
 
 

 
 
 
 
 
 
 
 
 
 
 
 

 
 
 
 
 
 

THE EFFECT OF INCREASES IN THE FEDERAL 
MINIMUM WAGE ON DOMESTIC VIOLENCE 

RATES 
A Differences in Differences Analysis 

 
 
 
 
 
 
 
 
 
 
 
 
 
 

Brittany Sherman 
Politics Honors Thesis 
New York University 

Class of 2015 
 
 



	   2	  

Abstract 
 

This research project asks the following question: do economic conditions impact rates of 
domestic violence? In order to adequately address issues of causal inference, I use federal 
minimum wage increases as an exogenous source of variation in individual-level 
economic conditions. I further conduct a differences in differences design, taking 
advantage of the preexisting variation in state minimum wages, in order to address the 
possibility that federal minimum wage increases are correlated with other factors that 
may impact rates of domestic violence. The results of my analysis indicate that law 
enforcement agencies in states affected by the federal minimum wage increases between 
2007 and 2009 reported lower rates of domestic violence, post-treatment, than agencies in 
states not affected by these increases. These findings are robust to several strategies that 
address the heterogeneity across law enforcement agencies. Importantly, the findings 
suggest that improved economic conditions can negatively impact rates of domestic 
violence, contributing to the policy debate about strategies that may decrease the problem 
of domestic violence. 
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Statement of Research Question 

 

 My thesis seeks to answer the following question: do economic conditions impact 

rates of domestic violence? In order to identify the effect of economic conditions on rates 

of domestic violence, my design uses federal minimum wage laws as an exogenous 

source of variation in individual-level economic conditions. However, it is possible that 

increases in the federal minimum wage are endogenous to national-level trends that may 

also affect rates of domestic violence. Thus, I employ a differences in differences design 

using both variation in state minimum wage laws and variation in federal minimum wage 

increases. Through this design, I seek to determine whether or not increases in the federal 

minimum wage in states affected by these increases lead to decreases in the rates of 

domestic violence, as compared to states that were not affected by the federal minimum 

wage increases.   

 

Literature Review 

 

Numerous studies have been conducted of the causes of domestic violence, or 

intimate partner violence. Of these, studies focusing on socioeconomic causes of 

domestic violence are most pertinent to my question. 

A study conducted by Macmillan and Gartner (1999) sought to determine the 

impact of labor force participation on instances of violence against women. The main 

causal model they tested is based on the symbolic nature of employment, whereby 

employment is viewed as a status symbol for power within a relationship. This model 
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suggests that a female’s employment may increase her risk of abuse if her husband is not 

employed at the time. When a man lacks employment, violence can reinstate his authority 

over his wife. To test this model, they used The Violence Against Women Survey, which 

was a national survey of Canadian women that was conducted by Statistics Canada in 

1993. The survey included extensive interviews of 12,300 women, which were conducted 

over the phone by trained female interviewers. Macmillan and Gartner (1999) analyzed 

the results of the survey for the 8,641 women with legal or common-law spouses.  

The authors identified three qualitatively distinct forms of spousal abuse against 

women: interpersonal conflict, nonsystematic abuse, and systematic abuse. Interpersonal 

conflict connotes pushing, shoving, slapping, and grabbing; non-systematic abuse 

involves a range of violent acts from threats to kicking and hitting; and systematic abuse 

involves a high risk of all types of violence, including life-threatening violence.  

The core of their analysis looked at the effect of employment, socioeconomic 

status, and other economic variables on the different forms of spousal violence. Thus, the 

independent variable was each spouse’s employment status. This was coded as 1 for 

those employed and 0 for those not employed in the paid labor force. For another 

independent variable, access to socioeconomic resources, the authors employed 

categorical measures of the respondent’s and her spouse’s total years of education as well 

as personal and household income. The dependent variables were the three different 

classes of spousal violence as specified above with latent structure analysis. Macmillan 

and Gartner (1999) also controlled for numerous demographic variables: spouse’s age, 

marital status, size of household, and urban residence as well as various personal and 

relationship characteristics: length of relationship, husband’s alcohol consumption, 
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disability of the respondent, and spousal abuse of the respondent’s mother. Then, the 

authors performed logistic regression of spousal violence on the predictor set for 8,461 

married and cohabiting women.  

Their results for the effect of respondents’ employment, the wife, on the different 

classes of violence indicated an insignificant effect on all three classes. However, the 

effect of the woman’s spouse’s employment on two of the three domestic violence 

classes was strong. This demonstrated that employment for the male spouse lowered the 

wife’s risk for violence and abuse significantly. Both higher educational attainment for 

males as well as higher household income also indicated a lower risk of systematic abuse 

for women.   

Macmillan and Gartner (1999) also expanded their analysis to measure the effect 

of the relative employment statuses of both partners on instances of spousal violence. 

Thus, they introduced an interaction term into their prediction, which looked at the 

conditional effects of both spouses’ employment. In order to better understand how 

spouses’ employment can affect the risks of spousal violence, they also introduced a 

measure of patriarchal control as a subsequent dependent variable that was based on 

questions about the degree of coerciveness from the male to the female. Then, Macmillan 

and Gartner (1999) modeled predictors of coercive control while also including the above 

interaction term. They found that the probability of a male partner using coercive tactics 

to control his spouse was greatest in partnerships in which the female was employed 

while the male was not. Strikingly, they found that, “Employment increases a woman’s 

odds of nonsystematic abuse by 160% when she is married to an unemployed partner yet 

decreases her risk by 43% when her partner is employed” (Macmillan and Gartner 1999: 
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956). Thus, their results indicated that women’s participation in the labor force lowered 

risks of spousal abuse when their male partners were employed, yet it increased risks 

when their male partners were not employed.   

However, while Macmillan and Gartner (1999) control for sociodemographic 

variables and personal characteristics, they fail to take into account the non-randomness 

of employment. There are numerous personal characteristics, such as childhood trauma, 

childhood abuse, anger issues, and low self-esteem, which may make a perpetrator more 

likely to commit violent acts and a victim more likely to assume the role of a victim. 

Importantly, these same factors may account for why a perpetrator has a difficult time 

finding and keeping a job, while the victim may also face difficulties in the workforce. 

Therefore, even through Macmillan and Gartner’s (1999) thorough analysis, it is not 

possible to tell if the employment of the male and female are intertwined with the same 

personal characteristics that may make it more likely for males to commit violent acts and 

for females to be victimized. This makes causal inference particularly difficult.   

A study undertaken by Walton-Moss et al. (2005) analyzed risk factors for 

intimate partner violence among an urban population. The authors analyzed the results of 

a survey of a random sample of women from 11 cities throughout the United States from 

1994 to 2000, as identified through random stratified digital dialing. From the original 

survey, the authors divided 845 survey respondents into treatment and control groups, 

based on whether they reported having experienced abuse within the past two years. 

Women were defined as abused if they reported physical or sexual assault or both during 

a past or current relationship within the past 2 years. A control group was similarly 
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created for non-abused women by randomly selecting from women who reported no 

abuse in the past 2 years.  

The independent variables constituted numerous aspects of women’s 

characteristics (age, employment, education, race, individual income, health, mental 

health) as well as aspects of the partner’s characteristics (age, employment, education, 

race, health, mental health, income), as well as relationship characteristics. The 

dependent variable was prevalence of intimate partner violence. The authors then did 

bivariate and multivariate analyses to look for differences between abused and non-

abused women in the sample. 

 The findings of their study revealed that the women who were more likely to be 

abused were generally younger, reported only fair or poor health, or were separated from 

their partners. These three factors had independent associations with abuse. Additionally, 

perpetrators of intimate partner violence were more likely to have not graduated from 

high school, use drugs or alcohol, be in fair or poor health, and have a history of abuse 

towards pets. 

 Importantly, this study did not demonstrate a clear relationship between income 

and domestic violence. However, it is possible that the factors that Walton-Moss et al. 

(2005) identified could be a function of income. For example, the results of this study 

suggest that for perpetrators, factors such as the failure to graduate from high school, 

poor health, and also heavy drug and alcohol use, increase the propensity for violence. It 

is very likely that income is intertwined with these factors, in that these factors could 

actually be the direct result of low income. The same is true for the victims, where the 



	   8	  

same mitigating factor of poor or fair health is identified, but this time increases the 

likelihood that a victim will be prone to intimate partner violence.   

However, a failure to address problems of causal inference prevents meaningful 

interpretation of the results found. We cannot be sure if intimate partner violence was 

caused by factors such as poor health, or if intimate partner violence contributed to such 

factors. Reverse causality is certainly a possibility here. For example, it could be the case 

that victims of intimate partner violence struggled with poor health as a result of their 

experiences as victims. It could also be true that there are outside factors, such as 

childhood abuse or low self esteem, which may be driving both the victim’s propensity to 

be of fair or poor health and also the propensity to be a victim of violence. It could also 

be the case that perpetrators are unable to graduate high school and choose to engage in 

heavy drug and alcohol use because of anger issues or childhood trauma, which may 

increase their propensity to drop out of school, engage in drugs, and commit intimate 

partner violence. From Walton-Moss et al.’s (2005) findings, we cannot be sure that 

personal characteristics and experiences, such as anger, low self-esteem, childhood 

trauma, or past experiences with abuse, are not driving the relationships identified for 

victims and for perpetrators. In addition, the findings are based on self-reports and 

recollections from women about their partners, implying that the data is potentially 

unreliable. 

Fox and Benson (2006) looked at the effects of neighborhood context and 

economic stress on intimate partner violence. The authors test three main hypotheses. The 

first hypothesis was that the degree of vulnerability in a couple’s household economic 

status would be positively associated with engagement in intimate partner violence 
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because financial problems could lead to increased conflict among partners that could 

thereby be manifested as violence, usually by the male against the female. Another 

hypothesis was that couples in high-risk neighborhoods would be more likely to 

experience intimate partner violence than couples in low-risk neighborhoods because in 

high-risk neighborhoods, there is more social isolation and also low collective efficacy, 

so that victims would receive less help and support within their neighborhoods. The last 

hypothesis was the dual-hazard hypothesis, which states that couples in economically 

vulnerable households in disadvantaged neighborhoods would be doubly at risk of 

violence due to the accumulation of negative risk factors. 

Data on intimate partner violence came from the National Survey of Families and 

Households, which was completed in 1994 and included information, collected through 

interviews, on intimate-partner violence and various aspects of individuals and families. 

Intimate partner violence was measured in three ways: as any physical violence reported 

by either partner in the year before the survey, as violence in which both partners were 

aggressors, and as severe violence in regards to frequency and injury. 2,273 households 

comprised the sample. 

They tested two main independent variables: the economic profile of the 

household and the level of disadvantage of the neighborhood. The data for both of the 

independent variables were extracted from the 1990 U.S. Census.  However, for the 

creation of the couple’s household economic profile, the authors used data both from the 

census and from the NSFH survey. The profile was constructed from five variables: the 

family’s debt load, the father’s employment history over the course of the study, the 

mother’s and father’s feelings of economic well-being, and the family’s income-to-needs 
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ratio. From this method, each household would be considered economically “vulnerable,” 

“balanced,” or “secure.” To measure neighborhood disadvantage, the authors looked at 

five census tract measures. These included percent of single parents, percent non-white, 

percent unemployed, percent of families on public assistance, and percent below the 

poverty line. Fox and Benson (2006) converted the items into z-scores, summed them, 

and divided by the number of indicators in order to denote concentrated disadvantage. 

They lastly divided the continuous variable for neighborhood context into two categories 

at the 75th percentile.  

They found that the most economically vulnerable couples had the highest 

likelihood of intimate partner violence, irrespective of neighborhood context. 

Neighborhood context did not have any independent effect on the economically 

vulnerable couples. For those couples that were not economically vulnerable, however, 

there was a direct effect of neighborhood context on intimate partner violence. For 

economically secure couples living in advantaged neighborhoods, the percentage of both 

partners reporting violence was 2.0, while the percentage of both partners reporting 

violence for economically secure couples living in disadvantaged neighborhoods was 9.5. 

This was a statistically significant effect.  

These results suggest that the more economically stressed individuals are, the 

more likely they may be to take out their aggression on their loved ones. However, from 

this analysis, it is difficult to ascertain the effect of economic vulnerability and 

neighborhood disadvantage on intimate partner violence. Since the economic risk profiles 

and neighborhood contexts of individuals are not randomly assigned, it could be the case 

that individuals who are more likely to commit or suffer intimate partner violence may be 
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more at risk for economic vulnerability, and also more likely to live in economically 

disadvantaged neighborhoods.  

For example, it could be the case that perpetrators have a number of 

characteristics, such as experiences of childhood abuse, anger issues, or self-confidence 

issues, that make them more likely to commit violence and also less likely to be 

financially stable. For these reasons, perpetrators may be residing in more disadvantaged 

neighborhoods, feel less financially secure, and have a higher likelihood of committing 

violence. Similarly, for victims of domestic violence, they may also have a number of 

characteristics, such as low self-esteem or history of childhood abuse, which may 

negatively affect their financial security. These characteristics may explain why victims 

are victims in the first place and also why they live in more disadvantaged neighborhoods 

and feel less secure about their financial status.  

