(X), 

where the last variable is a vector variable for control variables. This OLS equation uses robust 

standard errors. 

The coefficient (B1) will measure the difference in the number of conversation topics reported 

by respondents in the Public/Praise group, relative to the Private/Praise group, when age is zero. 

The coefficient (B2) will measure the difference in the number of conversation topics reported 

by respondents in the Private/Criticize group, relative to the Private/Praise group, when age is 

zero. The coefficient (B3) will measure the additional difference in the number of conversation 
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topics reported by respondents in the Public/Criticize group, relative to the Private/Criticize 

group, when age is zero.  

The coefficient (B4) will measure the difference in the number of conversation topics reported 

by respondents in the Private/Praise group, as age increases by one year. The coefficient tells us, 

on average, how many more/fewer conversation topics are reported when respondents are asked 

about private conversations and the list of topics includes the sensitive topic of praising the 

government, as the age of the respondent increases by one year. 

The coefficient (B5) measures how many more/fewer conversation topics are reported when 

respondents are asked about public postings on the Sina Weibo site and the list of topics includes 

the sensitive topic of praising the government, relative to when respondents are asked about 

private conversations and the list of topics includes the sensitive topic of praising the government, 

as the age of the respondent increases by one year. 

The coefficient (B6) measures how many more/fewer conversation topics are reported when 

respondents are asked about private conversations and the list of topics includes the sensitive 

topic of criticizing the government, relative to when respondents are asked about private 

conversations and the list of topics includes the sensitive topic of praising the government, as the 

age of the respondent increases by one year. 

The coefficient (B7) measures how many more/fewer conversation topics are reported when 

respondents are asked about public postings on the Sina Weibo site and the list of topics includes 

the sensitive topic of criticizing the government, relative to when respondents are asked about 

private conversations and the list of topics includes the sensitive topic of criticizing the 

government, as the age of the respondent increases by one year. 
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I expect B7 to be negative: respondents asked about their public Sina Weibo activity should be 

likely to report a lower number of conversation topics, relative to respondents asked about 

private conversations, when the list of topics includes the sensitive topic of criticizing the 

government, as the age of the respondent increases by one year. I have no expectations about the 

other coefficients. 

I will use the following OLS equation to assess a possible interaction with education. The levels 

for education are described in Table 1.  

Number of Topics = a + (B1)(Public) + (B2)(Criticize) + (B3)(Public X Criticize) + 

(B4)(Education) + (B5)(Public X Education) + (B6)(Criticize X Education) + (B7)(Public X 

Criticize X Education) + (B0)(X), 

where the last variable is a vector variable for control variables. This OLS equation uses robust 

standard errors. 

The coefficient (B1) will measure the difference in the number of conversation topics reported 

by respondents in the Public/Praise group, relative to the Private/Praise group, when education is 

zero. The coefficient (B2) will measure the difference in the number of conversation topics 

reported by respondents in the Private/Criticize group, relative to the Private/Praise group, when 

education is zero. The coefficient (B3) will measure the additional difference in the number of 

conversation topics reported by respondents in the Public/Criticize group, relative to the 

Private/Criticize group, when education is zero. 

The coefficient (B4) will measure the difference in the number of conversation topics reported 

by respondents in the Private/Praise group, as their level of education increases by one unit. The 

coefficient tells us, on average, how many more/fewer conversation topics are reported when 



Zhen, 28 
 

respondents are asked about private conversations and the list of topics includes the sensitive 

topic of praising the government, as their level of education increases by one unit. 

The coefficient (B5) measures how many more/fewer conversation topics are reported when 

respondents are asked about public postings on the Sina Weibo site and the list of topics includes 

the sensitive topic of praising the government, relative to when respondents are asked about 

private conversations and the list of topics includes the sensitive topic of praising the government, 

as their level of education increases by one unit. 

The coefficient (B6) measures how many more/fewer conversation topics are reported when 

respondents are asked about private conversations and the list of topics includes the sensitive 

topic of criticizing the government, relative to when respondents are asked about private 

conversations and the list of topics includes the sensitive topic of praising the government, as 

their level of education increases by one unit. 

The coefficient (B7) measures how many more/fewer conversation topics are reported when 

respondents are asked about public postings on the Sina Weibo site and the list of topics includes 

the sensitive topic of criticizing the government, relative to when respondents are asked about 

private conversations and the list of topics includes the sensitive topic of criticizing the 

government, as their level of education increases by one unit. 

I expect B7 to be positive: respondents asked about their public Sina Weibo activity should be 

likely to report a higher number of conversation topics, relative to respondents asked about 

private conversations, when the list of topics includes the sensitive topic of criticizing the 

government, as their level of education increases by one. I have no expectations about the other 

coefficients. 
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I will use the following OLS equation to assess a possible interaction with income, as measured 

through renmenbi per year. The levels for income are described in Table 1. 

Number of Topics = a + (B1)(Public) + (B2)(Criticize) + (B3)(Public X Criticize) + (B4)(Income) 

+ (B5)(Public X Income) + (B6)(Criticize X Income) + (B7)(Public X Criticize X Income) + 

(B0)(X),  

where the last variable is a vector variable for control variables. This OLS equation uses robust 

standard errors. 

The coefficient (B1) will measure the difference in the number of conversation topics reported 

by respondents in the Public/Praise group, relative to the Private/Praise group, when their level 

of income is zero. The coefficient (B2) will measure the difference in the number of conversation 

topics reported by respondents in the Private/Criticize group, relative to the Private/Praise group, 

when their level of income is zero. The coefficient (B3) will measure the additional difference in 

the number of conversation topics reported by respondents in the Public/Criticize group, relative 

to the Private/Criticize group, when their level of income is zero. 

The coefficient (B4) will measure the difference in the number of conversation topics reported 

by respondents in the Private/Praise group, as their level of income increases by one unit. The 

coefficient tells us, on average, how many more/fewer conversation topics are reported when 

respondents are asked about private conversations and the list of topics includes the sensitive 

topic of praising the government, as their level of income raises by one unit. 

The coefficient (B5) measures how many more/fewer conversation topics are reported when 

respondents are asked about public postings on the Sina Weibo site and the list of topics includes 

the sensitive topic of praising the government, relative to when respondents are asked about 
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private conversations and the list of topics includes the sensitive topic of praising the government, 

as their level of income increases by one unit. 

The coefficient (B6) measures how many more/fewer conversation topics are reported when 

respondents are asked about private conversations and the list of topics includes the sensitive 

topic of criticizing the government, relative to when respondents are asked about private 

conversations and the list of topics includes the sensitive topic of praising the government, as 

their level of income increases by one unit. 

The coefficient (B7) measures how many more/fewer conversation topics are reported when 

respondents are asked about public postings on the Sina Weibo site and the list of topics includes 

the sensitive topic of criticizing the government, relative to when respondents are asked about 

private conversations and the list of topics includes the sensitive topic of criticizing the 

government, as their level of income increases by one. 

I expect B7 to be negative: respondents asked about their public Sina Weibo activity should be 

likely to report a lower number of conversation topics, relative to respondents asked about 

private conversations, when the list of topics includes the sensitive topic of criticizing the 

government, as their level of income raises by one. I have no expectations about the other 

coefficients. 

I will use the following OLS equation to assess a possible interaction with social media presence, 

as measured through number of daily posts.  

Number of Topics = a + (B1)(Public) + (B2)(Criticize) + (B3)(Public X Criticize) + (B4)(Posts) 

+ (B5)(Public X Posts) + (B6)(Criticize X Posts) + (B7)(Public X Criticize X Posts) + (B0)(X), 
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where the last variable is a vector variable for control variables. This OLS equation uses robust 

standard errors. 

The coefficient (B1) will measure the difference in the number of conversation topics reported 

by respondents in the Public/Praise group, relative to the Private/Praise group, when post count is 

zero. The coefficient (B2) will measure the difference in the number of conversation topics 

reported by respondents in the Private/Criticize group, relative to the Private/Praise group, when 

post count is zero. The coefficient (B3) will measure the additional difference in the number of 

conversation topics reported by respondents in the Public/Criticize group, relative to the 

Private/Criticize group, when post count is zero. 

The coefficient (B4) will measure the difference in the number of conversation topics reported 

by respondents in the Private/Praise group, as their number of posts increases by one. The 

coefficient tells us, on average, how many more/fewer conversation topics are reported when 

respondents are asked about private conversations and the list of topics includes the sensitive 

topic of praising the government, as their number of posts increases by one. 

The coefficient (B5) measures how many more/fewer conversation topics are reported when 

respondents are asked about public postings on the Sina Weibo site and the list of topics includes 

the sensitive topic of praising the government, relative to when respondents are asked about 

private conversations and the list of topics includes the sensitive topic of praising the government, 

as their number of posts increases by one. 