 Aizer (2010) sought to study the impact of local gender gaps in wages on violence 

against women. The proposed causal mechanism that Aizer (2010) tested was an 

economic theory of household bargaining, which predicts that increases in a woman’s 

relative wage increase her bargaining power, and lower levels of violence by improving a 

woman’s outside options. Her independent variable, the local gender wage gap, was 

constructed as a function of local demand for both female and male labor. In order to 

avoid issues of endogeneity of individual wages, Aizer (2010) created sex-specific 

measures of wages based on both the industrial structure of each county as well as the 

state-wide wage growth in industries that were dominant within each county in 

California.  
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 Her dependent variable, violence against women, was comprised of 

administrative data on female hospitalizations for assault in California. These data were 

used from 1990-2003 and contained detailed geographic identifiers. Regressions included 

controls for the annual unemployment rate in the county, a natural log of per capita 

income in the county and year, race, number of women aged 15-44, violent crime, log of 

female admissions for non-assault injuries, a log of male assaults, and lags of the 

dependent variable, as well as fixed effects for county and year, and county and race 

specific linear time trends. The findings indicated that an increase in the ratio of female to 

male wages significantly reduced the number of women who were admitted to the 

hospital on account of an assault.  

 However, although Aizer (2010) uses an instrumental model to predict local 

gender wage gaps in order to avoid the non-randomness of gender wage gaps, her model 

still does not fully account for issues of endogeniety. For example, Aizer (2010) created 

sex-specific measures of prevailing local wages, which were reliant on the proportion of 

female and male workers in certain industries. To do so, she took advantage of the fact 

that certain industries are female-dominated while certain industries are male-dominated. 

However, what Aizer (2010) does not account for in her analysis is the fact that the 

composition of workers within a certain industry could be largely dependent on numerous 

factors, such as the prevalence of domestic violence. For instance, it could be the case 

that at a certain point in time, women could be entering into traditionally female-

dominated jobs, such as the service industry, rather than traditionally male-dominated 

jobs, such as the construction industry, at a higher rate due to their victimization from 

domestic violence. This might in turn explain why men are entering into male-dominated 
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industries at a higher rate. Thus, by constructing the local gender wage gap, Aizer (2010) 

is not addressing the possibility that her measure of wages could have been heavily 

determined by the prevalence of women, historically, to be victims of violence and of 

men to be perpetrators of violence. In light of this potential endogeneity, it is difficult to 

determine the impact that local wages have on rates of domestic violence. 

 A study by Heath (2012) sought to examine the relationship between a woman’s 

labor force participation and the incidence of domestic violence that the woman suffers. 

Specifically, she sought to test the theory of instrumental violence, whereby the husband 

does not benefit from violence himself, but may engage in violence in order to gain 

resources or retain control over household decision-making. She used data from a survey 

that she conducted from August to October of 2009 of 1,395 households outside of 

Dhaka, Bangladesh. From this survey, she was able to determine a woman’s labor force 

participation, the independent variable, by asking whether or not the woman was 

currently working outside of the home or not. The key dependent variable, domestic 

violence, was also measured from the survey, whereby Heath (2012) asked respondents 

whether their husbands had ever beaten them, and then converted their response to a 

binary outcome that was equal to 1 if they had been beaten and equal to 0 if they had not. 

 Heath (2012) went further in her analysis by also looking at the relationship 

between labor force participation and a woman’s reported control over resources in the 

household. She gathered information about reported control from the survey as well, 

while similarly coding for the responses to questions about asking for permission from a 

woman’s husband to spend money, to buy something for herself, or consult together on 

household decisions. Additionally, she used two measures of predetermined bargaining 



	   14	  

power, age at marriage and education, since a higher age at marriage and more education 

are associated with higher bargaining power. 

 Heath (2012) estimated a model that determined the effects of work on domestic 

violence conditional on a worker’s education and age at marriage. She conditioned on 

these two variables as they can have an important predictive power on a woman’s 

bargaining power before she enters the work force. Her results indicated that there are 

strong work-age interactions. Heath (2012) explains that, “The probability that a woman 

has ever suffered domestic violence increases by 0.003 each year she ages, but an 

additional 0.011 per year if she works” (Heath 2012: 13). When looking at the 

relationships between domestic violence, work, and education, she found that an increase 

in education does indeed relate to a decrease in domestic violence for women who both 

work and who do not work. 

  Thus, Heath’s (2012) study suggests that work, specifically for those women who 

have less education or are younger at the age of marriage, may actually increase a 

woman’s risk of domestic violence. The main implication is that women whose 

bargaining power is low before work will actually face higher risks of domestic violence 

upon entering the work force. However, Heath’s (2012) analysis faces problems of causal 

inference. Her main independent variable of interest, whether or not a woman works, is 

not randomly assigned. This means that a woman may choose to work due to her 

experiences of domestic violence or may be forced not to work as a result of the control 

her husband asserts over her. Importantly, the element of work is closely tied into 

personal characteristics, whereby a woman may choose not to work due to her own 

feelings of insecurity or inferiority, and these same factors may also reflect the 
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characteristics that make someone more likely on average to be a victim of domestic 

violence. Therefore, when Heath (2012) seeks to determine the impact of work on 

domestic violence, it is not altogether clear if the work status is intertwined with the 

woman’s status as a victim.  

 

Causal Model 

 

 There are three potential causal models that could explain the relationship 

between economic conditions and rates of domestic violence. The first is introduced by 

Fox and Benson (2006) and implies that more economic distress, for the perpetrator, 

leads to more violence. The second, and related theory, is introduced by Aizer (2010) and 

implies that less economically vulnerable women experience less violence on account of 

their increased bargaining power. The third causal model is that less economically 

vulnerable men exhibit more violence against women on account of their increased 

bargaining power, relative to that of women. 

The first causal story is that economic stress among individuals is likely to 

increase rates of domestic violence. This model relates to perpetrators of violence, 

principally. This mechanism predicts that perpetrators who are stressed financially may 

feel inclined to take out this stress on their loved ones in the form of violence. Thus, it 

would be the case that individuals who are under economic distress, as a result of an 

event in the economy that negatively impacted them, would commit domestic violence at 

higher rates than individuals who are not economically stressed. This story could help 

explain Fox and Benson’s (2006) findings of more economic distress leading to more 
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instances of intimate partner violence. By the same account then, favorable economic 

conditions, whereby the economy positively impacted the perpetrators, would see a 

decrease in their level of economic distress and thereby fewer violent acts against the 

victim. This same causal model could also explain the findings by Macmillan and Gartner 

(1999) whereby employment for the husband actually lowered the wife’s risk for violence 

and abuse significantly. Thus, when perpetrators are less financially stressed, due to their 

employment, they tend to commit less violent acts against women. 

The second and related causal story states that less economically vulnerable and 

stressed women are less likely to experience domestic violence. Increases in a woman’s 

relative wage, or income more generally, increase her bargaining power. This then gives 

the woman more of an opportunity to leave a violent relationship or simply reduces the 

likelihood that a woman will feel trapped in an unhealthy relationship and fall victim to 

violence. A higher income, via a higher wage, allows a woman to expand her outside 

options and thus makes it less likely that she will be forced to settle for a violent 

relationship. This causal story may explain Aizer’s (2010) findings that a reduction in the 

wage gap between men and women led to less violence against women. Thus, it would be 

the case that women who experience a positive impact from an event in the economy, 

would then see a rise in their bargaining power and a subsequent rise in their wages. This 

story could also explain a subsequent finding by Macmillan and Gartner (1999), whereby 

a woman’s employment increased her odds of abuse by 160% when the spouse was 

unemployed, but decreased her odds of abuse by 43% when the spouse was employed 

(956). Thus, her bargaining power actually increased with her employment and provided 

a cushion for her to fall back on, but only when the husband was also employed. Her 
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increased employment, and thereby her increased bargaining power, led to a decline in 

violence.  

However, this causal story also implies that improved economic conditions could 

actually increase rates of domestic violence, depending on the recipient of increased 

income. Increases in male income increase male bargaining power and decrease female 

bargaining power. In this instance, favorable economic conditions could end up 

increasing the income of the male and then increasing his bargaining power over the 

female, thereby increasing rates of domestic violence. Improved economic conditions, 

then, actually have an ambiguous effect by this causal model. Thus, it could alternatively 

be the case that men who experience a positive impact from the economy, would then see 

a rise in their bargaining power and thus could actually increase the rate of domestic 

violence against women.  

 

Problems With Causal Inference  

 

 As has been previously noted, in the literature on socioeconomic causes of 

domestic violence there are repeated problems of nonrandom assignment and 

endogeneity. The socioeconomic conditions being analyzed, such as labor force 

participation in Macmillan and Gartner (1999) and Heath’s (2012) studies, lack of 

graduation from high school, poor health, and drug and alcohol use in Walton-Moss et 

al.’s (2005) study, neighborhood context and economic stress in Fox and Benson’s (2006) 

study, or local gender wage gaps in Aizer’s (2010) study, are all not randomly assigned to 

the individuals in the studies. This brings in the problem of endogeneity: we cannot be 
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sure whether the socioeconomic factors being studied actually made domestic violence 

more likely, or whether those factors were themselves influenced by individual-level 

characteristics for both victims and perpetrators.   

This same problem arises in my own research question, where analyzing the 

impact of economic conditions on domestic violence is difficult in light of the 

endogeneity of economic conditions. Since economic conditions are often caused by 

individuals’ characteristics that may also impact their status as victims or perpetrators, 

the direct effects of economic conditions on individuals are difficult to study. Thus, there 

is a need for an exogenous source of economic variation, specifically one that is not 

intricately related to potential causes of domestic violence, in order to best analyze the 

impact of economic conditions on rates of domestic violence.  

 

Research Design 

 

 My research design employs increases to the federal minimum wage as a driver of 

improved economic conditions. Importantly, the federal minimum wage does not vary 

across individuals and households as a function of individuals’ propensities to commit or 

to suffer from domestic violence. The federal minimum wage also has been shown to 

lead to increases in household income for those near the bottom of the income 

distribution. 

A number of studies have suggested a positive impact of minimum wage laws on 

economic outcomes, specifically on income. Mincy (1990) looked at the effect of a 

higher minimum wage on the poverty gap, or the difference between the actual income of 
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poor families and the income needed to bring these families up to the official poverty 

level, and on the number of poor families (18). The data used in his analysis was derived 

from the March 1987 Current Population Survey, providing information on hours worked 

and poverty status for members within each household. The independent variable in this 

analysis was federal changes in minimum wage rates. The dependent variable in this 

analysis was the poverty gap. He found that an increased minimum wage narrowed the 

poverty gap and significantly reduced poverty among working families. Thus, the 

findings by Mincy (1990) are important in that they show how an increase in the federal 

minimum wage can lead to an increase in incomes for the most economically vulnerable.  

Falk et al. (2006) added to the above research by performing laboratory 

experiments in order to observe the effect of minimum wage laws on the decisions that 

employers make in profit-maximizing firms. The independent variable in their study was 

the introduction of a minimum wage and the dependent variable was the wages that firms 

pay their workers. The authors created an experimental design whereby workers were 

randomly matched to firms for each period of the experiment, during which time they 

could only make contracts with their matching firm. The subjects used for the 

experimental study were all students of the University of Zurich or the Swiss Federal 

Institute of Technology Zurich. During each session, firms were able to submit a unitary 

wage offer to each worker and this worker was allowed to accept or reject the wage 

offered. Falk et al. (2006) were particularly interested in each worker’s individual 

reservation wages, since this was the conception of wage fairness by each worker. Thus, 

workers were also asked to indicate the lowest wage they would be willing to accept 
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before they became aware of the wage they would be offered. The wage offer was 

rejected if it was lower than the wage received and it was accepted otherwise.   

Each session had two treatment groups: one without a minimum wage and one 

with a minimum wage. Falk et al (2006) then took note of the decisions made by firms 

and workers in each of the sessions, both without a minimum wage and with a minimum 

wage. They found that in the presence of a minimum wage law, the majority of wages 

were raised above the minimum wage level. They also detailed a step-by-step process by 

which wages interacted with reservation wages and with profit-maximizing firms. For 

instance, the authors observed that the minimum wage affected reservation wages, 

thereby influencing what was perceived as a fair wage. Once a minimum wage was 

implemented, the reservation wages of workers increased sometimes even above the 

minimum. This then caused profit-maximizing firms to pay wages above the minimum as 

they now faced a tighter labor supply schedule (Falk et al. 2006: 1349). 

Thus, the above studies demonstrate how increases in the federal minimum wage 

improve economic conditions for the most economically vulnerable. Importantly, the 

federal minimum wage addresses the issue of causal inference noted earlier in that it is 

imposed on individuals uniformly, independently of any individual-level propensities to 

commit or to suffer domestic violence. Therefore, I can use increases to the federal 

minimum wage as an exogenous economic force that then presumably improves 

economic conditions.  

However, increases to the federal minimum wage may be implemented in 

response to trends on a national level that may also impact rates of domestic violence.  
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James Stimson (1999) elucidated this concept by introducing the idea of policy moods. 

He defined policy mood as connoting a general feeling by the public of the time, whereby 

the public views political issues through general dispositions that are subject to change 

(Stimson 1999: 20). He measured this concept using a set of 1,610 survey questions about 

domestic policy issues (Stimson 1999: 68).  Stimson (1999) then mapped the estimated 

policy mood between 1956-1996, in terms of liberalism versus conservatism. He found 

that the movements of the policy mood actually predated policy changes. For example, 

Stimson’s (1999) estimates of policy mood found that the American public in the late 

1950’s was already quite liberal, and increasingly became more liberal, in their policy 

positions before the onset of the liberal policies that marked the 1960’s. Similarly, his 

estimates of policy mood also found that the conservatism of American life actually 

began in the mid-1970s, well before the election of Ronald Reagan and the wave of 

conservative policies in the 1980’s. This strongly suggests that the public mood has 

implications for the wave of policies and laws that follow. Since the public mood was 

quite liberal before the liberal policies of the 1960’s and was quite conservative before 

Reagan was elected, Stimson (1999) demonstrated that the policy mood could certainly 

influence not only who is elected, but also what type of policy is later enacted, as well. 

Thus, from Stimson’s (1999) research, it is clear how policy moods can influence 

policy. Swings in the policy mood towards a more liberal direction may make it more 

likely that liberal policies are enacted as well. This helps us elucidate how federal 

minimum wage laws can respond to national trends, which may also affect domestic 

violence. For example, a liberal policy mood may lead to increases in the federal 

minimum wage, and also lead to other policies that might lower domestic violence, such 
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as support for drug and alcohol recovery, increased funding for education, or increased 

job training programs. Thus, it is quite possible that federal minimum wage increases 

respond to national trends that also affect domestic violence. Due to this overlap, it would 

be quite difficult to identify the impact of federal minimum wage increases on domestic 

violence.  

Poole and Rosenthal (1991) further clarified some of the driving mechanisms 

behind increases to the federal minimum wage. They found that when the Democrats had 

control of Congress after World War II, the nominal wage increased quite regularly at an 

average annual rate of 7.1%.  They then noted that much of the fall of the real minimum 

wage in recent years had been a combination of higher inflation rates in the seventies and 

a prolonged period of Republican control of the Senate in the eighties. Thus, Poole and 

Rosenthal (1991) concluded that the real-wage time series was very different when 

Democrats controlled Congress than when Republicans fully or partially controlled 

Congress. They also found that for the members who served in 1976, their one-

dimensional liberal-conservative coordinates were successful in classifying roughly 93% 

of 134 votes passed on two minimum wage amendments. Poole and Rosenthal (1991) 

also found that by using coordinates estimated from all 1977 roll calls before the 

minimum wage votes, they were able to correctly identify roughly 92% of the total 181 

votes that were cast. Thus, the authors concluded that their spatial model correctly 

identified minimum wage votes in the Senate specifically. 

Additionally, Poole and Rosenthal (1991) noted that the spatial nature of 

minimum wage roll calls was accurate and predictive for the entire history of minimum 

wage roll calls. To prove this, the authors looked at the minimum wage roll call votes in 
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the House from 1789 to 1985. They were able to divide the roll call votes into pre-World 

War II and post-World War II samples. When Poole and Rosenthal (1991) classified 

minimum wage roll calls using a one-dimensional method, the classification averaged 

88% after World War II and 71% before World War II. When the authors added a second 

dimension to their model, they found that classification before World War II rose to 82%, 

signifying that the minimum wage was not initially part of the liberal-conservative 

dimension. Overall, however, the authors were able to conclude that the spatial nature of 

minimum wage roll class was a success. In effect, they were able to conclude that, “The 

minimum wage continues to be hostage to the larger ebb and flow of liberal and 

conservative fortunes” (Poole and Rosenthal 1991: 244). 

Thus, the findings by Poole and Rosenthal (1991) suggest that federal minimum 

wage laws are endogenous to other trends on a national level. Importantly, the authors 

pointed out how minimum wage increases occur exclusively during periods of 

Democratic control of Congress. Additionally, by using spatial models, the authors drew 

out the distinction that voting on minimum wage laws was highly ideological, and thus 

the way members voted on other policy issues was heavily intertwined with the way that 

members voted on minimum wage legislation. Thus, it is possible that federal minimum 

wage increases are correlated with other changes that may also be affecting domestic 

violence. For example, since minimum wage increases are largely implemented when 

Democrats have control of Congress, it could also be the case that Democrats are passing 

legislation that increases education funding or helps to finance drug rehabilitation centers. 

These two areas overlap extensively with domestic violence, in that they alleviate the 
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factors that often contribute to domestic violence; namely, low education and high drug 

use.  

 My design will address these problems of causal inference using a differences in 

differences design whereby the treatment will be the federal minimum wage increases in 

2008, 2009, and 2010. The design works by identifying a control group that is not subject 

to the federal minimum wage increases and a treatment group that is subject to the federal 

minimum wage increases. The design then compares the change in the control group after 

treatment to the change in the treatment group after treatment. An effect of the treatment 

is identified if the change in the treatment group is significantly different than what this 

change would have been had the treatment group not received treatment, as predicted by 

a parallel trends line estimated from the control group. 

Importantly, this design overcomes the endogeneity issues specified above in that 

it avoids the problem that the federal minimum wage could be responding to national 

trends that may also be impacting rates of domestic violence. It is possible that a national 

trend, such as the policy mood of the country as specified by Stimson (1999), could 

presumably affect both treatment and control states. For example, both treatment and 

control states could be experiencing a liberal policy mood during the same period of time. 

As Stimson (1999) explained, a liberal policy mood could then lead to liberal policies 

being enacted, which could thereby impact domestic violence rates in both the treatment 

and control states. My design allows me to control for this simultaneous national trend by 

looking solely at the difference in the effect of each minimum wage increase between my 

treatment and control states. Thus, my design seeks to capture the effect of only the 
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federal minimum wage increases on control and treatment states, while controlling for 

national policy trends. 

 

Data 

 

Data for treatment and control states were derived from the United States 

Department of Labor, which provided information on minimum wage rates on the state 

and federal level.1 For those states that reported a range of minimum wage rates 

depending on the size and type of business, I took the higher rate shown in that range. I 

did this because from my domestic violence data, I cannot determine the type of business 

that individuals work for and thus which individual rate would best fit their employment. 

To determine if a state was affected by a federal minimum wage increase, I calculated the 

difference between each federal minimum wage increase and the state minimum wage 

rate of the previous year. If this difference was greater than zero for all of the minimum 

wage increases, then the state was treated three times. If this difference was less than or 

equal to zero for all of the minimum wage increases, then the state was never treated. The 

“Treatment State” variable was thus coded 0 if the state was never treated, 1 if the state 

was treated three times, or coded as missing otherwise. 

Table 1 reports the treatment and control states and their associated minimum 

wage rates for the period of 2006 until 2010. The federal minimum wage was $5.15 per 

hour in 2006 and for part of 2007 as well. The 2007 amendments to the Fair Labor 

Standards Act resulted in an increase to the federal minimum wage from $5.15 to $5.85 

effective on July 24, 2007; from $5.85 to $6.55 effective on July 24, 2008; and from 
	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	   	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  
1	  http://www.dol.gov/whd/state/stateMinWageHis.htm	  	  
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$6.55 to $7.25 effective on July 24, 2009. In order to accommodate for the timing of the 

increases and to ensure that employees had a chance to adjust to the increased wages, the 

increases are reported in the following year, just as is done by the United States 

Department of Labor. Thus, the increase to $5.85 is reported to begin in 2008; the 

increase to $6.55 is reported to begin in 2009; and the increase to $7.25 is reported to 

begin in 2010. The states reported as treated in Table 1 are those that were affected by all 

three of the federal minimum wage increases. The control states are those that were not 

affected by any of the three federal minimum wage increases.  
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TABLE	  1:	  TREATMENT	  AND	  CONTROL	  STATES	   	   	   	  
TREATMENT	  STATES	   MIN	  WAGE	  

2006	  
MIN	  WAGE	  

2007	  
MIN	  WAGE	  

2008	  
MIN	  WAGE	  

2009	  
MIN	  WAGE	  

2010	  

Alabama	   5.15	   5.15	   5.85	   6.55	   7.25	  
Idaho	   5.15	   5.15	   5.85	   6.55	   7.25	  
Kansas	   2.65	   2.65	   2.65	   2.65	   7.25	  
Kentucky	   5.15	   5.15	   5.85	   6.55	   7.25	  
Louisiana	   5.15	   5.15	   5.85	   6.55	   7.25	  
Nebraska	   5.15	   5.15	   5.85	   6.55	   7.25	  
North	  Dakota	   5.15	   5.15	   5.85	   6.55	   7.25	  
South	  Carolina	   5.15	   5.15	   5.85	   6.55	   7.25	  
South	  Dakota	   5.15	   5.15	   5.85	   6.55	   7.25	  
Tennessee	   5.15	   5.15	   5.85	   6.55	   7.25	  
Texas	   5.15	   5.15	   5.85	   6.55	   7.25	  
Utah	   5.15	   5.15	   5.85	   6.55	   7.25	  
Virginia	   5.15	   5.15	   5.85	   6.55	   7.25	  
CONTROL	  STATES	   MIN	  WAGE	  

2006	  
MIN	  WAGE	  

2007	  
MIN	  WAGE	  

2008	  
MIN	  WAGE	  

2009	  
MIN	  WAGE	  

2010	  

Arizona	   5.15	   6.75	   6.9	   7.25	   7.25	  
Colorado	   5.15	   6.85	   7.02	   7.28	   7.24	  
Connecticut	   7.4	   7.65	   7.65	   8	   8.25	  
Illinois	   6.5	   6.5	   7.5	   7.75	   8	  
Maine	   6.5	   6.75	   7	   7.25	   7.5	  
Massachusetts	   6.75	   7.5	   8	   8	   8	  
Michigan	   5.15	   6.95	   7.15	   7.4	   7.4	  
Ohio	   4.25	   6.85	   7	   7.3	   7.3	  
Oregon	   7.5	   7.8	   7.95	   8.4	   8.4	  
Rhode	  Island	   6.75	   7.4	   7.4	   7.4	   7.4	  
Vermont	   7.25	   7.53	   7.68	   8.06	   8.06	  
Washington	   7.63	   7.93	   8.07	   8.55	   8.55	  
West	  Virginia	   5.15	   5.85	   6.55	   7.25	   7.25	  
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 The states that I have not included for the purposes of my analysis are reported in 

Table 2. These are reported as excluded states because they were treated only one or two 

times by the federal minimum wage increase. For example, Arkansas had a minimum 

wage of $6.25 per hour in 2008 and was therefore not affected by the federal minimum 

wage increase to $5.85 that occurred in 2008. However, Arkansas’s minimum wage 

remained at $6.25 per hour for 2009 and 2010, which meant that it was affected by the 

federal minimum wage increases to $6.55 in 2009 and $7.25 in 2010. Since Arkansas is 

treated twice rather than three times, it was excluded from my analysis. Other states in 

Table 2 were excluded for similar reasons. Also, additional states that were not included 

in my analysis and are shown in Table 2 are those that did not consistently report 

domestic violence data to the National Incident Based Reporting System for the period of 

2006 until 2010.  
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TABLE	  2:	  EXCLUDED	  STATES	   	   	   	   	   	  
STATES	   MIN	  

WAGE	  
2006	  

MIN	  
WAGE	  
2007	  

MIN	  
WAGE	  
2008	  

MIN	  
WAGE	  
2009	  

MIN	  
WAGE	  
2010	  

Arkansas	   5.15	   6.25	   6.25	   6.25	   6.25	  
Delaware	   6.15	   6.65	   7.15	   7.15	   7.25	  
Iowa	   5.15	   5.15	   7.25	   7.25	   7.25	  
Missouri	   5.15	   6.5	   6.65	   7.05	   7.25	  
Montana	   5.15	   6.15	   6.25	   6.9	   7.25	  
New	  Hampshire	   5.15	   5.15	   6.5	   7.25	   7.25	  
Wisconsin	   5.7	   6.5	   6.5	   6.5	   7.25	  
EXCLUDED	  STATES	  DUE	  TO	  SPARSE	  NIBRS	  
DATA	  

MIN	  
WAGE	  
2006	  

MIN	  
WAGE	  
2007	  

MIN	  
WAGE	  
2008	  

MIN	  
WAGE	  
2009	  

MIN	  
WAGE	  
2010	  

Georgia	   5.15	   5.15	   5.15	   5.15	   5.15	  
Mississippi	   5.15	   5.15	   5.85	   6.55	   7.25	  
Oklahoma	   5.15	   5.15	   5.85	   6.55	   7.25	  
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To construct my dependent variables I extracted annual data from the National 

Incident-Based Reporting System for the years of 2006-2010. The National Incident-

Based Reporting System aggregates crimes reported to the police. When a crime incident 

is reported to law enforcement, a number of important factors are collected regarding the 

crime (the nature of the offense, the type of the offense, identifying characteristics about 

both the victim and perpetrator, type of property stolen, and many other factors). 

Importantly, individual police agencies are separated and thus recognizable by an 

originating agency identifier, also known as an ORI. This is a unique nine-digit number 

that corresponds to the police agency from which the original crime was reported.  

I isolated crimes reported to the National Incident-Based Reporting System that 

are characterized by intimate partner relationships between the offender and the victim: 

spouses, ex-spouses, boyfriends/girlfriends, common law spouses, and homosexual 

relationships. Then, I grouped the types of crimes into the following categories: 

assault/intimidation, murder/homicide, and sexual assault, as well as a total of all 

reported domestic violence. I summed these categories by law enforcement agency. 

Finally I divided each sum by the population of the area covered by the law enforcement 

agency, and multiplied these variables by 1,000 to obtain four dependent variables: 

“Assault Per Reporting Agency Population Times 1000,” “Murder Per Reporting Agency 

Population Times 1000,” “Sexual Assault Per Reporting Agency Population Times 

1000,” and “Domestic Violence Per Reporting Agency Population Times 1000.” 