The coefficient (B6) measures how many more/fewer conversation topics are reported when 

respondents are asked about private conversations and the list of topics includes the sensitive 

topic of criticizing the government, relative to when respondents are asked about private 
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conversations and the list of topics includes the sensitive topic of praising the government, as 

their number of posts increases by one. 

The coefficient (B7) measures how many more/fewer conversation topics are reported when 

respondents are asked about public postings on the Sina Weibo site and the list of topics includes 

the sensitive topic of criticizing the government, relative to when respondents are asked about 

private conversations and the list of topics includes the sensitive topic of criticizing the 

government, as their number of posts increases by one. 

I expect B7 to be negative: respondents asked about their public Sina Weibo activity should be 

likely to report a lower number of conversation topics, relative to respondents asked about 

private conversations, when the list of topics includes the sensitive topic of criticizing the 

government, as their number of posts increases by one. I have no expectations about the other 

coefficients. 

I will use the following OLS equation to assess a possible interaction with social media presence, 

as measured through the number of hours they spend on social media: 

Number of Topics = a + (B1)(Public) + (B2)(Criticize) + (B3)(Public X Criticize) + (B4)(Time) 

+ (B5)(Public X Time) + (B6)(Criticize X Time) + (B7)(Public X Criticize X Time) + (B0)(X), 

where the last variable is a vector variable for control variables. This OLS equation uses robust 

standard errors. 

The coefficient (B1) will measure the difference in the number of conversation topics reported 

by respondents in the Public/Praise group, relative to the Private/Praise group, when the number 

of daily hours spent on social media is zero. The coefficient (B2) will measure the difference in 
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the number of conversation topics reported by respondents in the Private/Criticize group, relative 

to the Private/Praise group, when hours spent on social media is zero. The coefficient (B3) will 

measure the additional difference in the number of conversation topics reported by respondents 

in the Public/Criticize group, relative to the Private/Criticize group, when hours spent on social 

media is zero. 

The coefficient (B4) will measure the difference in the number of conversation topics reported 

by respondents in the Private/Praise group, as their number of hours spent on social media 

increases by one. The coefficient tells us, on average, how many more/fewer conversation topics 

are reported when respondents are asked about private conversations and the list of topics 

includes the sensitive topic of praising the government, as their number of hours spent on social 

media increases by one. 

The coefficient (B5) measures how many more/fewer conversation topics are reported when 

respondents are asked about public postings on the Sina Weibo site and the list of topics includes 

the sensitive topic of praising the government, relative to when respondents are asked about 

private conversations and the list of topics includes the sensitive topic of praising the government, 

as their number of hours spent on social media increases by one. 

The coefficient (B6) measures how many more/fewer conversation topics are reported when 

respondents are asked about private conversations and the list of topics includes the sensitive 

topic of criticizing the government, relative to when respondents are asked about private 

conversations and the list of topics includes the sensitive topic of praising the government, as 

their number of hours spent on social media increases by one. 
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The coefficient (B7) measures how many more/fewer conversation topics are reported when 

respondents are asked about public postings on the Sina Weibo site and the list of topics includes 

the sensitive topic of criticizing the government, relative to when respondents are asked about 

private conversations and the list of topics includes the sensitive topic of criticizing the 

government, as their number of hours spent on social media increases by one. 

I expect B7 to be negative: respondents asked about their public Sina Weibo activity should be 

likely to report a lower number of conversation topics, relative to respondents asked about 

private conversations, when the list of topics includes the sensitive topic of criticizing the 

government, as their number of hours spent on social media increases by one. I have no 

expectations about the other coefficients. 

I will use the following OLS equation to assess a possible interaction with residence in Hong 

Kong: 

Number of Topics = a + (B1)(Public) + (B2)(Criticize) + (B3)(Public X Criticize) + (B4)(Hong 

Kong) + (B5)(Public X Hong Kong) + (B6)(Criticize X Hong Kong) + (B7)(Public X Criticize X 

Hong Kong) + (B0)(X),  

where the last variable is a vector variable for control variables. This OLS equation uses robust 

standard errors. 

The coefficient (B1) will measure the difference in the number of conversation topics reported 

by respondents in the Public/Praise group, relative to the Private/Praise group, when the 

respondent does not live in Hong Kong. The coefficient (B2) will measure the difference in the 

number of conversation topics reported by respondents in the Private/Criticize group, relative to 

the Private/Praise group, when the respondent does not live in Hong Kong. The coefficient (B3) 
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will measure the additional difference in the number of conversation topics reported by 

respondents in the Public/Criticize group, relative to the Private/Criticize group, when the 

respondent does not live in Hong Kong. 

The coefficient (B4) will measure the difference in the number of conversation topics reported 

by respondents in the Private/Praise group, when the respondent lives in Hong Kong. The 

coefficient tells us, on average, how many more/fewer conversation topics are reported when 

respondents are asked about private conversations and the list of topics includes the sensitive 

topic of praising the government, and the respondent lives in Hong Kong. 

The coefficient (B5) measures how many more/fewer conversation topics are reported when 

respondents are asked about public postings on the Sina Weibo site and the list of topics includes 

the sensitive topic of praising the government, relative to when respondents are asked about 

private conversations and the list of topics includes the sensitive topic of praising the government, 

and the respondent lives in Hong Kong. 

The coefficient (B6) measures how many more/fewer conversation topics are reported when 

respondents are asked about private conversations and the list of topics includes the sensitive 

topic of criticizing the government, relative to when respondents are asked about private 

conversations and the list of topics includes the sensitive topic of praising the government, and 

the respondent lives in Hong Kong. 

The coefficient (B7) measures how many more/fewer conversation topics are reported when 

respondents are asked about public postings on the Sina Weibo site and the list of topics includes 

the sensitive topic of criticizing the government, relative to when respondents are asked about 
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private conversations and the list of topics includes the sensitive topic of criticizing the 

government, and the respondent lives in Hong Kong. 

I expect B7 to be positive: respondents asked about their public Sina Weibo activity should be 

likely to report a higher number of conversation topics, relative to respondents asked about 

private conversations, when the list of topics includes the sensitive topic of criticizing the 

government, and the respondent lives in Hong Kong. I have no expectations about the other 

coefficients. 

I will use the following OLS equation to assess a possible interaction with residence in Taiwan: 

Number of Topics = a + (B1)(Public) + (B2)(Criticize) + (B3)(Public X Criticize) + 

(B12)(Taiwan) + (B13)(Public X Taiwan) + (B14)(Criticize X Taiwan) + (B15)(Public X 

Criticize X Taiwan) + (B0)(X), 

where the last variable is a vector variable for control variables. This OLS equation uses robust 

standard errors. 

The coefficient (B1) will measure the difference in the number of conversation topics reported 

by respondents in the Public/Praise group, relative to the Private/Praise group, when the 

respondent does not live in Taiwan. The coefficient (B2) will measure the difference in the 

number of conversation topics reported by respondents in the Private/Criticize group, relative to 

the Private/Praise group, when the respondent does not live in Taiwan. The coefficient (B3) will 

measure the additional difference in the number of conversation topics reported by respondents 

in the Public/Criticize group, relative to the Private/Criticize group, when the respondent does 

not live in Taiwan. 
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The coefficient (B4) will measure the difference in the number of conversation topics reported 

by respondents in the Private/Praise group, when the respondent lives in Taiwan. The coefficient 

tells us, on average, how many more/fewer conversation topics are reported when respondents 

are asked about private conversations and the list of topics includes the sensitive topic of praising 

the government, and the respondent lives in Taiwan. 

The coefficient (B5) measures how many more/fewer conversation topics are reported when 

respondents are asked about public postings on the Sina Weibo site and the list of topics includes 

the sensitive topic of praising the government, relative to when respondents are asked about 

private conversations and the list of topics includes the sensitive topic of praising the government, 

and the respondent lives in Taiwan. 

The coefficient (B6) measures how many more/fewer conversation topics are reported when 

respondents are asked about private conversations and the list of topics includes the sensitive 

topic of criticizing the government, relative to when respondents are asked about private 

conversations and the list of topics includes the sensitive topic of praising the government, and 

the respondent lives in Taiwan. 

The coefficient (B7) measures how many more/fewer conversation topics are reported when 

respondents are asked about public postings on the Sina Weibo site and the list of topics includes 

the sensitive topic of criticizing the government, relative to when respondents are asked about 

private conversations and the list of topics includes the sensitive topic of criticizing the 

government, and the respondent lives in Taiwan. 