I will be using two specifications in an effort to capture the effect of the federal 

minimum wage increases of 2008, 2009, and 2010. My first specification uses just one 

time period, “Post 2007,” to capture the average effect of federal minimum wage 
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increases on rates of domestic violence post-treatment versus pre-treatment. “Post 2007” 

was coded as 0 for the years 2006 and 2007 and 1 for 2008, 2009, and 2010. This 

specification also includes the interaction “Treatment State x Post 2007,” which is the 

product of “Treatment State” multiplied by the “Post 2007” variable. 

My second specification uses three time periods, “Post 2007,” “Post 2008,” and 

“Post 2009” to capture the independent effects of each federal minimum wage increase 

on rates of domestic violence post-treatment as compared to pre-treatment. “Post 2008” 

captures the 2008 federal minimum wage increase and was coded as 0 for the years 2006, 

2007, and 2008, and 1 for the years 2009 and 2010. “Post 2009” captures the 2009 

federal minimum wage increase and was coded 0 for 2006, 2007, 2008, and 2009 and 1 

for 2010. This specification also includes the interactions “Treatment State x Post 2008,” 

which is the product of “Treatment State” multiplied by the “Post 2008” variable, and 

“Treatment State x Post 2009,” which is the product of “Treatment State” multiplied by 

the “Post 2009” variable. 

There is an additional variable, “Population Total,” which is used as both the 

denominator for my dependent variables as well as my control variable. This is derived 

from the National Incident-Based Reporting System. In order to create this variable, I 

summed all of the population data for each reporting agency in order to receive total 

population data per reporting agency level. Thus, all of my dependent variables are 

divided by the “Population Total” variable, in order to get a true indication of domestic 

violence rates per reporting agency population. Additionally, I control for population 

differences among reporting agencies by using the “Population Total” variable as a 

control variable in my regressions.  
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 From my causal models, there are three plausible hypotheses that can be tested 

from my research design. The first hypothesis is that the individuals residing in treatment 

states would see a lower rate of domestic violence in the period after treatment, relative to 

the individuals residing in control states. This implies a negative effect of minimum wage 

increases on rates of domestic violence in the treated states, relative to the control states. 

This would be the case if perpetrators of domestic violence were favorably impacted by 

the federal minimum wage increase and then felt less economically distressed as a result. 

This reduction in economic distress would then manifest itself into less violence towards 

the victims. Additionally, this could also be the case if victims of domestic violence were 

favorably impacted by the federal minimum wage increase, thereby increasing their 

bargaining power, and lowering the incidence of violence. 

 The second hypothesis is that the individuals residing in treatment states would 

see a higher rate of domestic violence in the period after treatment, relative to the 

individuals residing in control states. This implies a positive effect of minimum wage 

increases on rates of domestic violence in the treated states, relative to the control states. 

This would be the case if males, relative to females, increased their bargaining power as a 

result of the federal minimum wage increasing their incomes. Then, they could use this 

bargaining power and leverage over their spouses, which could manifest into violence 

against women.  

The third hypothesis is that individuals residing in treatment states would see no 

significant change in the rate of domestic violence in the period after treatment, relative 

to individuals residing in control states. This implies a non-significant effect of minimum 

wage increases on rates of domestic violence in treated states, relative to control states. 
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This would be the case if, in the states that were positively impacted by federal minimum 

wage increases, the perpetrators of domestic violence increased their bargaining power as 

a result of the favorable economic conditions and more income, and the victims, most 

likely women, increased their bargaining power as a result of the higher income as well. 

Thus, the two effects would potentially cancel each other out. There would then be no 

increase or reduction in violence in those states that were positively impacted by the 

increase, as compared to those states that were not affected by the increase.  

There is considerable heterogeneity across reporting agencies. In particular, there 

are large differences in domestic violence rates across reporting agencies. In 

Massachusetts, for example, in 2008 the “Domestic Violence Per Reporting Agency 

Population Times 1000” variable ranges from nearly 0 to 13.77 across its reporting 

agencies. This heterogeneity occurs in other states as well. For example, in Kansas in 

2010, the “Domestic Violence Per Reporting Agency Population Times 1000” variable 

ranges from nearly 0 to 53.57 across its reporting agencies.  

Unfortunately the NIBRS does not report data on any covariates, other than 

population, that might be associated with the variation in domestic violence rates across 

reporting agencies. Consequently I use three different strategies to address the 

heterogeneity in rates of domestic violence, and presumably the factors associated with 

domestic violence, across reporting agencies. 

My first strategy to address this concern is to cluster standard errors on reporting 

agencies. This method reduces the problem of heterogeneity of reporting agencies since 

clustering assumes that the variation within reporting agencies may not be independent. 
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My second strategy is to construct demeaned dependent variables to capture the 

difference in a reporting agency’s violence rate in one year, as compared to the reporting 

agency’s average violence rate over all of the years. For each demeaned dependent 

variable, I subtracted the mean domestic violence rate of a reporting agency from the 

original dependent variables defined earlier: “Demeaned Assault Per Reporting Agency 

Population Times 1000,” “Demeaned Murder Per Reporting Agency Population Times 

1000,” “Demeaned Sexual Assault Per Reporting Agency Population Times 1000,” and 

“Demeaned Domestic Violence Per Reporting Agency Population Times 1000.” 

The above strategy of using demeaned dependent variables addresses the concerns 

above regarding potentially non-random heterogeneity of reporting agencies. With 

demeaned variables, I am comparing the rates of domestic violence within a single year 

to the rates of domestic violence across all years for each independent reporting agency. 

Thus, I am looking only at the variation within one reporting agency. This is important 

because it gives me a mechanism by which to test differences in violence rates over time 

in a careful way without running into issues of differences across agencies.  

My third strategy is to create first differences in domestic violence rates by 

reporting agency. For each domestic violence variable, I took the average rate of that 

domestic violence variable pre-2008 by reporting agency and the average rate of that 

domestic violence variable post-2007 by reporting agency and subtracted pre-2008 rates 

from post-2007 rates. Thus, I ended up with the following variables:  “First Difference 

Assault Per Reporting Agency Population Times 1000,” “First Difference Murder Per 

Reporting Agency Population Times 1000,” “First Difference Sexual Assault Per 
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Reporting Agency Population Times 1000,” and “First Difference Domestic Violence Per 

Reporting Agency Population Times 1000.” 

The logic of first differences analysis relies on the ability to determine, within a 

single reporting agency, the difference between rates of violence in various time periods. 

This strategy addresses the concerns regarding the potentially non-random heterogeneity 

of reporting agencies because again I am looking only at rates of violence within a 

specific reporting agency. By doing this, and then averaging out differences among all of 

the agencies, I am able to solely look at changes in rates of violence within one reporting 

agency and thus make careful observations about how the minimum wage increases 

affected that and other reporting agencies.  

Table 3 reports descriptive statistics for all of my variables and is shown below. 
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TABLE	  3:	  ALL	  VARIABLES	  FROM	  2006-‐2010	   	   	   	   	   	  
	  	   (1)	   (2)	   (3)	   (4)	   (5)	  
VARIABLES	   N	   mean	   sd	   min	   max	  
	  	   	  	   	  	   	  	   	  	   	  	  
Population	  Total	   15,946	   20,621	   50,179	   54	   1.01E+06	  

Domestic	  Violence	  Per	  Reporting	  	  
Agency	  Population	  Times	  1,000	   15,946	   3.73	   3.8	   0	   163.5	  

Assault	  Per	  Reporting	  Agency	  
	  Population	  Times	  1,000	   15,946	   3.66	   3.77	   0	   163.5	  

Murder	  Per	  Reporting	  Agency	  	  
Population	  Times	  1,000	   15,946	   0.005	   0.04	   0	   1.97	  

Sexual	  Assault	  Per	  Reporting	  	  
Agency	  Population	  Times	  1,000	   15,946	   0.06	   0.17	   0	   4.72	  

Demeaned	  Domestic	  Violence	  Per	  	  
Reporting	  Agency	  Population	  Times	  1,000	   15,946	   0.04	   2.47	   -‐131.1	   86.71	  
Demeaned	  Assault	  Per	  Reporting	  
	  Agency	  Population	  Times	  1,000	   15,946	   0.04	   2.4	   -‐127.5	   86.71	  

Demeaned	  Murder	  Per	  Reporting	  	  
Agency	  Population	  Times	  1,000	   15,946	   2.10e-‐05	   0.03	   -‐0.81	   1.56	  

Demeaned	  Sexual	  Assault	  Per	  Reporting	  Agency	  
Population	  Times	  1,000	   15,946	   0.0003	   0.16	   -‐6.16	   3.31	  

First	  Difference	  Domestic	  Violence	  
	  Per	  Reporting	  Agency	  Population	  Times	  1,000	   3,002	   -‐0.15	   2.12	   -‐22.39	   62.45	  

First	  Difference	  Assault	  Per	  Reporting	  
	  Agency	  Population	  Times	  1,000	   3,002	   -‐0.15	   2.1	   -‐19.46	   62.45	  

First	  Difference	  Murder	  Per	  Reporting	  
	  Agency	  Population	  Times	  1,000	   3,002	   -‐0.0001	   0.03	   -‐0.68	   0.39	  

First	  Difference	  Sexual	  Assault	  Per	  
	  Reporting	  Agency	  Population	  Times	  1,000	   3,002	   -‐0.002	   0.14	   -‐2.93	   1.35	  
Treatment	  State	   15,946	   0.49	   0.50	   0	   1	  
Post	  2007	   15,946	   0.62	   0.49	   0	   1	  
Post	  2008	   15,946	   0.43	   0.49	   0	   1	  
Post	  2009	   15,946	   0.22	   0.41	   0	   1	  
Treatment	  State	  x	  Post	  2007	   15,946	   0.31	   0.46	   0	   1	  
Treatment	  State	  x	  Post	  2008	   15,946	   0.21	   0.41	   0	   1	  
Treatment	  State	  x	  Post	  2009	   15,946	   0.11	   0.31	   0	   1	  
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Regression Specifications 

 

My first set of regressions, using only “Post 2007,” but also including the 

interaction term, “Treatment State x Post 2007,” and the “Treatment State” variable, will 

capture the average effect of the federal minimum wage increases on rates of domestic 

violence in treatment states, relative to control states. Population is included as a control 

to account for any differences in population size across reporting agencies.  

 

𝑇𝑜𝑡𝑎𝑙  𝐷𝑜𝑚𝑒𝑠𝑡𝑖𝑐  𝑉𝑖𝑜𝑙𝑒𝑛𝑐𝑒  𝑃𝑒𝑟  𝑅𝑒𝑝𝑜𝑟𝑡𝑖𝑛𝑔  𝐴𝑔𝑒𝑛𝑐𝑦  𝑃𝑜𝑝𝑢𝑙𝑎𝑡𝑖𝑜𝑛  𝑇𝑖𝑚𝑒𝑠  1000

= 𝑎+ 𝐵1 𝑃𝑜𝑠𝑡  2007 +   𝐵2 𝑇𝑟𝑒𝑎𝑡𝑚𝑒𝑛𝑡  𝑆𝑡𝑎𝑡𝑒

+   𝐵3 𝑇𝑟𝑒𝑎𝑡𝑚𝑒𝑛𝑡  𝑆𝑡𝑎𝑡𝑒  𝑥  𝑃𝑜𝑠𝑡  2007 +   𝐵4𝑃𝑜𝑝𝑢𝑙𝑎𝑡𝑖𝑜𝑛  𝑇𝑜𝑡𝑎𝑙 

𝐴𝑠𝑠𝑎𝑢𝑙𝑡  𝑃𝑒𝑟  𝑅𝑒𝑝𝑜𝑟𝑡𝑖𝑛𝑔  𝐴𝑔𝑒𝑛𝑐𝑦  𝑃𝑜𝑝𝑢𝑙𝑎𝑡𝑖𝑜𝑛  𝑇𝑖𝑚𝑒𝑠  1000

= 𝑎+ 𝐵1 𝑃𝑜𝑠𝑡  2007 +   𝐵2 𝑇𝑟𝑒𝑎𝑡𝑚𝑒𝑛𝑡  𝑆𝑡𝑎𝑡𝑒

+   𝐵3 𝑇𝑟𝑒𝑎𝑡𝑚𝑒𝑛𝑡  𝑆𝑡𝑎𝑡𝑒  𝑥  𝑃𝑜𝑠𝑡  2007 +   𝐵4𝑃𝑜𝑝𝑢𝑙𝑎𝑡𝑖𝑜𝑛  𝑇𝑜𝑡𝑎𝑙 

𝑀𝑢𝑟𝑑𝑒𝑟  𝑃𝑒𝑟  𝑅𝑒𝑝𝑜𝑟𝑡𝑖𝑛𝑔  𝐴𝑔𝑒𝑛𝑐𝑦  𝑃𝑜𝑝𝑢𝑙𝑎𝑡𝑖𝑜𝑛  𝑇𝑖𝑚𝑒𝑠  1000

= 𝑎+ 𝐵1 𝑃𝑜𝑠𝑡  2007 +   𝐵2 𝑇𝑟𝑒𝑎𝑡𝑚𝑒𝑛𝑡  𝑆𝑡𝑎𝑡𝑒

+   𝐵3 𝑇𝑟𝑒𝑎𝑡𝑚𝑒𝑛𝑡  𝑆𝑡𝑎𝑡𝑒  𝑥  𝑃𝑜𝑠𝑡  2007 +   𝐵4𝑃𝑜𝑝𝑢𝑙𝑎𝑡𝑖𝑜𝑛  𝑇𝑜𝑡𝑎𝑙 

𝑆𝑒𝑥𝑢𝑎𝑙  𝐴𝑠𝑠𝑎𝑢𝑙𝑡  𝑃𝑒𝑟  𝑅𝑒𝑝𝑜𝑟𝑡𝑖𝑛𝑔  𝐴𝑔𝑒𝑛𝑐𝑦  𝑃𝑜𝑝𝑢𝑙𝑎𝑡𝑖𝑜𝑛  𝑇𝑖𝑚𝑒𝑠  1000

= 𝑎+ 𝐵1 𝑃𝑜𝑠𝑡  2007 +   𝐵2 𝑇𝑟𝑒𝑎𝑡𝑚𝑒𝑛𝑡  𝑆𝑡𝑎𝑡𝑒

+   𝐵3 𝑇𝑟𝑒𝑎𝑡𝑚𝑒𝑛𝑡  𝑆𝑡𝑎𝑡𝑒  𝑥  𝑃𝑜𝑠𝑡  2007 +   𝐵4𝑃𝑜𝑝𝑢𝑙𝑎𝑡𝑖𝑜𝑛  𝑇𝑜𝑡𝑎𝑙 
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B1 is the average change in rates of domestic violence across 2008, 2009, and 

2010 (“Post 2007”=1), relative to average rates of domestic violence in 2006 and 2007, 

when the state is never treated (“Treatment State”=0). B2 is the average rate of domestic 

violence in treatment states (“Treatment State”=1) when the years are 2006-2007 (“Post 

2007”= 0). B3 is the additional marginal change in rates of domestic violence in 

treatment states across 2008, 2009, and 2010 (“Post 2007”=1), relative to the change in 

control states. 