I expect B7 to be positive: respondents asked about their public Sina Weibo activity should be 

likely to report a higher number of conversation topics, relative to respondents asked about 
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private conversations, when the list of topics includes the sensitive topic of criticizing the 

government, and the respondent lives in Taiwan. I have no expectations about the other 

coefficients. 

Regressions 

 OLS regressions are reported in Tables 4 through Tables 17. These tables report the 

estimates for the effects of the two dummy variables: Public and Criticize, and the interaction 

variable, Public X Criticize. The dummy variable Public is coded as 0 for Private/Praise and 

Private/Criticize and coded as 1 for Public/Praise and Public/Criticize. The dummy variable 

Criticize is coded as 0 for Private/Praise and Public/Praise and coded as 1 for Private/Criticize 

and Public/Criticize. The variable Public X Criticize is the interaction of the Public and Criticize 

variables. These variables are defined in Table 1 and in the Testable Hypotheses section.  

 Table 4 reports the base OLS regression without controlling for the statistically 

significant demographic differences across the four groups. Table 5 reports the base OLS 

regression after controlling for these statistical differences. Table 6 reports the OLS regression 

that includes an interaction with age. Table 7 reports the age OLS regression after controlling for 

demographic differences. Table 8 reports the OLS regression that includes an interaction with 

education. Table 9 reports the education OLS regression after controlling for demographic 

differences. Table 10 reports the OLS regression that includes an interaction with income. Table 

11 reports the income OLS regression after controlling for demographic differences. Table 12 

reports the OLS regression that includes an interaction with social media usage, as determined 

through posts count. Table 13 reports the posts count OLS regression after controlling for 

demographic differences. Table 14 reports the OLS regression that includes an interaction with 
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Hong Kong residency. Table 15 reports the Hong Kong OLS regression after controlling for 

demographic differences. Table 16 reports the OLS regression that includes an interaction with 

Taiwan residency. Table 17 reports the Taiwan OLS regression after controlling for demographic 

differences. 

 The findings from Table 4 show that there is no support for the hypothesis that 

respondents are less willing to post criticism of the Chinese government on their public Sina 

Weibo accounts, relative to their propensity to criticize the government in private. The only 

statistically significant coefficients are for the dummy variable Public and for the constant. The 

coefficient on the constant measures, on average, how many conversation topics are reported 

when respondents are asked about private conversations with friends and the list of topics 

includes the sensitive topic of praising the Chinese government. This value is 2.66 and is 

significant at the 99% level of confidence. The coefficient for the Public variable tells us, on 

average, how many fewer conversation topics are reported when respondents are asked about 

public postings on the Sina Weibo site and the list of topics includes the sensitive topic of 

praising the government, relative to the constant. The coefficient for the Public variable is -0.53 

and is significant at the 95% level of confidence; this means that respondents are slightly less 

willing to discuss the same number of topics on their public Sina Weibo account, compared to 

private conversation with friends, when the list includes a sensitive topic of praising the Chinese 

government. 

 The findings from Table 5 reinforce the findings from Table 4. After including control 

variables, we see that there is no support for the hypothesis that Chinese citizens are less willing 

to post criticisms of the Chinese government on their public Sina Weibo accounts, relative to 

their propensity to criticize the government in private. As in Table 4, only the coefficients for the 
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Public variable and the constant are statistically significant. The coefficient for Public is -0.74, 

statistically significant at the 99% confidence level. The coefficient for the constant is 3.20, 

statistically significant at the 99% confidence level. This means that respondents are slightly less 

willing to discuss the same number of topics on their public Sina Weibo account, compared to 

private conversation with friends, when the list includes a sensitive topic of praising the Chinese 

government. 

 The findings in Table 6 and Table 7 show that there are no statistically significant results 

when one includes age as an interaction with the treatment variables, even after controlling for 

demographic variables. This shows that there is no support for the hypothesis that older 

respondents would be less likely to post criticism of the government on social media, relative to 

younger respondents.  

 The findings in Table 8 show that there are no statistically significant results when one 

includes education as an interaction with the treatment variables, without including controls. 

These findings do not support the hypothesis that more educated respondents would be more 

likely to post criticism of the government on social media, relative to respondents with less 

education. However, the findings in Table 9 show that there are several statistically significant 

coefficients after controlling for demographic variables. The coefficient for Public is -1.77 and is 

significant at the 95% confidence level. This shows that respondents report fewer conversation 

topics when they are posting on their public Sina Weibo profiles, compared to private 

conversations with friends, when the sensitive topic includes praising the government and the 

education value is at zero. The coefficient for Public X Criticize is 2.12 and significant at the 90% 

confidence level. This shows that respondents report more conversation topics when they are 

posting on their Sina Weibo profiles, compared to private conversations with friends, when the 
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sensitive topic includes criticizing the government and the education value is at zero. The 

coefficient for the Education X Public X Criticize variable is -0.68 and is significant at the 90% 

confidence level. This shows that respondents report fewer conversation topics when they are 

posting on their Sina Weibo profiles, compared to private conversations with friends, when the 

sensitive topic includes criticizing the government, and their education level increases by 1 unit. 

These findings suggest that more educated respondents are actually more likely to self-censor 

criticism of the government on social media, relative to respondents with less education. 

 Figure 1 reports the predicted value of responses to the number of conversation topics 

reported, at each level of education, by the treatment groups, after controlling for the 

demographic variables, as reported in Table 9.  Confidence intervals are reported at the 95% 

level. Predicted values are averaged over the observed level of covariates. Although there is 

overlap between all four treatment groups in the 95% confidence interval of the predicted 

responses, there is an important pattern that differentiates the respondents in the Public/Criticize 

group, relative to the other three treatment groups. As their level of education increases, 

respondents in the Public/Criticize group report fewer numbers of conversation topics. On the 

other hand, respondents for all other three groups report a higher number of conversation topics. 

Therefore, Figure 1 suggests that more educated respondents are engaging in self-censorship and 

deliberately reporting less criticism of the Chinese government on their public Sina Weibo sites, 

relative to their propensity to criticize the Chinese government in private conversations.  

 There are no statistically significant coefficients among any of the treatment variables in 

Table 10 or Table 11. This shows that there is no support for my hypothesis that respondents 

with more income will self-censor on social media more than respondents with less income.  
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 There were no statistically significant coefficients among any of my treatment variables 

in Table 12. These findings do not support the hypothesis that respondents who post more on 

Sina Weibo are less likely to post criticism of the Chinese government on social media, relative 

to respondents who don’t post as much on social media. However, after controlling for 

demographic variables, several statistically significant coefficients arise in Table 13. The 

coefficient for Public is -1.25 and is significant at the 95% confidence level. This shows that 

respondents report fewer conversation topics when they are posting on their public Sina Weibo 

profiles, compared to private conversations with friends, when the sensitive topic includes 

praising the government and they generally do not post on social media. The coefficient for the 

Posts X Public X Criticize variable is -0.17 and is significant at the 90% confidence level. This 

shows that respondents report fewer conversation topics when they are posting on their Sina 

Weibo profiles, compared to private conversations with friends, when the sensitive topic includes 

criticizing the government, and their number of posts increases by 1 unit. This result appears to 

support the hypothesis that respondents who post more on Sina Weibo are less likely to post 

criticism of the Chinese government on social media, relative to respondents who don’t post as 

much on social media. 

 Figure 2 reports the predicted value of responses to the number of conversation topics 

reported, at each unit of posts made on social media, by the treatment groups, after controlling 

for the demographic variables, as reported in Table 13. Confidence intervals are reported at the 

95% level. Predicted values are averaged over the observed level of covariates. Although there is 

overlap between all four treatment groups in the 95% confidence interval of the predicted 

responses, there is an important pattern that differentiates the respondents in the Public/Criticize 

group, relative to respondents in the Private/Criticize group and the Public/Praise group. As the 
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number of posts made on Sina Weibo increases, respondents in the Public/Criticize group report 

fewer number of conversation topics. On the other hand, respondents in the Private/Criticize 

group and Public/Praise group report a higher number of conversation topics. Therefore, Figure 2 

suggests that respondents who post more often on their public Sina Weibo profile are engaging 

in self-censorship and deliberately reporting less criticism of the Chinese government on their 

public Sina Weibo profile, relative to their propensity to criticize the Chinese government in 

private conversations or to praise the Chinese government on their public Sina Weibo profile.  

 The findings from Tables 14 and 15 do appear to support my hypothesis regarding the 

interaction of time spent on social media with the treatment variables. In Table 14, which does 

not include control variables, the coefficient on the constant measures, on average, how many 

conversation topics are reported when respondents are asked about private conversations with 

friends and the list of topics includes the sensitive topic of praising the Chinese government, and 

respondents do not spend any time on social media. The constant coefficient is 2.78 and is 

significant at the 99% confidence level. The coefficient for the Public variable tells us, on 

average, how many fewer conversation topics are reported when respondents are asked about 

public postings on the Sina Weibo site and the list of topics includes the sensitive topic of 

praising the government, and respondents do not spend any time on social media. The public 

coefficient is -1.21 and is significant at the 99% confidence level. This shows that respondents 

who do not use social media report fewer topics when they are on social media, relative to 

private conversations, when the list of topics include a sensitive topic of praising the government. 

The coefficient on Time measures on average, how many conversation topics are reported when 

respondents are asked about private conversations with friends and the list of topics includes the 

sensitive topic of praising the Chinese government, and the number of hours the respondent 
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spends on social media increases by one. The Time coefficient is -0.04 and is significant at the 

90% confidence level. This shows that respondents report fewer topics when they are asked 

about private conversation with friends and the list of topic includes the sensitive topic of 

praising the government, and the number of hours the respondent spends on social media 

increases by one. The coefficient on Time X Public measures on average, how many 

conversation topics are reported when respondents are asked about public postings on the Sina 

Weibo site and the list of topics includes the sensitive topic of praising the government, and the 

amount of hours spent on social media increases by one. The Time X Public coefficient is -0.30 

and is significant at the 99% confidence level. This means that respondents report fewer topics 

when they are on social media, and the list of topics includes a sensitive topic of praising the 

government, when the amount of hours spent on social media increases by one. The Time X 

Public X Criticize coefficient measures on average, how many conversation topics are reported 

when respondents are asked about public postings on the Sina Weibo site and the list of topics 

includes the sensitive topic of criticizing the government, and the amount of hours spent on 

social media increases by one. The Time X Public X Criticize coefficient is -0.21 and significant 

at the 90% confidence level. This shows that respondents report fewer topics when they are on 

social media, and the list of topics includes a sensitive topic of criticizing the government, when 

the amount of hours spent on social media increases by one. This last result supports the 

hypothesis that respondents self-censor their criticisms of the government on social media more 

when they are more frequent users of social media.   

 These results are further supported by my findings in Table 15, which includes control 

variables. The coefficient for the Public variable is -1.71 and is significant at the 99% level. This 

shows that respondents who do not use social media report fewer topics when they are on social 
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media, relative to private conversations, when the list of topics include a sensitive topic of 

praising the government. The Criticize coefficient measures on average, how many conversation 

topics are reported when respondents are asked about private conversations and the list of topics 

includes the sensitive topic of criticizing the government, and they do not spend any time on 

social media. The Criticize coefficient is -1.09 and is significant at the 95% confidence level. 

This shows that respondents report fewer topics when asked about private conversations and the 

list of topics includes the sensitive topic of criticizing the government, and they do not spend any 

time on social media. The Public X Criticize variable measures on average, how many more 

conversation topics are reported when respondents are asked about public postings on Sina 

Weibo site and the list includes the sensitive topic of criticizing the government, but they do not 

spend any time on social media. The Public X Criticize variable is 1.11 and is significant at the 

95% confidence level. This shows that respondents report more topics when asked about public 

postings on Sina Weibo site and the list includes the sensitive topic of criticizing the government, 

and they do not spend any time on social media. The coefficient on Time measures on average, 

how many conversation topics are reported when respondents are asked about private 

conversations with friends and the list of topics includes the sensitive topic of praising the 

Chinese government, and the number of hours the respondent spends on social media increases 

by one. The Time coefficient is -0.08 and is significant at the 95% confidence level. This shows 

that respondents report fewer topics when they are asked about private conversation with friends 

and the list of topic includes the sensitive topic of praising the government, and the number of 

hours the respondent spends on social media increases by one. The coefficient on Time X Public 

measures on average, how many conversation topics are reported when respondents are asked 

about public postings on the Sina Weibo site and the list of topics includes the sensitive topic of 
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praising the Chinese government, and the number of hours the respondent spends on social 

media increases by one. The Time X Public coefficient is 0.31 and is significant at the 99% 

confidence level. This shows that respondents report more topics when they are asked about 

public postings on the Sina Weibo site and the list of topic includes the sensitive topic of praising 

the government, and the number of hours the respondent spends on social media increases by one. 

The coefficient on Time X Criticize measures on average, how many conversation topics are 

reported when respondents are asked about private conversations and the list of topics includes 

the sensitive topic of criticizing the government, and the amount of hours spent on social media 

increases by one. The Time X Criticize coefficient is 0.33 and is significant at the 99% 

confidence level. This means that respondents report more topics when they are asked about 

private conversations and the list of topics includes the sensitive topic of criticizing the 

government, and the amount of hours spent on social media increases by one. Finally, the Time 

X Public X Criticize coefficient measures on average, how many fewer conversation topics are 

reported when respondents are asked about public postings on the Sina Weibo site and the list of 

topics includes the sensitive topic of criticizing the government, and the amount of hours spent 

on social media increases by one. The Time X Public X Criticize coefficient is -0.46 and is 

significant at the 99% confidence level. This last result shows that respondents report fewer 

topics when they are on social media, and the list of topics includes a sensitive topic of 

criticizing the government, when the amount of hours spent on social media increases by one. 

This again supports the hypothesis that respondents self-censor their criticisms of the 

government on social media more when they are more frequent users of social media.   

 Figure 3 reports the predicted value of responses to the number of conversation topics 

reported, at each hour of time spent on social media, by the treatment groups, without controlling 
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for demographic variables as reported in Table 14. Confidence intervals are reported at the 95% 

level. Although there is overlap between all four treatment groups in the 95% confidence interval 

of the predicted responses, the pattern in the slope of the predicted values by the treatment 

groups tells a substantive story. As the number of hours spent on social media increases, 

respondents in the Public/Praise group report a higher number of conversation topics. 

Respondents in the Public/Criticize group also report a higher number of conversation topics, but 

the rate of increase is much lower than the Public/Praise group. This may indicate that 

respondents are deliberately withholding criticism of the Chinese government and opting to 

praise the Chinese government, even when they would not normally do so in private 

conversation. This may indicate that they are not only self-censoring themselves, but also 

creating the false pretension of praising the government.  

 Figure 4 reports the predicted value of responses to the number of conversation topics 

reported, at each hour of time spent on social media, by the treatment groups, after controlling 

for the demographic variables, as reported in Table 15. Confidence intervals are reported at the 

95% level. Predicted values are averaged over the observed level of covariates. Although there is 

overlap between all four treatment groups in the 95% confidence interval of the predicted 

responses, the pattern in the slope of the predicted values by the treatment groups further 

supports the substantive story outlined in Figure 3. As the number of hours spent on social media 

increases, respondents in both the Private/Criticize group and Public/Criticize group report a 

higher number of conversation topics. However, the rate of increase was much lower among the 

respondents in the Public/Criticize group, relative to the respondents in the Private/Criticize 

group. Furthermore, as the number of hours spent on social media increases, respondents in the 

Private/Praise group report a lower number of conversation topics. However, as the number of 
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hours spent on social media increases, respondents in the Public/Praise group reported a higher 

number of conversation topics. These two conflicting slopes may indicate that respondents are 

self-censoring their criticism of the Chinese government by deliberately praising the Chinese 

government more often on social media, relative to their propensity to praise the Chinese 

government in private conversation.  

 The findings from Table 16 and 17 do not support my hypotheses regarding the 

interaction of Hong Kong residency with the treatment variables. In Table 16, without controls, 

the coefficient on the constant measures, on average, how many conversation topics are reported 

when respondents are asked about private conversations with friends and the list of topics 

includes the sensitive topic of praising the Chinese government, and respondents do not reside in 

Hong Kong. The constant coefficient is 2.84 and is significant at the 99% confidence level. The 

coefficient for the Public variable tells us, on average, how many fewer conversation topics are 

reported when respondents are asked about public postings on the Sina Weibo site and the list of 

topics includes the sensitive topic of praising the government, and respondents do not reside in 

Hong Kong, relative to the constant. The coefficient is -0.53 and is significant at the 90% 

confidence level. This shows that respondents that aren’t from Hong Kong report fewer topics 

when they are on public social media, relative to private conversations, when the sensitive topic 

includes praising the government. The coefficient on the Hong Kong X Criticize interaction 

variable is 0.78 and is significant at the 90% level. This means that respondents from Hong Kong 

reported a slight increase in the number of topics discussed in private conversations, when the 

list of topics included the sensitive topic of criticizing the government, relative to respondents 

not living in Hong Kong. None of these results support the hypotheses regarding the interaction 

of Hong Kong residency with the treatment variables. Moreover, no coefficients are significant 
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at conventional levels after controlling for demographic variables in Table 17. This means that 

my hypothesis of an interaction of Hong Kong residency with the treatment variables is not 

supported by the data. 