If my first hypothesis is correct, B3 will be negative. This implies that the 

treatment states on average would have lower post-treatment rates of domestic violence, 

on all measures, relative to the control states. If my second hypothesis is correct, B3 will 

be positive. This implies that the treatment states on average would have higher post-

treatment rates of domestic violence, on all measures, relative to the control states. If my 

third hypothesis is correct, B3 will not be significant. This implies that the treatment 

states on average would have no significant difference in post-treatment rates of domestic 

violence, on all measures, relative to the control states. 

My second set of regressions, using “Post 2007,” “Post 2008,” and “Post 2009,” 

as well as three interaction terms, “Treatment State x Post 2007,” “Treatment State x Post 

2008,” and “Treatment State x Post 2009,” as well as the “Treatment State” variable, will 

capture the effect of each individual federal minimum wage increase on rates of domestic 

violence in treatment states, relative to control states. Standard errors are again clustered 

at the reporting agency level to control for any differences across the reporting agencies. 

Population is again included as a control to account for any differences in population size 

across reporting agencies. 
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𝑇𝑜𝑡𝑎𝑙  𝐷𝑜𝑚𝑒𝑠𝑡𝑖𝑐  𝑉𝑖𝑜𝑙𝑒𝑛𝑐𝑒  𝑃𝑒𝑟  𝑅𝑒𝑝𝑜𝑟𝑡𝑖𝑛𝑔  𝐴𝑔𝑒𝑛𝑐𝑦  𝑃𝑜𝑝𝑢𝑙𝑎𝑡𝑖𝑜𝑛  𝑇𝑖𝑚𝑒𝑠  1000

= 𝑎+ 𝐵1 𝑃𝑜𝑠𝑡  2007 +   𝐵2 𝑇𝑟𝑒𝑎𝑡𝑚𝑒𝑛𝑡  𝑆𝑡𝑎𝑡𝑒

+   𝐵3 𝑇𝑟𝑒𝑎𝑡𝑚𝑒𝑛𝑡  𝑆𝑡𝑎𝑡𝑒  𝑥  𝑃𝑜𝑠𝑡  2007 +   𝐵4 𝑃𝑜𝑠𝑡  2008

+   𝐵5 𝑇𝑟𝑒𝑎𝑡𝑚𝑒𝑛𝑡  𝑆𝑡𝑎𝑡𝑒  𝑥  𝑃𝑜𝑠𝑡  2008 +   𝐵6 𝑃𝑜𝑠𝑡  2009

+   𝐵7 𝑇𝑟𝑒𝑎𝑡𝑚𝑒𝑛𝑡  𝑆𝑡𝑎𝑡𝑒  𝑥  𝑃𝑜𝑠𝑡  2009 +   𝐵8(𝑃𝑜𝑝𝑢𝑙𝑎𝑡𝑖𝑜𝑛  𝑇𝑜𝑡𝑎𝑙) 

𝐴𝑠𝑠𝑎𝑢𝑙𝑡  𝑃𝑒𝑟  𝑅𝑒𝑝𝑜𝑟𝑡𝑖𝑛𝑔  𝐴𝑔𝑒𝑛𝑐𝑦  𝑃𝑜𝑝𝑢𝑙𝑎𝑡𝑖𝑜𝑛  𝑇𝑖𝑚𝑒𝑠  1000

= 𝑎+ 𝐵1 𝑃𝑜𝑠𝑡  2007 +   𝐵2 𝑇𝑟𝑒𝑎𝑡𝑚𝑒𝑛𝑡  𝑆𝑡𝑎𝑡𝑒

+   𝐵3 𝑇𝑟𝑒𝑎𝑡𝑚𝑒𝑛𝑡  𝑆𝑡𝑎𝑡𝑒  𝑥  𝑃𝑜𝑠𝑡  2007 +   𝐵4 𝑃𝑜𝑠𝑡  2008

+   𝐵5 𝑇𝑟𝑒𝑎𝑡𝑚𝑒𝑛𝑡  𝑆𝑡𝑎𝑡𝑒  𝑥  𝑃𝑜𝑠𝑡  2008 +   𝐵6 𝑃𝑜𝑠𝑡  2009

+   𝐵7 𝑇𝑟𝑒𝑎𝑡𝑚𝑒𝑛𝑡  𝑆𝑡𝑎𝑡𝑒  𝑥  𝑃𝑜𝑠𝑡  2009 +   𝐵8(𝑃𝑜𝑝𝑢𝑙𝑎𝑡𝑖𝑜𝑛  𝑇𝑜𝑡𝑎𝑙) 

𝑀𝑢𝑟𝑑𝑒𝑟  𝑃𝑒𝑟  𝑅𝑒𝑝𝑜𝑟𝑡𝑖𝑛𝑔  𝐴𝑔𝑒𝑛𝑐𝑦  𝑃𝑜𝑝𝑢𝑙𝑎𝑡𝑖𝑜𝑛  𝑇𝑖𝑚𝑒𝑠  1000

= 𝑎+ 𝐵1 𝑃𝑜𝑠𝑡  2007 +   𝐵2 𝑇𝑟𝑒𝑎𝑡𝑚𝑒𝑛𝑡  𝑆𝑡𝑎𝑡𝑒

+   𝐵3 𝑇𝑟𝑒𝑎𝑡𝑚𝑒𝑛𝑡  𝑆𝑡𝑎𝑡𝑒  𝑥  𝑃𝑜𝑠𝑡  2007 +   𝐵4 𝑃𝑜𝑠𝑡  2008

+   𝐵5 𝑇𝑟𝑒𝑎𝑡𝑚𝑒𝑛𝑡  𝑆𝑡𝑎𝑡𝑒  𝑥  𝑃𝑜𝑠𝑡  2008 +   𝐵6 𝑃𝑜𝑠𝑡  2009

+   𝐵7 𝑇𝑟𝑒𝑎𝑡𝑚𝑒𝑛𝑡  𝑆𝑡𝑎𝑡𝑒  𝑥  𝑃𝑜𝑠𝑡  2009 +   𝐵8(𝑃𝑜𝑝𝑢𝑙𝑎𝑡𝑖𝑜𝑛  𝑇𝑜𝑡𝑎𝑙) 

𝑆𝑒𝑥𝑢𝑎𝑙  𝐴𝑠𝑠𝑎𝑢𝑙𝑡  𝑃𝑒𝑟  𝑅𝑒𝑝𝑜𝑟𝑡𝑖𝑛𝑔  𝐴𝑔𝑒𝑛𝑐𝑦  𝑃𝑜𝑝𝑢𝑙𝑎𝑡𝑖𝑜𝑛  𝑇𝑖𝑚𝑒𝑠  1000

= 𝑎+ 𝐵1 𝑃𝑜𝑠𝑡  2007 +   𝐵2 𝑇𝑟𝑒𝑎𝑡𝑚𝑒𝑛𝑡  𝑆𝑡𝑎𝑡𝑒

+   𝐵3 𝑇𝑟𝑒𝑎𝑡𝑚𝑒𝑛𝑡  𝑆𝑡𝑎𝑡𝑒  𝑥  𝑃𝑜𝑠𝑡  2007 +   𝐵4 𝑃𝑜𝑠𝑡  2008

+   𝐵5 𝑇𝑟𝑒𝑎𝑡𝑚𝑒𝑛𝑡  𝑆𝑡𝑎𝑡𝑒  𝑥  𝑃𝑜𝑠𝑡  2008 +   𝐵6 𝑃𝑜𝑠𝑡  2009

+   𝐵7 𝑇𝑟𝑒𝑎𝑡𝑚𝑒𝑛𝑡  𝑆𝑡𝑎𝑡𝑒  𝑥  𝑃𝑜𝑠𝑡  2009 +   𝐵8(𝑃𝑜𝑝𝑢𝑙𝑎𝑡𝑖𝑜𝑛  𝑇𝑜𝑡𝑎𝑙) 
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B1 is the change in rates of domestic violence in 2008 (“Post 2007”=1), relative 

to average rates of domestic violence in 2006 and 2007, when the state is never treated 

(“Treatment State”=0). B2 is the average domestic violence rate in treatment states 

(“Treatment State”=1) when the years are 2006-2007 (“Post 2007”=0). B3 is the 

additional marginal change in rates of domestic violence in treatment states in the year 

2008 (“Post 2007”=1), relative to control states. B4 is the change in rates of domestic 

violence in 2009 (“Post 2008”=1), relative to average rates of domestic violence in 2006 

and 2007, when the state is never treated (“Treatment State”=0). B5 is the additional 

marginal change in rates of domestic violence in treatment states in the year 2009 (“Post 

2007”=1), relative to control states. B6 is the change in rates of domestic violence in 

2010 (“Post 2009”=1), relative to average rates of domestic violence in 2006 and 2007, 

when the state is never treated (“Treatment State”=0). B7 is the additional marginal 

change in rates of domestic violence in treatment states in the year 2010 (“Post 2009”=1), 

relative to control states. 

 If my first hypothesis is correct, the coefficients on my interaction terms (B3, B5, 

and B7) would be negative. This implies that the treatment states would have lower post-

treatment rates of domestic violence, on all measures, relative to the control states. If my 

second hypothesis is correct, the coefficients on my interaction terms (B3, B5, and B7) 

would be positive. This implies that the treatment states would have higher post-

treatment rates of domestic violence, on all measures, relative to the control states. If my 

third hypothesis is correct, the coefficients on my interaction terms (B3, B5, and B7) 

would not be significant. This would indicate that the treatment states had no significant 
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difference in post-treatment rates of domestic violence, on all measures, relative to the 

control states.  

 My first strategy to address heterogeneity across reporting agencies is to cluster 

standard errors at the reporting agency level. My second strategy is to replicate the 

equations reported above, using demeaned dependent variables. Robust standard errors 

are reported.   

My third strategy is to use first differenced dependent variables. The regression 

equation for these dependent variables will include only one variable, the “Treatment 

State” variable, with “Population Total” added as a control. The “Population Total” 

variable is reported across all years, 2006-2010. Robust standard errors will be reported. 

This equation will tell me the effect of the states being treated on the average differences 

between post-2007 rates of violence and pre-2008 rates of violence.  