 The findings from Table 18 and 19 do appear to support my hypothesis that Taiwanese 

citizens are more comfortable criticizing the Chinese government online, relative to non-

Taiwanese respondents. In Table 18, without controls, the coefficient for the constant is 2.52 and 

significant at the 99% confidence level. The coefficient for the variable Taiwan X Public is -0.94 

and significant at the 90% confidence level. This shows that respondents from Taiwan report 

fewer topics on the public Sina Weibo, when the list of topics includes praising the government, 

relative to non-Taiwanese respondents. The coefficient for the variable Taiwan X Criticize is -

1.27 and is significant at the 99% level. This shows that respondents from Taiwan report fewer 

topics in private conversation with friends, when the list of topics includes criticizing the 

government, relative to non-Taiwanese respondents. The coefficient on the interaction variable 

Taiwan X Public X Criticize is 1.56 and is significant at the 95% level. This means that 

Taiwanese respondents reported 1.56 more topics discussed on public Sina Weibo accounts, 

when the list of topics included a sensitive topic of criticizing the government, relative to non-

Taiwanese respondents. This last result supports the hypothesis that Taiwanese citizens are more 

comfortable criticizing the Chinese government online, relative to non-Taiwanese respondents. 

Even after controlling for demographic values in Table 19, the coefficient on the 

interaction variable Taiwan X Public X Criticize is 2.01 and is significant at the 95% level. This 

means that Taiwanese respondents reported 2.01 more topics discussed on public Sina Weibo 

accounts, when the list of topics included a sensitive topic of criticizing the government, relative 

to non-Taiwanese respondents. This again supports the hypothesis that Taiwanese citizens are 
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more comfortable criticizing the Chinese government online, relative to non-Taiwanese 

respondents. 

Conclusion 

 The findings suggest that some Chinese citizens do appear to be motivated by Chinese 

censorship regulations to self-censorship criticism of the Chinese government. Respondents who 

are the most highly educated, have the highest number of daily posts on social media, and spend 

the most time on social media, appear to self-censor criticisms of the government on social 

media more than they self censor praise of the government on social media. Other respondents 

do not appear to self-censor criticism of the government on social media. However, my findings 

are severely limited by my small sample size.  

 When reflecting on the overall results of the different treatment effects, there are three 

main patterns that can be discerned. The average treatment effects did not prove to have any 

statistical significance. The interaction with level of income, age, or Hong Kong residency also 

did not prove to have any statistical significance. The treatment groups with an interaction with 

level of education proved to have the opposite effect on predicted number of conversation topics; 

more educated respondents were more likely to self-censor criticism of the government on social 

media, relative to respondents with less education. The treatment groups with an interaction with 

the number of posts made on social media or number of hours spent on social media both 

produced findings that were consistent with my hypothesis. Respondents who post more often on 

social media, or spend more time on social media, do appear to be less likely to post criticism of 

the government on their public Sina Weibo site. Furthermore, the treatment groups with an 

interaction with Taiwan residency also produced findings that were consistent with my 
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hypothesis. Respondents who live in Taiwan are more comfortable criticizing the Chinese 

government online, and do not self-censor themselves.  

 Overall, it seems that some Chinese citizens do self-censor criticisms of the government 

on social media more than they self censor praise of the government on social media. Further 

studies may improve upon this list survey design by exploring different aspects of the Chinese 

government that citizens may criticize or praise. Furthermore, my list survey experiment was 

limited by the small pool of respondents available through Crowdflower. Future studies should 

access a larger group of Chinese citizens.   
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Table 1. Variable Description Chart 

Variable Coding Scheme 

Gender Dummy Variable (0-1), 0 if Male, 1 if Female 

Missing Value if Prefer Not to Answer 

Age Numeric Variable (18-64) representing age, 

Missing Value if Prefer Not to Answer 

Education Numeric Variable (1-5) representing high 

school or less, some college, completed college, 

some graduate school, or completed graduate 

school. Missing Value if Prefer Not to Answer 

Income Numeric Variable (1-4) representing less than 

60,000 rmb/year, between 60,000 and 106.000 

rmb/year, between 106.000 and 229.000 

rmb/year, and more than 229.000 rmb/year. 

Missing Value if Prefer Not to Answer 

Region1 - Region34 34 Unique Dummy Variables (0-1) representing 

34 distinct regional subdivisions of China. 

Missing Value if Prefer Not to Answer 

Communist Party Member Dummy Variable (0-1) representing No/Yes 

Missing Value if Prefer Not to Answer 

Time spent on Weibo (in hours) Numeric Variable (0-24) represent amount of 

hours spent on Weibo within a day. Missing 

Value if Prefer Not to Answer 

Posts made on Weibo (within 24 hour period) Numeric Variable (0-999) representing number 

of posts made on Weibo within a day. Missing 

Value if Prefer Not to Answer 

Public Dummy Variable (0-1) representing whether the 

respondent was asked about posting on Sina 

Weibo. 

Criticize Dummy Variable (0-1) representing whether the 

respondent was asked about criticizing the 

government. 

Number of Topics  Numeric Variable (0-5) representing number of 

topics reported to have discussed with friends, 

whether in public or in private. Missing Value if 

Prefer Not to Answer 
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Table 2. Covariate Balance 

  

Private/ 

Praise - 1 

(62) 

Private/ 

Criticize- 2 

(62) 

Public/ 

Praise-3 

(63) 

Public/ 

Criticize- 4 

(61) 

Group 1 

and 2 

Group 1 

and 3 

Group 1 

and 4 

Group 2 

and 3 

Group 2 

and 4 

Group 3 

and 4 

Gender 0.37 0.35 0.31 0.44 0.02 0.06 -0.06 0.04 -0.08 -0.13 

Age 34.2 
30.77 

 
32 30.92   3.42* 2.2 3.27* -1.22 -0.14 1.07 

Education  2.93 2.75 2.76 2.75 0.17 0.16 0.18 0 0 0.01 

Income 2.1 2.32 2.54 2.18 -0.22 -0.43*** -0.08 -0.21 0.14 0.35* 

Communist 

Party Member 
0.08 0.07 0 0.04 0 0.08** 0.03 0.07** 0.03 -0.04 

Time on social 

media 
2.4 2.27 2.03 2.56 0.13 0.36 -0.16 0.23 -0.29 -0.52 

Posts on Social 

Media 
3.41 8.56 1.98 6.4 -5.14 1.43 -2.98 6.58 2.16 -4.41* 

Beijing 

Municipality 
0.04 0.09 0.07 0.04 -0.04 -0.03 0 0.01 0.04 0.03 

Tianjin 

Municipality 
0 0 0 0.01 0 0 -0.01 0 -0.01 -0.01 

Hebei Province 0 0.03 0.01 0.01 -0.03 -0.01 -0.01 0.01 0.01 0 
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Private/ 

Praise - 1 

(62) 

Private/ 

Criticize- 2 

(62) 

Public/ 

Praise-3 

(63) 

Public/ 

Criticize- 4 

(61) 

Group 1 

and 2 

Group 1 

and 3 

Group 1 

and 4 

Group 2 

and 3 

Group 2 

and 4 

Group 3 

and 4 

Shanxi Province 0 0 0 0 0 0 0 0 0 0 

Inner Mongolia 

Autonomous 

Region 

0 0 0.01 0 0 -0.01 0 -0.01 0 0.01 

Liaoning 

Province 
0.03 0.01 0.01 0.06 0.01 0.01 -0.03 0 -0.04 -0.04 

Jilin Province 0 0 0 0 0 0 0 0 0 0 

Heilongjiang 

Province 
0 0 0 0.03 0 0 -0.03 0 -0.03 -0.03 

Shanghai 

Municipality 
0.01 0 0.04 0.04 0.01 -0.04 -0.03 -0.06** -0.04* 0.01 

Jiangsu 

Province 
0.03 0.01 0 0.01 0.01 0.03 0.01 0.01 0 -0.01 

Zhejiang 

Province 
0.03 0.01 0 0 0.01 0.03 0.03 0.01 0.01 0 

Anhui Province 0 0.01 0 0 -0.01 0 0 0.01 0.01 0 

Fujian Province 0.01 0 0.01 0.01 0.01 0 0 -0.01 -0.01 0 

Jiangxi Province 0 0 0 0.01 0 0 -0.01 0 -0.01 -0.01 
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Private/ 

Praise (1) 

Private/ 

Criticize 

(2) 

Public/ 

Praise 

(3) 

Public/ 

Criticize 

(4) 

Group 1 

and 2 

Group 1 

and 3 

Group 1 

and 4 

Group 2 

and 3 

Group 2 

and 4 

Group 3 

and 4 

Henan Province 0.01 0 0 0.01 0.01 0.01 0 0 -0.01 -0.01 

Hubei Province 0 0 0 0.01 0 0 -0.01 0 -0.01 -0.01 

Hunan Province 0 0 0 0.01 0 0 -0.01 0 -0.01 -0.01 

Guangdong 

Province 
0.01 0.03 0.04 0.01 -0.01 -0.03 0 -0.01 0.01 0.03 

Guangxi Zhuang 

Autonomous 

Region 

0 0 0 0 0 0 0 0 0 0 

Hainan Province 0 0 0 0 0 0 0 0 0 0 

Chongqing 

Municipality 
0 0 0 0 0 0 0 0 0 0 

Sichuan 

Province 
0 0 0 0 0 0 0 0 0 0 

Guizhou 

Province 
0 0 0 0 0 0 0 0 0 0 

Yunnan 

Province 
0 0 0 0 0 0 0 0 0 0 
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Private/ 

Praise (1) 

Private/ 

Criticize 

(2) 

Public/ 

Praise 

(3) 

Public/ 

Criticize 

(4) 

Group 1 

and 2 

Group 1 

and 3 

Group 1 

and 4 

Group 2 

and 3 

Group 2 

and 4 

Group 3 

and 4 

Shaanxi 

Province 
0 0.032 0.01 0.01 -0.03 -0.01 -0.01 0.01 0.01 0 

Gansu Province 0 0 0 0 0 0 0 0 0 0 

Qinghai 

Province 
0 0 0.01 0 0 -0.01 0 -0.01 0 0.01 

Ningxia Hui 

Autonomous 

Region 

0.01 0 0 0 0.01 0.01 0.01 0 0 0 

Xinjiang 

Uyghur 

Autonomous 

Region 

0 0 0 0 0 0 0 0 0 0 

Hong Kong 

Special 

Administrative 

Region 

0.43 0.32 0.33 0.24 0.11 0.1 0.18** -0.01 0.07 0.08 

Macau Special 

Administrative 

Region 

0 0.01 0 0 -0.01 0 0 0.01 0.01 0 

Taiwan 

Province 
0.2 0.33 0.3 0.36 -0.12 -0.09 -0.15* 0.03 -0.02 -0.05 

* Two-tailed p < .10, **p < .05, ***p < .01. 

Number of respondents in each group in parenthesis at the top of each column. Gender is on a scale of 0 to 1, where 0 refers to “Male” and 1 

refers to “Female”. Age ranges from 18 to 55. Education is on a scale from 1 to 5, where 1 represents attained education of high school or below 

while 5 represents completed Graduate school. Income is on a scale from 1 to 5, where 1 represents an annual income of 60,000 rmb or less, and 
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5 represents an annual income of 229,000 rmb or more. Communist Party member is a binary dummy variable that measures if the respondents 

are a member of the Chinese Communist Party or not. Time spent on social media ranges from 0 to 20. Posts made on social media ranges from 0 

to 100 and measures on a daily basis. The next 34 variables are binary dummy variables that measures if the respondents live in that particular 

city, municipality, or province.  

 

 

 

Table 3. T-Tests for Dependent Variable across all 4 groups 

 

  

Private/ 

Praise - 1 

(62) 

Private/ 

Criticize- 2 

(62) 

Public/ 

Praise-3 

(63) 

Public/ 

Criticize- 4 

(61) 

Group 1 

and 2 

Group 1 

and 3 

Group 1 

and 4 

Group 2 

and 3 

Group 2 

and 4 

Group 3 

and 4 

Number of 

Topics 
2.65 2.60 2.12 2.16 .048 .53** .48** .48** .43** -.041 

* Two-tailed p < .10, **p < .05, ***p < .01. 

Number of respondents in each group in parenthesis at the top of each column. Number of Topics reported is on a scale of 1 to 5, where each 

number is another unit of topic that the respondent discusses in private conversation/posts on public Sina Weibo site. All responses that were 

refused or marked “Prefer Not to Answer” have been coded as missing. 
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Table 4. Base OLS Regression (without controls) 

 

Dependent Variable (Number of Topics) 

  Public -0.53** 

 

(0.23) 

Criticize -0.04 

 

(0.21) 

Public X Criticize 0.09 

 

(0.30) 

Constant 2.65*** 

 

(0.15) 

  Observations 207 

R-squared 0.04 
* Two-tailed p < .10, **p < .05, ***p < .01. Standard Error in parenthesis.  

Table 5. Base OLS Regression (with controls) 

 

Dependent Variable (Number of Topics) 

  Public -0.74*** 

 

(0.27) 

Criticize -0.13 

 

(0.25) 

Public X Criticize 0.13 

 

(0.36) 

Age -0.01 

 

(0.01) 

Income 0.13 

 

(0.11) 

Communist Party Member 0.34 

 

(0.46) 

Shanghai Municipality -0.29 

 

(0.29) 

Hong Kong Special Administrative Region -0.48** 

 

(0.24) 

Taiwan Province -0.25 

 

(0.23) 

Constant 3.20*** 

 

(0.41 

  Observations 149 

R-squared 0.10 

* Two-tailed p < .10, **p < .05, ***p < .01. Standard Error in parenthesis. 
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Table 6. OLS Regression with Age Interactions 

 

Dependent Variable (Number of Topics) 

  Public -1.26 

 

(0.85) 

Criticize 0.04 

 

(0.74) 

Public X Criticize 1.03 

 

(1.16) 

Age -0.005 

 

(0.01) 

Age X Public 0.01 

 

(0.02) 

Age X Criticize -0.00 

 

(0.02) 

Age X Public X Criticize -0.02 

 (0.03) 

Constant 2.91*** 

 

(0.53) 

Observations 182 

R-squared 0.07 

* Two-tailed p < .10, **p < .05, ***p < .01. Standard Error in parenthesis. 
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Table 7. OLS Regression with Age Interactions (With Controls) 

 

Dependent Variable (Number of Topics) 

Public -1.17 

 

(0.99) 

Criticize 0.31 

 

(0.88) 

Public X Criticize 1.61 

 

(1.58) 

Age -0.00 

 

(0.02) 

Age X Public 0.01 

 

(0.02) 

Age X Criticize -0.01 

 

(0.02) 

Age X Public X Criticize -0.04 

 

(0.04) 

Income 0.14 

 

(0.11) 

Communist Party Member 0.38 

 

(0.45) 

Shanghai Municipality -0.33 

 

(0.30) 

Hong Kong Special Administrative Region -0.52** 

 

(0.25) 

Taiwan Province -0.26 

 

(0.23) 

Constant 2.93*** 

 

(0.64) 

  Observations 149 

R-squared 0.125 

* Two-tailed p < .10, **p < .05, ***p < .01. Standard Error in parenthesis.   
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Table 8. OLS Regressions with Education Interactions  

* Two-tailed p < .10, **p < .05, ***p < .01. Standard Error in parenthesis. 

 

 

 

 

 

 

 

 

 

 

 

  

 

Dependent Variable (Number of Topics) 

Public -1.06 

 

(0.73) 

Criticize -0.28 

 

(0.55) 

Public X Criticize 1.21 

 

(0.96) 

Education 0.10 

 

(0.13) 

Education X Public 0.17 

 

(0.23) 

Education X Criticize 0.07 

 

(0.19) 

Education X Public X Criticize -0.38 

 

(0.31) 

Constant 2.39*** 

 

(0.38) 

  Observations 204 

R-squared 0.07 
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Table 9. OLS Regressions with Education Interactions (With Controls) 

 

Number of Topics 

Public -1.77** 

 

(0.76) 

Criticize -0.32 

 

(0.71) 

Public X Criticize 2.12* 

 

(1.19) 

Education 0.09 

 

(0.19) 

Education X Public 0.36 

 

(0.25) 

Education X Criticize 0.06 

 

(0.24) 

Education X Public X Criticize -0.68* 

 

(0.38) 

Age -0.01 

 

(0.01) 

Income 0.08 

 

(0.11) 

Communist Party Member 0.33 

 

(0.46) 

Shanghai Municipality -0.36 

 

(0.31) 

Hong Kong Special Administrative Region -0.38 

 

(0.26) 

Taiwan Province -0.20 

 

(0.24) 

Constant 3.03*** 

 

(0.61) 

  Observations 148 

R-squared 0.146 

* Two-tailed p < .10, **p < .05, ***p < .01. Standard Error in parenthesis. 
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Figure 1. Predicted Number of Topics by Treatment Group and Level of Education, including 

covariates 
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Table 10. OLS Regressions with Income Interactions 