 

𝐹𝑖𝑟𝑠𝑡  𝐷𝑖𝑓𝑓𝑒𝑟𝑒𝑛𝑐𝑒  𝑖𝑛  𝑇𝑜𝑡𝑎𝑙  𝐷𝑜𝑚𝑒𝑠𝑡𝑖𝑐  𝑉𝑖𝑜𝑙𝑒𝑛𝑐𝑒  𝑃𝑒𝑟  𝑅𝑒𝑝𝑜𝑟𝑡𝑖𝑛𝑔  𝐴𝑔𝑒𝑛𝑐𝑦  𝑇𝑖𝑚𝑒𝑠  1,000

= 𝑎+ 𝐵1 𝑇𝑟𝑒𝑎𝑡𝑚𝑒𝑛𝑡  𝑆𝑡𝑎𝑡𝑒 +   𝐵3𝑃𝑜𝑝𝑢𝑙𝑎𝑡𝑖𝑜𝑛  𝑇𝑜𝑡𝑎𝑙 

𝐹𝑖𝑟𝑠𝑡  𝐷𝑖𝑓𝑓𝑒𝑟𝑒𝑛𝑐𝑒  𝑖𝑛  𝐴𝑠𝑠𝑎𝑢𝑙𝑡  𝑃𝑒𝑟  𝑅𝑒𝑝𝑜𝑟𝑡𝑖𝑛𝑔  𝐴𝑔𝑒𝑛𝑐𝑦  𝑇𝑖𝑚𝑒𝑠  1,000

= 𝑎+ 𝐵1 𝑇𝑟𝑒𝑎𝑡𝑚𝑒𝑛𝑡  𝑆𝑡𝑎𝑡𝑒 +   𝐵3𝑃𝑜𝑝𝑢𝑙𝑎𝑡𝑖𝑜𝑛  𝑇𝑜𝑡𝑎𝑙 

𝐹𝑖𝑟𝑠𝑡  𝐷𝑖𝑓𝑓𝑒𝑟𝑒𝑛𝑐𝑒  𝑖𝑛  𝑀𝑢𝑟𝑑𝑒𝑟  𝑃𝑒𝑟  𝑅𝑒𝑝𝑜𝑟𝑡𝑖𝑛𝑔  𝐴𝑔𝑒𝑛𝑐𝑦  𝑇𝑖𝑚𝑒𝑠  1,000

= 𝑎+ 𝐵1 𝑇𝑟𝑒𝑎𝑡𝑚𝑒𝑛𝑡  𝑆𝑡𝑎𝑡𝑒 +   𝐵3𝑃𝑜𝑝𝑢𝑙𝑎𝑡𝑖𝑜𝑛  𝑇𝑜𝑡𝑎𝑙 

𝐹𝑖𝑟𝑠𝑡  𝐷𝑖𝑓𝑓𝑒𝑟𝑒𝑛𝑐𝑒  𝑖𝑛  𝑆𝑒𝑥𝑢𝑎𝑙  𝐴𝑠𝑠𝑎𝑢𝑙𝑡  𝑃𝑒𝑟  𝑅𝑒𝑝𝑜𝑟𝑡𝑖𝑛𝑔  𝐴𝑔𝑒𝑛𝑐𝑦  𝑇𝑖𝑚𝑒𝑠  1,000

= 𝑎+ 𝐵1 𝑇𝑟𝑒𝑎𝑡𝑚𝑒𝑛𝑡  𝑆𝑡𝑎𝑡𝑒 + 𝐵3𝑃𝑜𝑝𝑢𝑙𝑎𝑡𝑖𝑜𝑛  𝑇𝑜𝑡𝑎𝑙 
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In these equations, B1 is the effect of a state being treated on the average 

differences between post-2007 rates of domestic violence and pre-2008 rates of domestic 

violence, by reporting agency. 

 If my first hypothesis is correct, I expect that the coefficient B1 would be 

negative. This would indicate that the average difference between post-2007 and pre-

2008 rates of domestic violence, by reporting agency, would be lower in treatment states, 

relative to control states. If my second hypothesis is correct, I expect that the coefficient 

B1 would be positive. This would indicate that the average difference between post-2007 

and pre-2008 rates of domestic violence, by reporting agency, would be higher in 

treatment states, relative to control states. If my third hypothesis is correct, I expect that 

the coefficient B1 would not be significant. This would indicate that the average 

difference between post-2007 and pre-2008 rates of domestic violence, by reporting 

agency, would not be significantly different in treatment states, relative to control states. 

 

Results 
 
 

Results are presented in Tables 4-12. Tables 4 and 5 report estimates from simple 

OLS regressions including only post treatment indicators and population. Table 4 reports 

that after 2007 there were decreases of 0.26 per 1,000 people in average annual rates of 

overall domestic violence and assault, as compared to average rates for 2006 and 2007. 

Considering that the mean value for the overall domestic violence rate between 2006 and 

2010 is 3.58 reported crimes per 1,000 people per year, with a standard deviation of 3.65, 

while the mean value for the assault rate is 3.51 reported crimes per 1,000 people per 

year, with a standard deviation of 3.62, these post-treatment decreases are approximately 
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7% of the respective standard deviations. These results are statistically significant at the 

99% level.  

Table 5 reports that in 2008, there were 0.16 decreases per 1,000 people in rates 

of overall domestic violence and assault, as compared to average pre-2008 rates. This is 

approximately 4% of the standard deviation for overall domestic violence rates and 

assault rates. These results are statistically significant at the 95% level. In 2009 there was 

a 0.09 decrease in rates of assault, as compared to average pre-2008 rates. This is 

approximately 2% of the standard deviation for assault rates. These results are 

statistically significant at the 90% level. In 2010, rates of domestic violence and assault 

each decreased by 0.01, relative to pre-2008 rates. This is approximately 0.3% of the 

standard deviations for overall domestic violence rates and assault rates. These results are 

statistically significant at the 99% level.  

These results indicate that overall domestic violence rates and assault rates were 

lower in treatment years than in control years. However, we cannot be sure what is 

causing this decrease. Principally, we cannot determine how much, if any, of the decrease 

in rates of domestic violence was due to the federal minimum wage increases, and how 

much was due to national trends occurring at the same time. My treatment and control 

design, shown in Tables 6 and 7, helps me to parse out the effect of the federal minimum 

wage increases on domestic violence. 

Table 6 reports the results for my treatment and control design where one time 

period is used to capture the average effect of the federal minimum wage increases on all 

rates of domestic violence. The coefficients on the “Treatment State” variable are 

statistically significant at the 99% level for overall domestic violence rates, assault rates, 
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and murder rates, and significant at the 95% level for the sexual assault rates. The 

coefficients indicate that pre-treatment (pre-2008), the treatment states had higher rates of 

domestic violence relative to the control states. Additionally, the coefficient on “Post 

2007” is statistically significant for murder rates, which indicates that in the control states 

post-treatment, the rates of murder were higher by 0.001 per 1,000 people, as compared 

to control states pre-treatment. Since the mean value for murder rates over the study 

period is 0.005 reported crimes per 1,000 people per year, and the standard deviation is 

0.04, the size of this coefficient is 2.5% of the standard deviation. 

Crucially, the interaction term, “Treatment State x Post 2007,” reports the 

additional average marginal effect of a state being treated in the years 2008, 2009, and 

2010. This value is negative and statistically significant at the 99% level for overall rates 

of domestic violence and assault rates. This tells us that the effect of the federal minimum 

wage increase on the treatment states, post-treatment, was an additional 0.36 decrease per 

1,000 people in rates of domestic violence overall and rates of assault, as compared to 

control states. This is approximately 9.9% of the standard deviation for overall rates of 

domestic violence and rates of assault. 

 Table 7 reports the results for my treatment and control design where three time 

periods are used to determine the impact of federal minimum wage increases on rates of 

domestic violence. The coefficients on the “Treatment State” variable are positive and 

significant, reporting the same results as in Table 6. The coefficients on the “Post 2007” 

variable indicate that in the control states in 2008, the overall rates of domestic violence 

and assault were lower on average by 0.11 per 1,000 people, as compared to the control 

states pre-2008. This is approximately 3% of the standard deviations for overall rates of 
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domestic violence and rates of assault. The coefficients on the “Post 2008” variable are 

not significant. The coefficients on the “Post 2009” variable show that in the control 

states in 2010, the overall rates of sexual assault were higher on average by 0.01 per 

1,000 people, as compared to the control states pre-2008. Considering that the mean 

value for sexual assault rates over the study period is 0.06 reported crimes per 1,000 

people per year, with a standard deviation of 0.16, this coefficient is approximately 

6.25% of the standard deviation. 

 Importantly, the coefficients for the interaction term “Treatment State x Post 

2008” are significant for overall domestic violence rates and assault rates. They indicate 

that overall rates of domestic violence decreased by an additional 0.35 per 1,000 people 

and rates of assault decreased by an additional 0.36 per 1,000 people in the treatment 

states in 2009, relative to the control states. This is approximately 9.9% of the standard 

deviations for the overall rates of domestic violence and 9.7% of the standard deviations 

for the rates of assault. The coefficient on the interaction term “Treatment State x Post 

2009” is significant for rates of sexual assault. It indicates that rates of sexual assault 

decreased by an additional 0.02 per 1,000 people in treatment states in 2010, relative to 

control states. This is approximately 12% of the standard deviation for the rates of sexual 

assault. The coefficients for the interaction term “Treatment State x Post 2007” are not 

statistically significant. 

These results indicate that, first, treatment states start with higher pre-treatment 

rates of domestic violence than control states. Logically, this makes sense, since the 

treatment states are the ones that are affected by the federal minimum wage increases, 

and thus are already less likely to provide redistributive public goods, such as higher 
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minimum wages, educational initiatives, or drug rehabilitation programs, that could 

potentially lead to lower rates of domestic violence.  

 The results reported in Tables 6 and 7 also demonstrate the significant and 

negative impact of the federal minimum wage increases on domestic violence rates. In 

Table 6, we see that the average effect of all three federal minimum wage increases 

between 2008 and 2010 is to decrease overall domestic violence rates and assault rates in 

the treatment states, relative to the control states. Table 7 parses out the effects of each 

separate increase in the federal minimum wage on domestic violence rates. Here we see 

that any decreases observed in Table 6 attributable to the increases in the federal 

minimum wage do not begin until 2009. We also see a small additional negative effect of 

the 2010 federal increase on sexual assault rates.   

 Figures 1 and 2 visually show the results reported above. Figure 1 shows how 

overall rates of domestic violence vary from 2006-2010. Each point represents a 

reporting agency’s total domestic violence rate in a given year. The black line shows a 

regression of total domestic violence rates on year for the control states. The yellow line 

shows a regression of total domestic violence rates on year for the treatment states. 

Figure 2 shows how assault rates vary from 2006-2010. Here, each point represents a 

reporting agency’s assault rate in a given year. Again, the black line shows a regression 

of assault rates on year for the control states. The yellow line shows a regression of 

assault rates on year for the treatment states. To aid visualization, both graphs omit 

reporting agencies with total domestic violence rates greater than 30 reported crimes per 

1,000 people.  
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Importantly, in both graphs, there is a steeper negative slope for the treatment 

states, as compared to the control states. This is shown by the steeper yellow regression 

lines in Figures 1 and 2. This effectively means that the overall domestic violence rates 

and assault rates have decreased more for treatment states over time than for control 

states over time. This supports my findings above that overall domestic violence and 

assault rates were lower in treatment states post-treatment, as compared to the control 

states.  

The same iteration of results is shown in Tables 8-11 for demeaned dependent 

variables. Tables 8 and 9 report results for just post-treatment indicators and population. 

In Table 8, the coefficients on the “Post 2007” variable are negative and statistically 

significant at the 99% level for domestic violence overall and for rates of assault. This 

means that in the post-treatment period, there were decreases of 0.16 per 1,000 people 

from the reporting agency-specific mean rates of overall domestic violence and assault, 

as compared to pre-treatment. Considering that the mean for demeaned overall domestic 

violence rates during the study period is 0.04 reported crimes per 1,000 people per year, 

and the standard deviation is 2.28 while the mean for demeaned assault rates during the 

study period is 0.04 reported crimes per 1,000 people per year, and the standard deviation 

is 2.22, these post-treatment decreases are approximately 7% of their respective standard 

deviations. Table 9 reports that in 2008, there was a decrease of 0.17 per 1,000 people 

from the reporting agency-specific mean rates of overall domestic violence and a 

decrease of 0.16 per 1,000 people from the reporting agency-specific mean rates of 

assault, as compared to pre-2008. This is approximately 7% of the standard deviations for 

demeaned overall domestic violence rates and demeaned assault rates. 
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The results from Table 8 and Table 9 do show reductions in mean domestic 

violence rates in treatment years, as compared to control years. However, from this 

analysis we cannot parse out the effect of the federal minimum wage increases from other 

potential causes of decreases in rates of domestic violence in post-treatment years, as 

compared to pre-treatment years. My treatment and control design for my demeaned 

dependent variables, shown in Tables 10-11, will allow me to effectively parse out this 

distinction.  

In Table 10, the coefficients on the variable “Treatment State” are statistically 

significant at the 90% level on the differences from mean domestic violence rates overall 

and mean assault rates. In the pre-treatment years, a treated state had deviations from 

mean rates of domestic violence and assault that were higher by 0.09 per 1,000 people, as 

compared to control states. This is approximately 3.95% of the standard deviation for 

demeaned rates of domestic violence and 4.05% of the standard deviation for demeaned 

rates of assault. The coefficients on the “Post 2007” variable are also significant at the 

90% level on the differences from mean domestic violence rates overall and mean assault 

rates. In the control states post-treatment, deviations from mean rates were higher by 0.07 

per 1,000 people for overall domestic violence rates and higher by 0.06 per 1,000 people 

for assault rates, relative to the control states pre-treatment. This is approximately 3.07% 

of the standard deviation for demeaned rates of domestic violence and 2.7% of the 

standard deviation for demeaned rates of assault. 

Importantly, the coefficient on the interaction term, “Treatment State x Post 

2007,” is statistically significant at the 95% level on the differences from mean domestic 

violence rates overall and statistically significant at the 99% level on the differences from 
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mean assault rates. In the treatment states, post-treatment differences from mean 

domestic violence rates and mean assault rates were lower by 0.20 per 1,000 people, 

relative to control states. This is approximately 8.8% of the standard deviation for 

demeaned domestic violence rates and 9.0% of the standard deviation for demeaned 

assault rates.  

The results reported in Table 11 demonstrate the impact of three separate 

treatment periods on the differences from mean domestic violence rates. The coefficients 

on the variable “Treatment State” are statistically significant at the 90% level on the 

differences from the mean domestic violence rates overall and the mean assault rates. The 

results are the same as those in Table 10, such that pre-treatment differences from mean 

rates of domestic violence and rates of assault were higher by 0.010 per 1,000 people in 

treatment states, relative to control states. This is approximately 8.8% of the standard 

deviation for demeaned domestic violence rates and 9.0% of the standard deviation for 

demeaned assault rates.  