 

Dependent Variable (Number of Topics) 

Public 0.09 

 

(0.79) 

Criticize 0.22 

 

(0.57) 

Public X Criticize -0.43 

 

(0.95) 

Income 0.27 

 

(0.17) 

Income X Public -0.30 

 

(0.28) 

Income X Criticize -0.14 

 

(0.23) 

Income X Public X Criticize 0.22 

 

(0.35) 

Constant 2.16*** 

 

(0.43) 

  Observations 182 

R-squared 0.076 

* Two-tailed p < .10, **p < .05, ***p < .01. Standard Error in parenthesis. 
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Table 11. OLS Regressions with Income Interactions (With Controls) 

 

 Dependent Variable (Number of Topics) 

Public -0.47 

 (0.86) 

Criticize -0.27 

 (0.65) 

Public X Criticize 0.72 

 (1.06) 

Income 0.22 

 (0.20) 

Income X Public -0.11 

 (0.30) 

Income X Criticize 0.05 

 (0.24) 

Income X Public X Criticize -0.26 

 (0.38) 

Age -0.01 

 (0.01) 

Communist Party Member 0.35 

 (0.46) 

Shanghai Municipality -0.17 

 (0.31) 

Hong Kong Special Administrative Region -0.50** 

 (0.24) 

Taiwan Province -0.26 

 (0.23) 

Constant 3.05*** 

 (0.55) 

  

Observations 149 

R-squared 0.12 

 * Two-tailed p < .10, **p < .05, ***p < .01. Standard Error in parenthesis. 
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Table 12. OLS Regressions with Posts Interaction  

 

 Number of Topics 

Public -0.74 

 (0.51) 

Criticize -0.41 

 (0.32) 

Public X Criticize 0.28 

 (0.57) 

Posts (per day) -0.02 

 (0.02) 

Posts X Public 0.13 

 (0.09) 

Posts X Criticize 0.03 

 (0.02) 

Posts X Public X Criticize -0.15 

 (0.09) 

Constant 2.82*** 

 (0.26) 

  

Observations 113 

R-squared 0.11 

* Two-tailed p < .10, **p < .05, ***p < .01. Standard Error in parenthesis. 
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Table 13. OLS Regressions with Posts Interaction (With Controls) 

 

 

Dependent Variable (Number of Topics) 

Public -1.25** 

 

(0.53) 

Criticize -0.60 

 

(0.45) 

Public X Criticize 0.63 

 

(0.63) 

Posts (per day) -0.04 

 

(0.05) 

Posts X Public 0.14 

 

(0.09) 

Posts X Criticize 0.05 

 

(0.05) 

Posts X Public X Criticize -0.17* 

 

(0.10) 

Age -0.00 

 

(0.01) 

Income 0.11 

 

(0.12) 

Communist Party Member 0.23 

 

(0.64) 

Shanghai Municipality -0.26 

 

(0.49) 

Hong Kong Special Administrative Region -0.35 

 

(0.31) 

Taiwan Province -0.49 

 

(0.32) 

Constant 3.22*** 

 

(0.65) 

  Observations 89 

R-squared 0.203 

* Two-tailed p < .10, **p < .05, ***p < .01. Standard Error in parenthesis.  
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Figure 2. Predicted Number of Topics by Treatment Group and Number of Posts with covariates 
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Table 14. OLS Regression with Time Interaction 

* Two-tailed p < .10, **p < .05, ***p < .01. Standard Error in parenthesis. 

 

  

 

Dependent Variable (Number of Topics) 

Public -1.21*** 

 

(0.31) 

Criticize -0.26 

 

(0.31) 

Public X Criticize 0.34 

 

(0.41) 

Time -0.04* 

 

(0.02) 

Time X Public -0.30*** 

 

(0.08) 

Time X Criticize 0.04 

 

(0.07) 

Time X Public X Criticize -0.21* 

 

(0.11) 

Constant 2.78*** 

 

(0.23) 

  Observations 114 

R-squared 0.200 
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Figure 3. Predicted Number of Topics by Treatment Group and Time Spent 
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Table 15. OLS Regressions with Time Interaction (With Controls) 

 

 

Dependent Variable (Number of Topics) 

Public -1.71*** 

 

(0.37) 

Criticize -1.09** 

 

(0.43) 

Public X Criticize 1.11** 

 

(0.52) 

Time -0.08** 

 

(0.03) 

Time X Public 0.31*** 

 

(0.08) 

Time X Criticize 0.33*** 

 

(0.10) 

Time X Public X Criticize -0.46*** 

 

(0.13) 

Age -0.00 

 

(0.01) 

Income 0.05 

 

(0.10) 

Communist Party Member 0.11 

 

(0.59) 

Shanghai Municipality -0.22 

 

(0.36) 

Hong Kong Special Administrative Region -0.353 

 

(0.29) 

Taiwan Province -0.439 

 

(0.30) 

Constant 3.56*** 

 

(0.60) 

  Observations 90 

R-squared 0.344 

* Two-tailed p < .10, **p < .05, ***p < .01. Standard Error in parenthesis.  
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Figure 4. Predicted Number of Topics by Treatment Group and Time Spent, with covariates 
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Table 16. OLS Regression with Hong Kong Interaction 

 

Dependent Variable (Number of Topics) 

  Public -0.53* 

 

(0.27) 

Criticize -0.35 

 

(0.26) 

Public X Criticize 0.32 

 

(0.35) 

Hong Kong -0.42 

 

(0.30) 

Hong Kong X Public -0.25 

 

(0.50) 

Hong Kong X Criticize 0.78* 

 

(0.46) 

Hong Kong X Public X Criticize -0.55 

 

(0.69) 

Constant 2.84*** 

 

(0.20) 

  Observations 207 

R-squared 0.083 

* Two-tailed p < .10, **p < .05, ***p < .01. Standard Error in parenthesis. 
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Table 17. OLS Regression with Hong Kong Interactions (With Controls) 

* Two-tailed p < .10, **p < .05, ***p < .01. Standard Error in parenthesis. 

  

 Dependent Variable (Number of Topics) 

Public -0.51 

 

(0.35) 

Criticize -0.42 

 

(0.32) 

Public X Criticize 0.18 

 

(0.44) 

Hong Kong -0.60 

 

(0.43) 

Hong Kong X Public -0.76 

 

(0.51) 

Hong Kong X Criticize 0.76 

 

(0.55) 

Hong Kong X Public X Criticize 0.01 

 

(0.79) 

Age -0.01 

 

(0.01) 

Income 0.11 

 

(0.11) 

Communist Party Member 0.35 

 

(0.48) 

Shanghai Municipality -0.42 

 

(0.29) 

Taiwan Province -0.25 

 

(0.23) 

Constant 3.23*** 

 

(0.47) 

  Observations 149 

R-squared 0.159 
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Table 18. OLS Regression with Taiwan Interaction 

* Two-tailed p < .10, **p < .05, ***p < .01. Standard Error in parenthesis. 

  

 

Dependent Variable (Number of Topics) 

  Public -0.30 

 

(0.28) 

Criticize 0.30 

 

(0.25) 

Public X Criticize -0.34 

 

(0.38) 

Taiwan 0.64 

 

(0.39) 

Taiwan X Public -0.94* 

 

(0.49) 

Taiwan X Criticize -1.27*** 

 

(0.48) 

Taiwan X Public X Criticize 1.55** 

 

(0.65) 

Constant 2.52*** 

 

(0.16) 

  Observations 207 

R-squared 0.085 
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Table 19. OLS Regression with Taiwan Interaction (With Controls) 

 

Dependent Variable (Number of Topics) 

Public -0.57* 

 

(0.33) 

Criticize 0.24 

 

(0.30) 

Public X Criticize -0.42 

 

(0.43) 

Taiwan 0.44 

 

(0.46) 

Taiwan X Public -0.74 

 

(0.55) 

Taiwan X Criticize -1.48*** 

 

(0.55) 

Taiwan X Public X Criticize 2.01** 

 

(0.79) 

Age -0.01 

 

(0.01) 

Income 0.12 

 

(0.11) 

Communist Party Member 0.28 

 

(0.45) 

Shanghai Municipality -0.21 

 

(0.29) 

Hong Kong Special Administrative Region -0.52** 

 

(0.24) 

Constant 3.20*** 

 

(0.41) 

  Observations 149 

R-squared 0.164 

* Two-tailed p < .10, **p < .05, ***p < .01. Standard Error in parenthesis.   
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Appendix A. Survey: 

 

Please answer the following questions as truthfully as possible.  

 

The Control groups: 

 

First Control Group (Private/Praise) 

 

Of the following list of topics, HOW MANY describe conversations you have had with your 

friends? We are not interested in WHICH of the items you have had conversations about, just 

HOW MANY. 

 

Criticizing a coworker 

 

Praising a television series 

 

Praising a restaurant  

 

Praising the actions of the Chinese government 

 

Criticizing a video game 

 

 

 

Second Control Group (Private/Criticize) 

 

Of the following list of topics, HOW MANY describe conversations you have had with your 

friends? We are not interested in WHICH of the items you have had conversations about, just 

HOW MANY. 

 

Criticizing a coworker 

 

Praising a television series 

 

Praising a restaurant  

 

Criticizing the actions of the Chinese government 

 

Criticizing a video game 
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The Treatment Groups: 

 

First Treatment Group (Public/Praise) 

 

Of the following list of topics, HOW MANY describe posts you have made to your Sina Weibo 

account? We are not interested in WHICH of the items you have posted about, just HOW 

MANY. 

. 

 

Criticizing a coworker 

 

Praising a television series 

 

Praising a restaurant  

 

Praising the actions of the Chinese government 

 

Criticizing a video game 

 

 

 

Second Treatment Group (Public/Criticize) 

 

Of the following list of topics, HOW MANY describe posts you have made to your Sina Weibo 

account? We are not interested in WHICH of the items you have posted about, just HOW 

MANY. 

 

 

Criticizing a coworker 

 

Praising a television series 

 

Praising a restaurant  

 

Criticizing the actions of the Chinese government 

 

Criticizing a video game 
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1. What is your gender? 

Answer Choices: Male, Female, Prefer Not to Answer 

 

2. How old are you? 

Blank box to enter age, Prefer Not to Answer 

 

3. How many years of education have you completed? 

High School or Less 

Some College 

College Degree 

Some Graduate School 

Graduate Degree 

Prefer Not to Answer 

 

4. What is your income level? (Expressed in RMB/year) 

Less than 60,000 RMB/year 

60,000 RMB - 106,000 RMB/year 

106,000 RMB - 229,000 RMB/year 

More than 229,000 RMB/year 

Prefer Not to Answer 

 

5. What province are you from? 

Answer Choices: Beijing Municipality, Tianjin Municipality, Hebei Province, Shanxi Province, 

Inner Mongolia Autonomous Region, Liaoning Province, Jilin Province, Heilongjiang Province, 

Shanghai Municipality, Jiangsu Province, Zhejiang Province, Anhui Province, Fujian Province, 

Jiangxi Province, Shandong Province, Henan Province, Hubei Province, Hunan Province, 

Guangdong Province, Guangxi Zhuang Autonomous Region, Hainan Province, Chongqing 

Municipality, Sichuan Province, Guizhou Province, Yunnan Province, Tibet Autonomous 

Region, Shaanxi Province, Gansu Province, Qinghai Province, Ningxia Hui Autonomous Region, 

http://en.wikipedia.org/wiki/Beijing
http://en.wikipedia.org/wiki/Tianjin
http://en.wikipedia.org/wiki/Hebei
http://en.wikipedia.org/wiki/Shanxi
http://en.wikipedia.org/wiki/Inner_Mongolia_Autonomous_Region
http://en.wikipedia.org/wiki/Liaoning
http://en.wikipedia.org/wiki/Jilin
http://en.wikipedia.org/wiki/Heilongjiang
http://en.wikipedia.org/wiki/Shanghai
http://en.wikipedia.org/wiki/Jiangsu
http://en.wikipedia.org/wiki/Zhejiang
http://en.wikipedia.org/wiki/Anhui
http://en.wikipedia.org/wiki/Fujian
http://en.wikipedia.org/wiki/Jiangxi
http://en.wikipedia.org/wiki/Shandong
http://en.wikipedia.org/wiki/Henan
http://en.wikipedia.org/wiki/Hubei
http://en.wikipedia.org/wiki/Hunan
http://en.wikipedia.org/wiki/Guangdong
http://en.wikipedia.org/wiki/Guangxi
http://en.wikipedia.org/wiki/Hainan
http://en.wikipedia.org/wiki/Chongqing
http://en.wikipedia.org/wiki/Chongqing
http://en.wikipedia.org/wiki/Sichuan
http://en.wikipedia.org/wiki/Guizhou
http://en.wikipedia.org/wiki/Yunnan
http://en.wikipedia.org/wiki/Tibet_Autonomous_Region
http://en.wikipedia.org/wiki/Tibet_Autonomous_Region
http://en.wikipedia.org/wiki/Shaanxi
http://en.wikipedia.org/wiki/Gansu
http://en.wikipedia.org/wiki/Qinghai
http://en.wikipedia.org/wiki/Ningxia
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Xinjiang Uyghur Autonomous Region, Hong Kong Special Administrative Region, Macau 

Special Administrative Region, Taiwan Province, Prefer Not to Answer 

6. Are you a member of the Chinese Communist Party? 

Answer Choices: Yes/No/Prefer Not to Answer 

 

7. On average, how much time do you spend per day on social media such as Weibo? 

Blank box to enter number of hours, Prefer Not to Answer 

 

8. On average, how many posts per day do you make on social media such as Weibo? 

Blank box to enter number of posts per day, Prefer Not to Answer 

  

http://en.wikipedia.org/wiki/Xinjiang
http://en.wikipedia.org/wiki/Hong_Kong
http://en.wikipedia.org/wiki/Macau
http://en.wikipedia.org/wiki/Macau
http://en.wikipedia.org/wiki/Taiwan_Province,_People%27s_Republic_of_China
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Appendix B. Chinese Survey 

First Control Group (Private/Praise) 

以下哪些话题是你以前私下与你的朋友交谈过？ 

 

关于批评同事的话题 

关于赞扬你最喜欢的饭店的话题 

关于赞扬《纸牌屋》第二季大结局的话题 

关于赞扬中国政府政策的话题 

关于批评电子游戏的话题 

 

Second Control Group (Private/Criticize) 

以下哪些话题是你以前私下与你的朋友交谈过？ 

 

关于批评同事的话题 

关于赞扬你最喜欢的饭店的话题 

关于赞扬《纸牌屋》第二季大结局的话题 

关于批评中国政府政策的话题 

关于批评电子游戏的话题 
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First Treatment Group (Public/Praise) 

以下哪些话题是你以前发布在你的微博上？ 

 

关于批评同事的话题 

关于赞扬你最喜欢的饭店的话题 

关于赞扬《纸牌屋》第二季大结局的话题 

关于赞扬中国政府政策的话题 

关于批评电子游戏的话题 

 

Second Treatment Group (Public/Criticize) 

以下哪些话题是你以前发布在你的微博上？ 

 

关于批评同事的话题 

关于赞扬你最喜欢的饭店的话题 

关于赞扬《纸牌屋》第二季大结局的话题 

关于批评中国政府政策的话题 

关于批评电子游戏的话题  
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1. 性别 

A. 男 

B. 女 

C. 不想回答 

 

2. 年龄(请只用号码) 

我今年是  

[Blank Box to Input Number] 

B. 不想回答 

 

3.  受教育程度 

A. 高中生或者初中生 

B. 大学生 

C. 大学生毕业 

D. 研究生 

E. 研究生毕业 

F. 不想回答 

 

4.  年薪收入 (人民币) 

A. 60,000 元以下 

B. 60,000 到 106,000 元 

C. 106,000 元到 229,000 元 

D. 229,000 元以上 

E. 不想回答 

 

5.  省份 
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A. 北京市 

B. 天津市 

C. 河北省 

D. 山西省 

A. 內蒙古自治区 

F. 辽宁省 

G. 吉林省 

H. 黑龙江省 

I. 上海市 

J. 江苏省 

K. 浙江省 

L. 安徽省 

M. 福建省 

N. 江西省 

O. 山东省 

P. 河南省 

Q. 湖北省 

R. 湖南省 

S. 广东省 

T. 广西壮族自治区 

U. 海南省 

V. 重庆市 

W. 四川省 

X. 贵州省 

Y. 云南省 
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Z. 西藏自治区 

AA. 陕西省 

BB. 甘肃省 

CC. 青海省 

DD. 宁夏回族自治区 

EE. 新疆维吾尔自治区 

FF. 香港特别行政区 

GG. 澳门特别行政区 

HH. 台湾省 

II. 不想回答 

 

6.  政治面貌 

A. 是党员 

B. 不是党员 

C. 不想回答 

 

7. 平均使用微博时间(每天) - (请只用号码) 

每天都用  

[Blank Box to Input Number] 

B. 不想回答 

 

8.  平均发送微博条数(每天) - (请只用号码) 

每天都发  

[Blank Box to Input Number] 

B. 不想回答  
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