The “Post 2007” variable is statistically significant at the 90% level on differences 

from the mean domestic violence rates overall and the mean assault rates. In control 

states, post-treatment differences from mean overall rates of domestic violence were 

lower by 0.09 per 1,000 people, relative to pre-treatment differences, and post-treatment 

differences from mean assault rates were lower by 0.082 per 1,000 people, relative to pre-

treatment differences. This is approximately 3.95% of the standard deviation for 

demeaned rates of domestic violence and 3.7% of the standard deviation for demeaned 

rates of assault. The “Post 2008” variable is not statistically significant. The “Post 2009” 

variable is statistically significant at the 95% level on the difference from mean sexual 
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assault rates. In control states, post-treatment differences from mean overall assault rates 

were higher by 0.01 per 1,000 people, relative to pre-treatment differences. This is 

approximately 0.45% of the standard deviation for demeaned rates of assault. 

Of the three interaction terms, the only one that is statistically significant is the 

third one, “Treatment State x Post 2009,” which is significant at the 99% level on 

differences from mean sexual assault rates. In the treatment states, post-treatment 

differences from mean sexual assault rates were lower by an additional 0.02 per 1,000 

people, relative to control states. Considering that the mean for demeaned sexual assault 

rates during the study period is 0.0006 reported crimes per 1,000 people per year, and the 

standard deviation is .15, the coefficient of 0.02 is approximately 13.3% of the standard 

deviation for demeaned sexual assault rates.  

Tables 10 and 11 confirm the findings from Tables 6 and 7, using demeaned 

dependent variables. Table 10 reports the average effect of all three federal minimum 

wage increases on differences from mean domestic violence rates. The negative impact of 

the federal minimum wage increases is shown by the additional post-treatment decreases 

in differences from mean domestic violence rates and from mean assault rates in the 

treatment states, as compared to control states.  

The results reported in Table 11 suggest that the additional post-treatment 

decreases in differences from mean domestic violence rates in the treatment states are not 

concentrated in single years. The only single-year effect observed in Table 11 is that 

post-treatment differences in mean sexual assault rates are lower in 2010 in treatment 

states, relative to control states.  
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The findings reported in Tables 10 and 11 indicate that, even with this more 

stringent demeaned variables approach, the negative effect of the federal minimum wage 

increases persists. With this demeaned variables approach, I am addressing potentially 

non-random heterogeneity across reporting agencies as I am looking at differences from 

mean domestic violence rates within single reporting agencies. In this way, I am able to 

parse out how the violence rates within one reporting agency are different in treatment 

years from control years. Since I am only looking within a single reporting agency, there 

is no concern for differences among agencies. Thus, after averaging for all reporting 

agencies, this approach allows me to determine the overall impact of federal minimum 

wage increases on rates of violence without treating all agencies equally and thus 

ignoring non-random patterns of heterogeneity across districts.  

Table 12 shows the results for differenced dependent variables. The coefficients 

on “Treatment State” are significant at the 90% level on the first differences in overall 

rates of domestic violence and rates of sexual assault. In treatment states, the average 

reporting agency-specific difference between post-2007 overall domestic violence rates 

and pre-2008 overall domestic violence rates was lower by 0.16 per 1,000 people, relative 

to control states. Considering that the mean first-difference domestic violence rate during 

the study period is -0.14 reported crimes per 1,000 people per year, and the standard 

deviation is 1.99, this is approximately 8.04% of the standard deviation. Additionally, the 

average reporting agency-specific difference between post-2007 assault rates and pre-

2008 assault rates was lower by 0.16 per 1,000 people, in the treatment states, relative to 

control states. Considering that the mean first-difference assault rate is -0.14 reported 
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crimes per 1,000 people year and the standard deviation is 1.98, this is approximately 

8.08% of the standard deviation. 

In Table 13, the negative effect of the federal minimum wage increases on overall 

domestic violence rates and sexual assault rates persisted. Importantly, this approach 

addresses the potentially non-random heterogeneity across reporting agencies since again 

I am looking within a specific reporting agency for differences between pre-2008 rates of 

violence and post-2007 rates of violence. The process of looking within a reporting 

agency for differences in rates of domestic violence ensures that the effect of the federal 

minimum wage increases that I am capturing is not due to differences among agencies, 

but rather, to the increases at hand. I am able to effectively determine the impact of such 

increases on rates of violence over time because I am isolating this impact to each 

reporting agency, rather than looking across all agencies at once. Therefore, this strategy 

evades the issue of heterogeneity of reporting agencies.2 

 

Discussion 

 

 The results reported in Tables 4-12 all consistently support my first hypothesis, 

that individuals experiencing increases in the federal minimum wage would see lower 

rates of domestic violence post-treatment, relative to individuals not experiencing those 

increases. This negative effect of the federal minimum wage increases on domestic 

violence rates was parsed out through my treatment and control design, as reported in 

Tables 6,7, 10, 11, and 12.  

	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	   	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  	  
2	  A reporting agency in Colorado had particularly high rates of domestic violence in the years 2009 and 
2010. After removing this reporting agency from my analysis, I got results that were not notably different 
from the ones reported here. 
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This negative effect could potentially have resulted from one of two causal 

mechanisms. One mechanism suggests that the federal minimum wage increases 

positively impacted perpetrators’ economic well being, leading to less economic distress 

and, as a result, less felt need to harm spouses. Another potential explanation is that the 

federal minimum wage increases positively impacted the economic well being of victims 

of domestic violence, leading to increases in their bargaining power relative to 

perpetrators, thus lowering the likelihood of victimization. 

 

Conclusion 

 

This thesis sought to parse out the effects of the federal minimum wage increases 

of 2008, 2009, and 2010 on rates of domestic violence. By estimating the effect of a 

national level policy change, my design sought to ameliorate the potential entanglement 

of individual-level characteristics and the propensity to either be a perpetrator or a victim 

of domestic violence. Additionally, I employed a treatment and control design to avoid 

issues of endogeneity resulting from national policy trends that may have impacted both 

federal minimum wage increases and rates of domestic violence. In this way, I aimed to 

improve upon the existing literature and further contribute to the ever-expanding body of 

research on the impact of economic conditions on rates of domestic violence.   

 The results of my analyses suggest that the federal minimum wage increases did 

lead to decreases in some rates of domestic violence, most prominently, the overall rates 

of domestic violence and also rates of assault. These findings support my first hypothesis, 

whereby the federal minimum wage increases would have a negative impact on rates of 
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domestic violence for those individuals residing in treatment states, relative to control 

states. I found this to be true in all of my regressions whereby a treatment and control 

design was utilized, in addition to a more stringent test of first differences.  

 Importantly, however, my data did not allow me to determine whether or not the 

federal minimum wage increases impacted males or females differently within a 

relationship. Thus, while it is suggested from the above literature that increases to the 

federal minimum wage can positively impact men’s and women’s wages, I was not able 

to distinguish if the wage increased for males relative to the females or for females 

relative to the males. My data does not allow me to identify males and females separately 

nor provide me with information on couples as a unit. Thus, I was not able to determine 

the impact of the federal minimum wage increases on the income of the perpetrator and 

the victim, separately, and whether or not the increase at the federal level had any 

differential effect on their respective incomes.  

 In order to take my research a step further, this study should be replicated to parse 

out the effect of federal minimum wage increases on males and females within a 

relationship, or rather, two individuals within an intimate relationship. This type of 

analysis would expand upon my thesis by clarifying which causal mechanism is driving 

the decrease in domestic violence rates for treatment states, relative to control states, that 

was seen in the post-treatment period. Since it appears that federal minimum wage 

increases negatively impact rates of domestic violence for individuals in treatment states, 

compared to control states, further research and awareness on this issue may help to curb 

the prevalence of domestic violence. 
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Table 4: Effect of Increases in Federal Minimum Wage in All States 
 
	  	   (1)	   (2)	   (3)	   (4)	  

VARIABLES	  

Domestic	  Violence	  Per	  
Reporting	  Agency	  

Population	  Times	  1000	  

Assault	  Per	  
Reporting	  

	  Agency	  Population	  
Times	  1000	  

Murder	  Per	  Reporting	  
	  Agency	  Population	  

Times	  1000	  

Sexual	  Assault	  Per	  
Reporting	  
	  Agency	  

Population	  Times	  
1000	  

	  	   	  	   	  	   	  	   	  	  

Post	  2007	   -‐0.26***	   -‐0.26***	   0.000	   -‐0.001	  

	  	   (0.039)	   (0.039)	   (0.001)	   (0.003)	  

Population	  Total	   0.000***	   0.000***	   0.000	   0.000	  

	  	   (0.000)	   (0.000)	   (0.000)	   (0.000)	  

Constant	   3.78***	   3.71***	   0.004***	   0.06***	  

	  	   (0.072)	   (0.072)	   (0.000)	   (0.002)	  

	  	   	   	   	   	  	  

Observations	   15,946	   15,946	   15,946	   15,946	  

R-‐squared	   0.006	   0.006	   0.000	   0.000	  

Robust	  standard	  errors	  clustered	  on	  
reporting	  agency	  in	  parentheses	   	   	   	  

***	  p<0.01,	  **	  p<0.05,	  *	  p<0.1	   	   	   	  
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Table 5: Effect of Federal Minimum Wage Increases in 2008, 2009 and 2010 in All 
States 
 

 

	  	   (1)	   (2)	   (3)	   (4)	  

VARIABLES	  

Domestic	  Violence	  Per	  	  
Reporting	  Agency	  	  

Population	  Times	  1,000	  	  

Assault	  Per	  
	  Reporting	  Agency	  	  
Population	  Times	  

1,000	  

Murder	  Per	  
	  Reporting	  Agency	  	  

Population	  Times	  1,000	  

Sexual	  Assault	  Per	  
	  Reporting	  Agency	  	  

Population	  Times	  1,000	  

	  	   	  	   	  	   	  	   	  	  

Post	  2007	   -‐0.16**	   -‐0.16**	   0.000	   -‐0.003	  

	  	   (0.077)	   (0.076)	   (0.001)	   (0.004)	  

Post	  2008	   -‐0.09	   -‐0.09*	   -‐0.000	   0.002	  

	  	   (0.095)	   (0.094)	   (0.001)	   (0.004)	  

Post	  2009	   -‐0.01***	   -‐0.01***	   0.000	   0.000	  

	  	   (0.098)	   (0.098)	   (0.001)	   (0.004)	  

Population	  Total	   0.000***	   0.000***	   0.000	   0.000	  

	  	   (0.000)	   (0.000)	   (0.000)	   (0.000)	  

Constant	   3.78***	   3.71***	   0.004***	   0.06***	  

	  	   (0.050)	   (0.050)	   (0.000)	   (0.002)	  

	  	   	   	   	   	  	  

Observations	   15,946	   15,946	   15,946	   15,946	  

R-‐squared	   0.006	   0.006	   0.000	   0.000	  

Robust	  standard	  errors	  in	  parentheses	   	   	   	  

***	  p<0.01,	  **	  p<0.05,	  *	  p<0.1	   	   	   	  
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Table 6: Effect of Increases in Federal Minimum Wage in Treatment and Control 
States 
 

 
 

 

  

	  	   (1)	   (2)	   (3)	   (4)	  

VARIABLES	  

Domestic	  Violence	  Per	  	  
Reporting	  Agency	  	  

Population	  Times	  1,000	  	  

Assault	  Per	  
	  Reporting	  Agency	  	  

Population	  Times	  1,000	  

Murder	  Per	  
	  Reporting	  Agency	  	  
Population	  Times	  

1,000	  

Sexual	  Assault	  Per	  
	  Reporting	  Agency	  	  

Population	  Times	  1,000	  

	  	   	  	   	  	   	  	   	  	  

Treatment	  State	   1.68***	   1.67***	   0.004***	   0.01**	  

	  	   (0.127)	   (0.126)	   (0.001)	   (0.005)	  

Treatment	  State	  x	  Post	  2007	   -‐0.36***	   -‐0.36***	   -‐0.001	   0.003	  

	  	   (0.085)	   (0.084)	   (0.001)	   (0.005)	  

Post	  2007	   -‐0.09	   -‐0.09	   0.001**	   -‐0.003	  

	  	   (0.057)	   (0.056)	   (0.001)	   (0.003)	  

Population	  Total	   0.000***	   0.000***	   0.000	   0.000	  

	  	   (0.000)	   (0.000)	   (0.000)	   (0.000)	  

Constant	   2.96***	   2.90***	   0.003***	   0.06***	  

	  	   (0.083)	   (0.081)	   (0.000)	   (0.003)	  

	  	   	   	   	   	  	  

Observations	   15,946	   15,946	   15,946	   15,946	  

R-‐squared	   0.043	   0.043	   0.002	   0.001	  

Robust	  standard	  errors	  clustered	  on	  reporting	  agency	  in	  
parentheses	   	   	   	  

***	  p<0.01,	  **	  p<0.05,	  
*p<0.1	   	   	   	   	  
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Table 7: Effect of Federal Minimum Wage Increases in 2008, 2009 and 2010 in 
Treatment and Control States 
 

 
 
 
 
 
 
 
 
 
 
  

	  	   (1)	   (2)	   (3)	   (4)	  

VARIABLES	  

Domestic	  Violence	  Per	  	  
Reporting	  Agency	  	  

Population	  Times	  1,000	  

Assault	  Violence	  Per	  	  
Reporting	  Agency	  	  

Population	  Times	  1,000	  

Murder	  Per	  	  
Reporting	  Agency	  	  

Population	  Times	  1,000	  

Sexual	  Assault	  Per	  	  
Reporting	  Agency	  	  

Population	  Times	  1,000	  
	  	   	  	   	  	   	  	   	  	  
Treatment	  State	   1.68***	   1.67***	   0.004***	   0.010**	  
	  	   (0.128)	   (0.126)	   (0.001)	   (0.005)	  
Post	  2007	   -‐0.110**	   -‐0.107**	   0.001	   -‐0.004	  
	  	   (0.049)	   (0.048)	   (0.001)	   (0.004)	  
Treatment	  State	  x	  Post	  
2007	   -‐0.09	   -‐0.09	   -‐0.001	   0.003	  
	  	   (0.081)	   (0.080)	   (0.002)	   (0.007)	  
Post	  2008	   0.058	   0.062	   -‐0.001	   -‐0.003	  
	  	   (0.084)	   (0.083)	   (0.001)	   (0.004)	  
Treatment	  State	  x	  Post	  
2008	   -‐0.35***	   -‐0.36***	   0.001	   0.01	  
	  	   (0.107)	   (0.106)	   (0.002)	   (0.008)	  
Post	  2009	   -‐0.05	   -‐0.06	   0.001	   0.01**	  
	  	   (0.047)	   (0.047)	   (0.001)	   (0.005)	  
Treatment	  State	  x	  Post	  
2009	   -‐0.08	   -‐0.06	   -‐0.002	   -‐0.02**	  
	  	   (0.074)	   (0.075)	   (0.002)	   (0.008)	  
Population	  Total	  	   0.000***	   0.000***	   0.000	   0.000	  
	  	   (0.000)	   (0.000)	   (0.000)	   (0.000)	  
Constant	   2.96***	   2.90***	   0.003***	   0.06***	  
	  	   (0.083)	   (0.081)	   (0.000)	   (0.003)	  
	  	   	   	   	   	  	  
Observations	   15,946	   15,946	   15,946	   15,946	  
R-‐squared	   0.044	   0.044	   0.002	   0.002	  
Robust	  standard	  errors	  clustered	  on	  reporting	  agency	  in	  
parentheses	   	   	   	  
***	  p<0.01,	  **	  p<0.05,	  *	  p<0.1	   	   	   	  
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Table 8: Effect of Increases in Federal Minimum Wage on Demeaned Dependent 
Variables, All States 
 

 
 
 
 
 
 
 
 
 
 
 
  

	  	   (1)	   (2)	   (3)	   (4)	  

VARIABLES	  

Demeaned	  Domestic	  Violence	  
	  Per	  Report	  

	  Agency	  Population	  
	  Times	  1,000	  

Demeaned	  Assault	  
	  Per	  Report	  

	  Agency	  Population	  
	  Times	  1,000	  

Demeaned	  Murder	  
	  Per	  Report	  

	  Agency	  Population	  
	  Times	  1,000	  

Demeaned	  Sexual	  Assault	  
	  Per	  Report	  	  

Agency	  Population	  
	  Times	  1,000	  

	  	   	  	   	  	   	  	   	  	  

Post	  2007	   -‐0.16***	   -‐0.16***	   -‐0.000	   -‐0.002	  

	  	   (0.038)	   (0.037)	   (0.001)	   (0.003)	  

Population	  
Total	   0.000	   0.000	   0.000	   0.000	  

	  	   (0.000)	   (0.000)	   (0.000)	   (0.000)	  

Constant	   0.14***	   0.14***	   0.000	   0.002	  

	  	   (0.029)	   (0.028)	   (0.000)	   (0.002)	  

	  	   	   	   	   	  	  

Observations	   15,946	   15,946	   15,946	   15,946	  

R-‐squared	   0.001	   0.001	   0.000	   0.000	  

Robust	  standard	  errors	  clustered	  in	  parentheses	   	   	   	  

***	  p<0.01,	  **	  p<0.05,	  *	  p<0.1	   	   	   	  
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Table 9: Effect of Increases in Federal Minimum Wage in 2008, 2009, and 2010 on 
Demeaned Dependent Variables, All States 
 

 
	   	  

	  	   (1)	   (2)	   (3)	   (4)	  

VARIABLES	  

Demeaned	  Domestic	  Violence	  
	  Per	  Report	  

	  Agency	  Population	  
	  Times	  1,000	  

Demeaned	  
Assault	  

	  Per	  Report	  
	  Agency	  

Population	  
	  Times	  1,000	  

Demeaned	  Murder	  
	  Per	  Report	  

	  Agency	  Population	  
	  Times	  1,000	  

Demeaned	  Sexual	  
Assault	  

	  Per	  Report	  	  
Agency	  Population	  

	  Times	  1,000	  

	  	   	  	   	  	   	  	   	  	  

Post	  2007	   -‐0.17***	   -‐0.16***	   0.000	   -‐0.004	  

	  	   (0.057)	   (0.055)	   (0.001)	   (0.004)	  

Post	  2008	   0.05	   0.05	   -‐0.000	   0.002	  

	  	   (0.071)	   (0.070)	   (0.001)	   (0.004)	  

Post	  2009	   -‐0.08	   -‐0.08	   0.000	   -‐0.000	  

	  	   (0.063)	   (0.062)	   (0.001)	   (0.004)	  

Population	  Total	   0.000	   0.000	   0.000	   0.000	  

	  	   (0.000)	   (0.000)	   (0.000)	   (0.000)	  

Constant	   0.14***	   0.14***	   0.000	   0.002	  

	  	   (0.029)	   (0.028)	   (0.000)	   (0.002)	  

	  	   	   	   	   	  	  

Observations	   15,946	   15,946	   15,946	   15,946	  

R-‐squared	   0.001	   0.001	   0.000	   0.000	  

Robust	  standard	  errors	  in	  parentheses	   	   	   	  

***	  p<0.01,	  **	  p<0.05,	  *	  p<0.1	   	   	   	  
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Table 10: Effect of Increases in Federal Minimum Wage on Demeaned Dependent 
Variables, Treatment and Control States 
	  

	  
	   	  

	  	   (1)	   (2)	   (3)	   (4)	  

VARIABLES	  

Demeaned	  Domestic	  
Violence	  

	  Per	  Report	  
	  Agency	  Population	  

	  Times	  1,000	  

Demeaned	  Assault	  
	  Per	  Report	  

	  Agency	  Population	  
	  Times	  1,000	  

Demeaned	  Murder	  
	  Per	  Report	  

	  Agency	  Population	  
	  Times	  1,000	  

Demeaned	  Sexual	  
Assault	  

	  Per	  Report	  	  
Agency	  Population	  

	  Times	  1,000	  

	  	   	  	   	  	   	  	   	  	  

Treatment	  State	   0.09*	   0.09*	   0.001	   -‐0.001	  

	  	   (0.056)	   (0.054)	   (0.001)	   (0.004)	  

Treatment	  State	  x	  Post	  
2007	   -‐0.20**	   -‐0.20***	   -‐0.001	   0.001	  

	  	   (0.077)	   (0.075)	   (0.001)	   (0.005)	  

Post	  2007	   -‐0.07*	   -‐0.06*	   0.001	   -‐0.003	  

	  	   (0.038)	   (0.038)	   (0.000)	   (0.003)	  

Population	  Total	   0.000	   0.000	   0.000	   0.000	  

	  	   (0.000)	   (0.000)	   (0.000)	   (0.000)	  

Constant	   0.09***	   0.09***	   -‐0.000	   0.002	  

	  	   (0.029)	   (0.029)	   (0.000)	   (0.002)	  

	  	   	   	   	   	  	  

Observations	   15,946	   15,946	   15,946	   15,946	  

R-‐squared	   0.001	   0.001	   0.000	   0.000	  

Robust	  standard	  in	  parentheses	  

	   	   	   	  ***	  p<0.01,	  **	  p<0.05,	  *	  p<0.1	  
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Table 11: Effect of Increases in Federal Minimum Wage in 2008, 2009 and 2010 on 
Demeaned Dependent Variables, Treatment and Control States 
	  

	  

	  
	   	  

	  	   (1)	   (2)	   (3)	   (4)	  

VARIABLES	  

Demeaned	  Domestic	  
Violence	  Per	  	  

Reporting	  Agency	  	  
Population	  Times	  

1,000	  

Demeaned	  Assault	  
Violence	  Per	  	  

Reporting	  Agency	  	  
Population	  Times	  1,000	  

Demeaned	  Murder	  
Per	  	  

Reporting	  Agency	  	  
Population	  Times	  

1,000	  

Demeaned	  Sexual	  
Assault	  Per	  	  

Reporting	  Agency	  	  
Population	  Times	  

1,000	  
	  	   	  	   	  	   	  	   	  	  
Treatment	  State	   0.09*	   0.09*	   0.001	   -‐0.001	  
	  	   (0.056)	   (0.054)	   (0.001)	   (0.004)	  
Post	  2007	   -‐0.09*	   -‐0.08*	   0.001	   -‐0.004	  
	  	   (0.046)	   (0.045)	   (0.001)	   (0.003)	  
Treatment	  State	  x	  Post	  
2007	   -‐0.17	   -‐0.17	   -‐0.002	   0.001	  
	  	   (0.117)	   (0.113)	   (0.002)	   (0.007)	  
Post	  2008	   0.06	   0.06	   -‐0.001	   -‐0.003	  
	  	   (0.068)	   (0.068)	   (0.001)	   (0.004)	  
Treatment	  State	  x	  Post	  
2008	   -‐0.02	   -‐0.03	   0.001	   0.011	  
	  	   (0.144)	   (0.141)	   (0.002)	   (0.008)	  
Post	  2009	   -‐0.06	   -‐0.07	   0.001	   0.01**	  
	  	   (0.069)	   (0.069)	   (0.001)	   (0.004)	  
Treatment	  State	  x	  Post	  
2009	   -‐0.05	   -‐0.03	   -‐0.001	   -‐0.02***	  
	  	   (0.126)	   (0.123)	   (0.002)	   (0.008)	  
Population	  Total	  	   0.000	   0.000	   0.000	   0.000	  
	  	   (0.000)	   (0.000)	   (0.000)	   (0.000)	  
Constant	   0.09***	   0.09***	   -‐0.000	   0.002	  
	  	   (0.029)	   (0.029)	   (0.000)	   (0.002)	  
	  	   	   	   	   	  	  
Observations	   15,946	   15,946	   15,946	   15,946	  
R-‐squared	   0.002	   0.002	   0.000	   0.001	  
Robust	  standard	  errors	  in	  parentheses	   	   	   	  
***	  p<0.01,	  **	  p<0.05,	  *	  p<0.1	   	   	   	  
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Table 12: Effect of Increases in Federal Minimum Wage on Reporting Agency-
Specific First Differences in Domestic Violence Rates, Treatment and Control States  
	  

	   	  

	  	   (1)	   (2)	   (3)	   (4)	  

VARIABLES	  

First	  Difference	  in	  Domestic	  	  
Violence	  Per	  Reporting	  Agency	  	  

Population	  Times	  1000	  

First	  Difference	  in	  Assaults	  
Per	  Reporting	  Agency	  	  
Population	  Times	  1000	  

First	  Difference	  in	  
Murders	  Per	  Reporting	  

Agency	  	  
Population	  Times	  1000	  

First	  Difference	  in	  	  
Sexual	  Assaults	  
Per	  Reporting	  

Agency	  
Population	  Times	  

1000	  

	  	   	  	   	  	   	  	   	  	  

Treatment	  
State	   -‐0.16**	   -‐0.16**	   -‐0.001	   0.001	  

	  	   (0.077)	   (0.076)	   (0.001)	   (0.005)	  

Population	  
Total	   0.000	   0.000	   -‐0.000	   -‐0.000	  

	  	   (0.000)	   (0.000)	   (0.000)	   (0.000)	  

Constant	   -‐0.08	   -‐0.08	   0.001	   -‐0.002	  

	  	   (0.062)	   (0.061)	   (0.001)	   (0.004)	  

	  	   	   	   	   	  	  

Observations	   3,002	   3,002	   3,002	   3,002	  

R-‐squared	   0.001	   0.001	   0.000	   0.000	  

Robust	  standard	  errors	  in	  parentheses	   	   	   	  

***	  p<0.01,	  **	  p<0.05,	  *	  p<0.1	  
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Figure	  1:	  Total	  Domestic	  Violence	  Rates	  From	  2006-‐2010	  
	  

	  
 

This figure shows how overall rates of domestic violence vary from 2006-2010, among 
treatment and control states. The black line shows a regression of total domestic violence 
rates on year for the control states, while the yellow line shows a regression of total 
domestic violence rates on year for the treatment states. In order to aid visualization, the 
figure omits reporting agencies with total domestic violence rates above 30 reported 
crimes per 1,000 people.  
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Figure 2: Assault Rates From 2006-2010 

 

This figure shows how rates of assault vary from 2006-2010, among treatment and 
control states. The black line shows a regression of assault rates on year for the control 
states while the yellow line shows a regression of assault rates on year for the treatment 
states. In order to aid visualization, the figure omits reporting agencies with total 
domestic violence rates above 30 reported crimes per 1,000 people.  
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